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Abstract

How does anxiety influence voting behavior? Whereas anxiety is usually treated as a uni-
dimensional emotion, we highlight the multiplicity of socially contingent forms it can
assume in response to societal threats. Different anxieties, we posit, can create distinct
axes of political competition along which anxious voters exhibit widely varying prefer-
ences. We illustrate our argument with unique observational and experimental survey data
from Spain’s COVID-19 crisis, showing that individuals anxious about the pandemic’s
health consequences consistently favored parties advocating stringent lockdown restric-
tions, whereas individuals anxious about its economic disruption preferred parties oppos-
ing such measures. Analyzing results from Madrid’s 2021 regional election, we additionally
provide evidence that COVID-19 boosted support for pro-lockdown parties in areas more
exposed to its health effects and support for anti-lockdown parties in areas more exposed
to its economic impact. Our findings point to the importance of disaggregating complex
emotional states for understanding the determinants of voting behavior.
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Introduction

The distressing medical, social, and economic consequences of the coronavirus (COVID-
19) pandemic, accompanied by a string of surprising election results in Europe and beyond,
have triggered fresh scholarly interest in the impact of anxiety on voting behavior.! Prior to
COVID-19, research on this relationship generally concluded that anxiety encourages infor-
mation-seeking and enhances the appeal of protective policies that mitigate perceived threats —
policies often espoused by conservative politicians — by increasing susceptibility to elite per-
suasion (Brader, Valentino, and Suhay 2008; Albertson and Gadarian 2015; Marcus, Neuman,
and MacKuen 2000), risk aversion (Druckman and McDermott 2008; Huddy et al. 2005), and
antipathy toward outgroups (Arceneaux 2017). Developments during the pandemic, however,
have led some scholars to question this conventional wisdom, particularly when anxiety stems
from society-wide threats that transcend ideological divisions in the electorate.” Examining
COVID-19’s impact on the 2020 Democratic primary election in the United States, Bisbee and
Honig (2022) offer evidence that anxiety induces a “flight to safety” that favors status-quo can-
didates regardless of their specific policy platform, a proposition for which Depetris-Chauvin
and Gonzilez (2021) also find some support in the 2021 Chilean elections. Lehrer et al. (2021)
and Erhardt et al. (2021), in contrast, present survey results from Germany and Switzerland
suggesting that anxiety reduces support for incumbents.

Drawing on insights from psychology and public health, we seek to contribute to this im-
portant debate by arguing for an alternative approach that recognizes and takes seriously the
multidimensional, socially contingent nature of complex emotional states such as anxiety. Our

varieties of anxieties (VoA) perspective is motivated by a simple observation: a single societal

"Unexpected national election outcomes include losses for previously dominant governing parties in Bulgaria,
the Czech Republic, Germany, and Norway (all in 2021) and the victory of a far-right populist party in Italy (in
2022).

2Such threats are described by Albertson and Gadarian (2015) as “unframed,” since their broadly agreed-upon
causes of harm render them more difficult to politicize than “framed” threats with more debatable logics.
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threat can elicit in voters multiple forms of anxiety centered on distinct potential harms — ex-
posure to which varies across socio-demographic groups — with heterogeneous consequences
for electoral preferences. Different types of anxiety, we posit, can give rise to distinct axes of
political competition around threat mitigation and resolution that overlap with, yet are not
fully subsumed by, traditional social cleavages. As policies designed to address one kind of
anxiety may have little bearing on — or even exacerbate — another kind, voters concerned
about the same threat may favor candidates with widely varying platforms. Understanding the
electoral implications of anxiety thus requires asking not simply: “How anxious are voters?”
We must also know: “What types of anxieties are voters experiencing?”

During the peak of the COVID-19 pandemic, two types of anxiety became particularly
prevalent in the general population: anxiety about the disease’s adverse implications for phys-
ical health; and anxiety about its damaging economic impact. We argue that these discrete
emotional states have conflicting implications for perhaps the defining public policy issue of
the pandemic, namely, the stringency of lockdown measures aimed at containing COVID-19
transmission. While assuaging health anxiety by reducing community infection rates, strict
lockdowns are likely to deepen economic anxiety by curtailing opportunities for commercial
and business activity. We therefore expect voters with high levels of health anxiety to fa-
vor political parties that endorse stringent lockdown restrictions, and voters with high levels of
economic anxiety to prefer parties that oppose such measures. Heeding findings from the pub-
lic health literature, however, we emphasize that these emotions are not randomly distributed
across the population but shaped by socio-demographic characteristics that affect exposure to
perceived threats. Health anxiety, though common, should be more acute among groups at
greater risk of severe COVID-19 symptoms, such as the elderly and people with underlying
medical conditions. Analogously, economic anxiety should be higher among groups that stand
to lose more from pandemic-induced commercial disruption, such as workers in close-contact

occupations and at the extreme ends of the wealth distribution.
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To test these propositions, we investigate the impact of COVID-related health and eco-
nomic anxieties on voting behavior during the most intense phase of Spain’s pandemic, lever-
aging a variety of data sources and empirical strategies. To our knowledge, Spain is the only
country whose citizens have been regularly and widely surveyed by a trusted public research
institution — El Centro de Investigaciones Socioldgicas (CIS) — on both their voting inten-
tions and their levels of different COVID-related anxieties. Analyzing monthly waves of this
survey from early 2020 to mid-2021, we establish two theory-athrming patterns. First, con-
trolling for socio-demographic and partisan characteristics, individuals who were primarily
concerned about COVID-19’s health effects were more likely to vote for parties that backed
the Spanish government’s stringent lockdown measures, whereas individuals who were more
worried about its economic ramifications tended to favor parties that rejected these restric-
tions. Second, COVID-related health anxiety is an increasing function of age, a key predictor
of vulnerability to serious illness from the disease, while economic anxiety is most severe at very
low and very high levels of income and education, predictors of exposure to the pandemic’s
financial consequences.

To substantiate a causal interpretation of these results, we then conduct a preregistered sur-
vey experiment on Spanish voters in which we randomize the assignment of textual prompts
emphasizing COVID-19s adverse impact on either public health or the economy. In line with
theoretical expectations, respondents receiving the health-focused frame strongly preferred
a hypothetical political candidate who advocates stringent lockdown restrictions to a similar
candidate who opposes such measures; respondents receiving the economy-focused frame ex-
pressed the reverse preference. In addition, we find that the former treatment effect increases
with respondent age and possession of an underlying medical condition, while the latter treat-
ment effect is larger among respondents in the lowest and highest categories of education and
income.

Finally, we assess our argument with real voting data from the 2021 Madrid regional elec-
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tion, a major subnational contest in which the stringency of lockdown measures was the pivotal
political issue. Analyzing changes in municipality-level vote shares since the previous Madrid
election, we find that COVID-19 incidence is more strongly associated with (1) support for
pro-lockdown parties in areas with higher proportions of elderly people and individuals with
respiratory conditions; and (2) support for anti-lockdown parties in areas with larger hospital-
ity industries and extreme (top or bottom 5%) average incomes. To address possible concerns
about endogeneity in the geographical distribution of COVID-19 cases, we show that these
results are robust to instrumenting infection rates with pre-election weather patterns, which
we argue are plausibly exogenous to other municipal-level factors affecting disease transmission
and vote choice.

Our findings point to the value of a more nuanced understanding of how — and with
what political consequences — voters develop feelings of anxiety in response to societal threats.
Disaggregating anxiety helps us to make sense of voting patterns that are difficult to rationalize
if we treat this emotion as uniform or homogeneous, such as the sharp division in support for
pro-lockdown parties among Spanish voters concerned about COVID-19. By doing so, the
VoA approach enables us to more clearly delineate the scope conditions for existing theories
of anxiety’s impact on voting behavior. For example, our result that many COVID-anxious
voters opposed pro-lockdown parties may initially seem to defy the predictions of the self-
protection and flight-to-safety perspectives mentioned earlier. Once we distinguish between
voters whose worries centered on health issues and voters whose worries centered on economic
matters, however, it becomes clear that these theories can shed light on voting behavior within
each group, whose members can be seen as favoring what they consider protective policies or
safe candidates. As discussed in the concluding section, we believe that the VoA perspective has
broad applicability across issue areas and, with appropriate contextualization, can improve our

grasp of how other complex emotional states shape political behavior.
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Disaggregating Anxiety: Theory and Application

Anxiety is usually understood as an unpleasant and aversive emotional state characterized by
feelings of tension, apprehension, or stress arising from uncertainty about a perceived threat
(Baumeister and Tice 1990; Eysenck 2013). Following Spielberger et al. (1983), psycholo-
gists distinguish between “trait anxiety,” which derives from stable features of an individual’s
personality, and “state anxiety,” a2 more transient response to a specific threat.” State anxi-
ety, the typical focus of social science research, can take numerous forms; indeed, one review
of the literature identifies more than 30 distinct state anxieties that have been operationalized
and measured by researchers, including dental anxiety, cancer anxiety, cardiac anxiety, and
pregnancy anxiety in the public health field and flight anxiety, mathematics anxiety, test anx-
iety, and social anxiety in other disciplines (Rose and Devine 2014). Notably, these emotional
states often derive from the same perceived threat. For instance, standardized assessments have
been shown to arouse not only test anxiety but also mathematics anxiety and social anxiety in
students (Dowker, Sarkar, and Looi 2016).

Individuals are not equally susceptible to state anxieties. A central finding of the public
health literature is that the onset and intensity of such worries are predicted by an array of
socioeconomic and demographic attributes associated with heightened exposure to potential
harms. Cancer anxiety, for example, tends to be higher among individuals with a family history
of the disease, poor general health, weak social support systems, and low levels of education, all
of which are well-established risk factors (Hidalgo et al. 2015; Vrinten et al. 2014). In addition,
state anxieties include a more subjective component reflecting personality, upbringing, and
socialization — including persuasion by political elites — which interacts with and is frequently
shaped by socio-demographic factors.

In the political domain, these findings suggest, some societal threats may carry the po-

3This is similar to the distinction sometimes drawn between generalized and situational anxiety.
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tential to elicit multiple forms of anxiety in voters, the severity of which varies with socio-
demographic characteristics. This heterogeneity could open up salient new dimensions along
which politicians compete for votes by proposing policies to avoid or relieve potential harms.
Ideally, these interventions would simultaneously alleviate all kinds of anxiety provoked by
a given threat; in practice, they may ease some types while making little difference to — or
intensifying — other types. For example, counterterrorism laws introduced in the wake of
a suicide bombing help to ease security anxiety but may induce social anxiety in voters with
perceived affinities to the terrorist group (such as Muslims in the case of an Islamic organiza-
tion) (Lynch and McGarrity 2008). It is entirely possible that these conflicting effects offset
one another — within individual voters or the electorate as a whole — nullifying the overall
impact of anxiety on vote choice.

More formally, this line of reasoning implies a straightforward extension to the canonical
spatial model of voting, in which vote choice is a function of the distance between a voter’s
ideal policy and a candidate’s platform plus a valence component capturing non-policy can-
didate attributes (such as leadership and charisma).* Assume that voter i is choosing between
n candidates and that there are two policy dimensions: z, an existing axis of political compe-
tition (e.g., the traditional left-right spectrum); and y, an emergent dimension centering on
the response to a new societal threat. Let z; and y; denote voter i’s preference on z and v,
respectively, and let z; and y; denote candidate j’s position on these issues. Voter ’s utility

from supporting candidate j can be expressed as:

uij (25, Yj iy vi) = —(1 = wi)[(75 — ) = Ni(y; — v:)°] + WiV (1)

where Vj is the valence component; w; is the weight voter 7 attaches to this component; « is

the shape of the distance between voter and candidate policy positions; and J; is the weight

*We build on Bisbee and Honig (2022); Buisseret and Van Weelden (2022).
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places on dimension y relative to dimension z — in effect, the “strength of anxiety parameter.”

Considering all n candidates, voter ¢ selects the one that maximizes utility:

U; = maz{u;(x;, vj, i, i), - - - Wi(Tn, Yn, Tis Ui) }- (2)

Existing theoretical approaches imply that anxiety affects vote choice through either y;
(e.g., the self-protection perspective) or V; (e.g., the flight-to-safety perspective). The VoA
perspective, too, focuses on y; but analyzes it as a complex function of multiple types of anxiety

elicited by the underlying threat:
A
Yi = Z fir(air) (3)
k=1

where a;;, is voter ¢’s level of anxiety type k. The intensity of a;, in turn, depends on a vector
of socio-demographic characteristics associated with vulnerability to threat-related harms, X,

as well as a subjective component, ¢;, which may itself be influenced by X;:
air = (X, t;). (4)

As the function f varies with k in Equation 3, one type of anxiety may have a different re-
lationship with y; to another type, causing anxious voters to form varying preferences over
this dimension. If high values of y assuage anxiety type k& = 1 but exacerbate type k = 2, for
example, the effects of these emotions may cancel each other out, such that y; is identical to
the preference of a non-anxious voter. The upshot is that we may not be able to predict vote
choice solely from a voter’s overall degree of anxiety about a given threat; we must additionally
take into account the relative intensity of different kinds of anxiety and the extent to which

they are alleviated by policies designed to address this threat.
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Varieties of Anxieties in the COVID-19 Era

The COVID-19 pandemic represents a fruitful setting in which to apply and empirically eval-
uate the VoA framework. First, it is one of the clearest examples of a salient societal threat
in recent decades, materially impacting the welfare of virtually every segment of the elec-
torate in most democratic countries. Second, a growing body of research indicates that the
pandemic gave rise to multiple types of anxiety, among which COVID-related health anxiety
and economic anxiety became especially pervasive (Maaravi and Heller 2020; Bareket-Bojmel,
Shahar, and Margalit 2021).> Third, as an unanticipated shock originating outside the demo-
cratic world, COVID-19 was not initially “framed” by political elites, helping to mitigate —
though not eliminating — the potentially confounding impact of partisanship on anxiety and
electoral preferences (Albertson and Gadarian 2015; Gadarian, Goodman, and Pepinsky 2021).

An interesting feature of COVID-related health and economic anxieties is that they im-
ply opposing attitudes toward lockdown measures, the principal non-pharmaceutical policy
intervention made to tackle the disease. Lockdowns involve the implementation of restric-
tions — including on movement, access to physical spaces, and social contact — that limit
the frequency of interactions between infected and non-infected individuals. Insofar as they
reduce COVID-19’s reproduction rate and hence the risk of personal infection, stringent lock-
downs should alleviate anxiety about the disease’s health consequences. This should be felt most
keenly by individuals who are more liable to suffer severe respiratory, muscular, and neurolog-
ical COVID-19 symptoms, such elderly people and bearers of underlying health conditions.
Indeed, a consistent finding in the growing literature on attitudes toward the COVID-19 pol-
icy response is that these two groups express strong support for lockdown interventions (Faia

et al. 2021; Moran et al. 2021; Settele and Shupe 2022).

>To the extent that economic anxiety stems from the prospect of lost earnings due to COVID-19’s physio-
logical symptoms, these two types of anxieties are linked. This overlap is limited, however, as the pandemic has

primarily affected earnings through the supply side of the labor market.
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A further corollary of restrictions on in-person interaction, of course, is more limited op-
portunities for commercial and business activity. Lockdown measures can intensify anxiety
about COVID-19’s economic consequences by adversely impacting both income and wealth.
Negative income effects arise from the loss of regular employment earnings, typically due to a
reduction in aggregate or sector-specific demand for goods and services in and around locations
under lockdown.® Negative wealth effects occur when declining demand and output growth
put downward pressure on local asset prices. These related effects should elicit more intense
anxiety in individuals at the lowest and highest ends of the economic distribution: the poorest
have the fewest resources with which to survive negative income shocks, while the richest tend
to be disproportionately affected by negative wealth shocks. Another robust finding of schol-
arship on attitudes toward COVID-19 policies is that support for lockdown measures is weaker
not only among the poorer and less educated but also among owners of property, stocks, and
other forms of wealth (Faia et al. 2021; Peretti-Watel, Verger, and Launay 2020; Settele and
Shupe 2022). In addition, we might expect individuals whose occupation requires close contact
with customers or colleagues and thus cannot easily be conducted from home, such as many
hospitality, construction, and arts and entertainment jobs (Faber, Ghisletta, and Schmidheiny
2020), to experience greater economic anxiety in the face of the COVID-19 threat.

What are the implications for voting behavior? Returning to the framework set out in the
previous section, assume that the stringency of COVID-19 lockdown measures is the emer-
gent issue dimension y. The degree of stringency preferred by voter 4, y;, depends on this
individual’s level of COVID-related anxiety, a;., which is composed of health anxiety, a;c),

and economic anxiety, @;c(e):

Yi = fic(n)(Qic(ny) + ficte) (@ic(e)) (5)

%For individuals who were unemployed at the onset of the pandemic, these effects instead stem from a reduced

likelihood of finding a job.
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where
O fic(n) 0. O fice)
Otic(n) Otic(e)

< 0. (6)

That s, y; is a positive function of a;.(,) but a negative function of a.. Other things equal, when
@ie(ny is high relative to a;. () (health-weighted anxiety), voter i will derive greater utility from
a candidate who endorses strict lockdown measures; and when a;() is high relative to a,
(economy-weighted anxiety), i will derive greater utility from a candidate who favors weak
restrictions. In more general terms, COVID-related health anxiety is positively associated with
support for pro—lockdown political platforms, whereas COVID-related economic anxiety is positiuely
associated with support for anti-lockdown platforms.” The distribution of these distinct emotions
in the population of interest, in turn, determines the relationship between overall COVID-19
anxiety and support for each set of platforms. If COVID-related health anxiety and economic
anxiety roughly balanced, their opposing effects could counterbalance each other, resulting in
a weak or non-existent association.

With respect to socio-demographic sources of COVID-19 anxiety (X; in our framework),
the preceding discussion suggests two propositions. First, COVID-related health anxiety is posi-
tively associated with characteristics that increase exposure to severe COVID-19 symptoms, such as an
advanced age and the presence of an underlying medical condition. Second, COVID-related
economic anxiety is positively associated with characteristics that increase exposure to significant finan-
cial loss or hardship due to the pandemic, such as an extremely low or high level of income and an

occupation requiring close human-to-human contact (e.g., hospitality worker).

This proposition complements recent evidence that health vulnerability predicts support for right-populist
parties (Kavanagh, Menon, and Heinze 2021), highlighting how this variable interacts with specific policy posi-
tions to shape political preferences.
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Observational Survey Evidence: La Pandemia de Espafia

Owing to the availability of nationally representative, high-frequency survey data on political
preferences and key varieties of COVID-19 anxiety, we test our hypotheses in the context
of the Spanish pandemic. We begin by providing a brief overview of the political landscape
and evolution of COVID-19 in Spain. We then describe the data, empirical strategy, and re-
sults, focusing first on the relationship between different COVID-related anxieties and voting

intentions and subsequently on the sources of these emotions.

Background and Political Context

In Spain’s multiparty parliamentary system, five parties have dominated national politics in re-
cent years: (1) Partido Popular (PP), a Christian democratic party that held power until shortly
before the pandemic; (2) Partido Socialista Obrero Espafiol (PSOE), a social democratic party;
(3) Podemos, a left-wing populist party; (4) Ciudadanos, a center-right liberal party; and (5)
Vox, a right-wing populist party. In January 2020, a few weeks before the country’s first
recorded COVID-19 case, PSOE joined forces with Podemos and an assortment of small left-
wing and independent parties to form the first national coalition government of the modern
era. Like many of its counterparts across Europe, the government initially underestimated
the seriousness of COVID-19, expecting only a “handful” of infections.® A spike in cases and
deaths in late February and early March prompted an abrupt shift in policy. On March 14, a
nationwide state of alarm was declared, with citizens legally required to remain in their nor-
mal residence except to purchase food and medicines, attend work, and address emergencies;
nonessential shops and businesses, including bars, restaurants, cafes, cinemas, and retail outlets,

were temporarily closed.

Shttps://www.publico.es/videos/835560/fernando- simon-espana-no-va-a-tener-como-mucho-
mas-alla-de-algun-caso-diagnosticado.
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FIGURE 1. Evolution of COVID-19 Cases and Lockdown Restrictions in Spain
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Notes: The left y-axis measures the stringency of Spanish lockdown policies with an index from the Oxford
COVID-19 Government Response Tracker (Hale et al. 2021); the right y-axis measures the number of new
COVID-19 cases per 100,000 residents of Spain with data from the National Epidemiological Center (El Centro
Nacional de Epidemiologia 2022). The dotted vertical lines denote parliamentary votes on whether to declare a
national state of alarm; see Table A1 in Online Appendix B for individual party votes.

Figure 1 illustrates the subsequent co-evolution of Spain’s lockdown measures (left y-axis)
and levels of COVID-19 incidence (right y-axis).” With the backing of parliament, the gov-
ernment extended the initial state of alarm six times between March and June 2020 (indicated
by dotted vertical lines), after which it relaxed restrictions and granted regional governments
more discretion over their implementation. An unexpected surge in cases over the summer

triggered a new state of alarm — including a mandatory curfew — which parliament extended

for six months in late October. A successtul vaccination campaign in 2021 allowed authorities

?In Figure A1, Online Appendix A, we disaggregate COVID-19 trends by region.
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to gradually ease controls, with most forms of movement, social interaction, and commercial
activity permitted by the end of the year. Overall, as shown in Figure A2 in Online Appendix
A, Spain’s lockdown policies closely resembled those of other European countries between
2020 and 2022.

Among the five major national parties, there were sharp differences in support for lockdown
measures. As indicated by official policy, PSOE and Podemos — the core members of the
governing coalition — favored the relatively robust restrictions recommended by most Spanish
and international public health experts. Opposition parties were more divided. Ciudadanos
was moderately supportive of the government’s position, voting for proposed extensions of the
state of alarm while continually emphasizing that “we cannot prolong confinement excessively”
and “economic activity should resume as quickly as possible.”"” PP initially backed lockdown
restrictions but refused to vote for the state of alarm from May 2020 onward, arguing that
continued closure jeopardized livelihoods, rights, and freedoms. Finally, Vox presented the
stiffest and most consistent opposition to lockdown, only voting for the initial state of alarm
and repeatedly criticizing government policy as inimical to economic liberties and business
interests (Olivas Osuna and Rama 2021; Zanotti and Turnbull-Dugarte 2022).!" Table A1 in
Online Appendix B records each party’s votes on the seven state-of-alarm extensions; Table A2
presents a selection of policy statements illustrating their general stance on lockdown measures.

Party positions on lockdown stringency have therefore differed within the right side of the
ideological spectrum, again helping us to tease apart the effects of anxiety and partisanship
on voting behavior. Our argument implies that, holding constant partisan afhliations, anx-
iety about COVID-19’s health consequences has been positively associated with support for

PSOE and Podemos (strong pro-lockdown stance); ambiguously associated with support for

10https : //thespainjournal.com/ arrimadas - the - state - of - alarm - cannot - be - eternal - we -
negotiated-to-untie-the-aid-and-create-an-exit-plan/.

" Ag Zanotti and Turnbull-Dugarte (2022, 7) summarize, “Vis-4-vis the party’s contemporaries, including the
centre-right People’s Party, Vox is significantly more inclined to support more liberal restrictions that prioritize
economic growth than more stringent restrictions that prioritize viral containment.”
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Ciudadanos (lukewarm pro-lockdown stance); and negatively associated with support for PP
and Vox (strong anti-lockdown stance). Anxiety about COVID-19’s economic implications

should be characterized by the opposite relationships.

COVID-19 Anxieties and Voting Intentions

In the first part of our empirical investigation, we examine the relationship between COVID-
19 anxieties and voting intentions using detailed individual-level data collected by CIS."* In
every month except August, CIS conducts a public opinion survey containing questions on
socio-demographic characteristics, electoral preferences, and, since April 2020, attitudes to-
ward the pandemic and the policy response to it. The survey is administered to approximately
2,500 adults selected via a stratified random sampling procedure based on regional population,
with quotas ensuring appropriate gender and age group representation. We merge all survey
waves conducted between April 2020 and July 2021 — the most severe phase of the pandemic
— creating a pooled cross-sectional dataset containing almost 155,000 observations. Table A4
in Online Appendix C.2 presents summary statistics.

Usefully for our purposes, the CIS surveys include a question not only on respondents’
overall anxiety about COVID-19 but also on whether they are more concerned about its eco-
nomic consequences or its health consequences.”” We regress the intention to vote for a given

party on responses to these two questions using the following logistic model:

COVID Anxiety,,
logit(P(Vote Choicey, = 1)) = Sy + [ + BLog COVID

Health-Weighted Anxiety,, (7)

CPCj; + f3Previous Vote;y, + v, + ¢ + 0X; + €1y

12All surveys are available at https://www.cis.es/cis/opencm/ES/11_barometros/index.jsp.
Table A3 in Online Appendix C.1 provides the full text, response options, and coding rules for all survey
items used in our analysis.
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Vote Choice; i, the outcome variable, is a dummy for whether respondent ¢ in NUTS-3 region
j in survey wave ¢ would vote for party p if general elections were held tomorrow."* COVID
Anxiety;, the first treatment variable, is based on the question: “Thinking about the effects of
this pandemic, would you say that COVID-19 worries you a lot, quite a bit, a little, or not at
all?”’®> The variable has an ordinal scale with values of 1 for the response “not at all” and 5 for
“alot.” The second treatment, Health-Weighted Anxiety;, is a categorical variable based on the
question: “At this time, what are you more concerned about: the effects of the [COVID-19]
crisis on health, or the effects of the [COVID-19] crisis on the economy and employment?” It
takes three values: 1 for the response “health effects”, 0.5 for “both equally,” and 0 for “economic
effects.” The mean value across all survey waves is 0.59, indicating a rough balance between
COVID-related health and economic anxieties among respondents.

Turning to the control variables, Log COVID CPC}; is the logarithm of cumulative COVID-
19 cases per capita in NUTS-3 region j in wave ¢, data on which come from Spain’s Na-
tional Epidemiological Center (El Centro Nacional de Epidemiologia 2022). Previous Votey,
is a dummy for whether i voted for p in the 2019 Spanish general election, a proxy for pre-
pandemic partisanship. X, is a vector of six sets of socio-demographic controls, which we
convert from categorical to dummy variables: age (six categories), gender (two categories),
social class (five categories), education level (four categories), labor situation (four categories),
and job type (10 categories). We discuss these variables in more detail below.

Finally, ~; and ¢, are NUTS-3 and survey wave fixed effects, respectively, which control
for time-invariant geographical and location-invariant temporal characteristics. As a robust-
ness check, we estimate Equation 7 with NUTS-2 x survey wave (0; x ¢;) fixed effects, which
capture region- and time-varying factors (which in some periods include subnational lock-

down measures). We initially cluster heteroskedasticity-robust standard errors at the NUTS-3

"Figure A3 in Online Appendix F plots the average value of this variable for each major party between July
2018 and July 2021.
SAll question texts in this section are English translations.

15

https://doi.org/10.33774/apsa-2023-2j14r ORCID: https://orcid.org/0000-0003-1455-3506 Content not peer-reviewed by APSA. License: CC BY 4.0


https://doi.org/10.33774/apsa-2023-2j14r
https://orcid.org/0000-0003-1455-3506
https://creativecommons.org/licenses/by/4.0/

level.

Results

The top row of Figure 2 plots odds ratios for the estimated coefhicients on COVID Anxi-
ety (1 in Equation 7) with 90%, 95%, and 99% confidence intervals, both including (right
estimate within each column) and excluding (left estimate within each column) 0 x ¢, fixed ef-

fects.'¢

Interestingly, regardless of specification, no clear relationship emerges between overall
COVID-19 anxiety and support for parties that favor stringent lockdown measures. COVID-
anxious individuals were more likely to vote for Ciudadanos (column 3), which weakly backed
restrictions, yet no more likely to vote for Podemos (column 1) or PSOE (column 2), which
strongly endorsed them. Among the anti-lockdown parties, COVID Anxiety;; is associated
with a lower likelihood of voting for Vox (column 5) but no difference in the likelihood of
voting for PP (column 4). When we aggregate preferences for pro-lockdown (column 6)
and anti-lockdown (column 7) parties, the odds ratios are indistinguishable from 0 at a 5%
significance level.

The bottom row displays the equivalent estimates for Health-Weighted Anxiety;; in the sec-
ond variant of Equation 7. With both sets of fixed effects, as anticipated, this variable is posi-
tively related to voting for Podemos and PSOE, unrelated to voting for Ciudadanos, and neg-
atively related to voting for PP and Vox. Accordingly, the odds ratio is positive and highly
significant for pro-lockdown parties as a whole and negative and highly significant for anti-
lockdown parties. This discrepancy is substantively large: respondents with health-weighted
anxiety are 50% more likely to vote for a pro-lockdown party and 30% less likely to vote
for an anti-lockdown party. These results suggest that the weak relationship between over-

all COVID-19 anxiety and support for pro- or anti-lockdown parties is masking important

|| regression estimates are reported in Tables A5 and A6 of Online Appendix C.3. In Tables A7 and A8,
we show that all results in this section are robust to several alternative (linear and interactive) combinations of
NUTS-2, NUTS-3, and survey wave fixed effects and standard error clustering structures.
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FIGURE 2. Relationship between COVID-19 Anxieties and Voting Intentions
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Notes: Odds ratios for the coefficients on COVID Anxiety;; (top row) and Health-Weighted Anxiety;; (bottom
row) in Equation 7. Vertical lines represent confidence intervals of varying levels (indicated in the legend) based
on robust standard errors clustered by NUT-3 region. In addition to the fixed effects denoted in the legend, all
models control for gender, age, education level, social class, labor situation, job type, previous vote choice, and
COVID-19 incidence in a respondent’s NUTS-3 region.

heterogeneity in how different forms of this emotion shape voting preferences.

Sources of Health-Weighted COVID-19 Anxiety

Moving to our second set of hypotheses, we next regress Health-Weighted Anxiety;; on the

dummies for age, education level, social class, labor situation, and job type included in Equation

7:
Health-Weighted Anxiety,, = ( 4+ 3;Socio-Demographic Dummy, + ;Log

COVID CPC]'t + Vi + ¢t + GX'ILt + €t
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where X!, now comprises all remaining controls from Equation 7. As Health-Weighted Anxiety;,
is an ordinal variable with three levels, we switch to an OLS estimator.

Figure 3 displays the coeflicients on Socio-Demographic Dummy;, with the same model vari-
ations as in Figure 2."7 Whether the interactive fixed effects are included or excluded, there is
broad support for our conjectures about the sources of COVID-related health and economic
anxieties. Older individuals tend to experience stronger health-weighted anxiety, though the
second oldest category (55-64 years old) is slightly more skewed in this direction than the oldest
category (65+ years old)."® As a result, the largest gap occurs between individuals aged 18-24
years, who are 8 percentage points less likely than other age groups to report health-weighted
anxiety, and individuals aged 54-64 years, who are 3 percentage points more likely.

In contrast, health-weighted anxiety declines — and thus economy-weighted anxiety in-
creases — at both extremes of social class, education level, and employment status, where we
expect exposure to COVID-induced economic disruption to be highest. Working class and up-
per class respondents report lower levels of health-weighted anxiety than lower middle class,
middle class, and upper middle class respondents. The same is true of the employed and the
unemployed relative to students and retirees, and of individuals with no education and with
tertiary education relative to individuals with primary or secondary education. Statistically,
these relationships are significant at the 1% level for working class individuals, who are 10-11
percentage points less likely to experience health-weighted anxiety than other respondents;
for upper class individuals, who are 6 percentage points less likely; and for the unemployed,
who are 5 percentage points less likely.

Our expectations also find some support in the employment category estimates. The strongest
finding here is that managers and directors, the most senior and well-remunerated category,

have a far lower probability than others — 11 percentage points, on average — of experiencing

17See Table A9 in Online Appendix C.3 for complete regression estimates.
"¥This may be because members of the latter group tend to be retired and hence in a more precarious economic
situation.
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FIGURE 3. Sources of Health-Weighted COVID-19 Anxiety
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Notes: This figure displays the coefficient on Socio-Demographic Dummy;, in Equation 8. Horizontal lines represent
confidence intervals of varying levels (indicated in the legend) based on robust standard errors clustered by NUTS-
2 region x survey wave. As well as the fixed effects specified in the column headers, we control for gender and
the four remaining sets of socio-demographic dummies in the figure.
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health-weighted anxiety. While the results for the remaining categories are more mixed, it is
noteworthy that service and agricultural workers, whose remuneration lies at the other end of
the spectrum and whose duties often require interpersonal contact, are also more concerned
about COVID-19’s economic impact than its health implications. Conversely, scientists, intel-
lectuals, and mid-level professionals, who are relatively well compensated and typically work

alone in small groups or alone, exhibit the opposite pattern.

Survey Experimental Evidence

While the evidence presented thus far accords with our hypotheses, it is difhcult to conclu-
sively rule out sources of unmeasured confounding in observational settings. In the second
stage of our empirical investigation, therefore, we present a survey experiment modeled on
that of Bisbee and Honig (2022), which tested the flight-to-safety hypothesis by randomly as-
sighing respondents an anxiety-inducing or anxiety-relieving vignette about COVID-19 and
then asking them to evaluate hypothetical establishment and antiestablishment candidates for
executive office. We instead randomize exposure to three conditions — a prompt intended to
elicit COVID-related health anxiety, a prompt intended to elicit COVID-related economic
anxiety, and no prompt (the control condition) — and distinguish the candidates by whether
they endorse stringent lockdown measures. Using a combination of Amazon Mechanical Turk
crowdsourcing platform and advertising on social media, we administered the survey to almost
750 adults in Spain amid an upsurge of COVID-19 in mid-2023. As discussed in Online Ap-
pendix D, the sample is broadly representative of Spain’s overall population in terms of age,
gender, ethnicity, and education level.

Our two prompts were based on recent media reporting as well as expert assessments of
the pandemic’s impact on Spain. The first highlights COVID-19’s negative public health con-

sequences:

20

https://doi.org/10.33774/apsa-2023-2j14r ORCID: https://orcid.org/0000-0003-1455-3506 Content not peer-reviewed by APSA. License: CC BY 4.0


https://doi.org/10.33774/apsa-2023-2j14r
https://orcid.org/0000-0003-1455-3506
https://creativecommons.org/licenses/by/4.0/

The COVID-19 pandemic has been one of the deadliest plagues in history. In Spain
alone, there have been 13.8 million conﬁrmed cases and at least 120,000 deaths. Even
among those who have survived, more than 40% have suffered long-lasting symptoms,
including organ clamage ajjfecting the heart, kidneys, skin, and brain. Some experts believe
that another pandemic could occur in the near future and have even more damaging health

19
consequences.
The second vignette focuses on the economic damage wrought by the pandemic:

The disruption caused by the COVID-19 pandemic sent shock waves through the world
economy and triggered the largest global economic crisis for more than a century. Spain’s
economy contracted by more than 10 percentage points in 2020 and remains smaller than
before the pandemic, with high inflation and low growth expected to persist for several years.
Some experts believe that another pandemic could occur in the near fnture and have even

more dainaglng economic consequences.

After reading one of the prompts, respondents were asked to choose between (1) a pro-lockdown
candidate who, in the event of a major resurgence of COVID-19 or a similar pandemic in the
future, “favors a prudent and vigilant response that protects all members of society”; and (2)
an anti-lockdown candidate who “is keen to protect people’s livelihoods by minimizing any
20

economic disturbance or damage that may arise.

We model candidate choice as a logistic function of treatment assignment plus a battery of

19As the survey was conducted in Spanish, this and the below quotations are translations. The Spanish text is
provided in Online Appendix D.

2"We additionally randomized four candidate characteristics: age (46 or 48 years old), occupation (accoun-
tant or lawyer), educational background (chemistry or biology), and hobbies (cycling and guitar or tennis and
cooking).
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(individual-level) socio-demographic, political, and COVID-related controls:

Pro-Lockdown Candidate Health Prime
logit(P( =1))=po+ A + [B;Party

Anti-Lockdown Candidate Economy Prime (©

Affiliation,, + S3Previous Infection + X’ + ¢

where Pro-Lockdown Candidate and Anti-Lockdown Candidate are dummies for whether a re-
spondent prefers the pro-lockdown candidate and the anti-lockdown candidate, respectively;
Health Prime and Economy Prime are dummies for whether a respondent received the health-
focused prompt and the economy-focused prompt, respectively; Party Affiliation,, is a dummy
for whether a respondent identifies with party p; Previous Infection is a dummy for whether a
respondent has been infected with COVID-19; and the socio-demographic controls, X', are
age (continuous scale), gender (dummy for female), ethnicity (dummy for white), and edu-
cation level (dummies for seven categories ranging from no school to graduate school).*! To
ensure that treatment effects are calculated against the appropriate baseline — members of the
control group — both variants of the specification exclude respondents under the alternative
treatment condition.

Odds ratios from Equation 9 are shown in panels A and C of Table 1, beginning with a
bivariate correlation between the treatment and the outcome (column 1), before adding the
socio-demographic (column 2), political (column 3), and previous infection (column 4) con-
trols. In accordance with our argument, all estimations reveal a positive and highly signifi-
cant relationship between (1) assignment to the health-focused prompt and preference for the
pro-lockdown candidate and (2) assignment to the economy-focused prompt and preference
for the anti-lockdown candidate. The treatment effects are sizable: individuals receiving the

health-focused prompt were 3.5-3.7 times more likely to favor the pro-lockdown candidate

2ISummary statistics for the survey experimental dataset are presented in Table A10, Online Appendix D.1.
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TABLE 1. Survey Experiment Results

(1) ) (3)

()

Panel A: Outcome = Support for Pro-Lockdown Candidate

Health Prime 3467 3.664**  3.683*** 6.391***
(0.713)  (0.788)  (0.797) (1.189)
Panel B: Outcome = Support for Pro-Lockdown Candidate, Interactions Included
Health Prime x Age 1.039**  1.043*** 1.044*** 1.032**
(0.0155)  (0.0160) (0.0161) (0.0138)
Health Prime x Underlying Condition  5.470™**  6.564***  6.934*** 4.387***
(3.103)  (3.867)  (4.114) (2.404)
Panel C: Outcome = Supportfor Anti-Lockdown Candidate
Economy Prime 2.908***  3.301** 3 389%** 5.840***
(0.593)  (0.713)  (0.723) (1.046)
Panel D: Outcome = Support for Anti-Lockdown Candidate, Interactions Included
Economy Prime x Primary/Tertiary 8.566™**  7.994***  8.034*** 4.975%**
Education (3.994)  (3.814)  (3.850) (2.090)
) ) 3811 4.615"* 4.675** 3.647%**
Economy Prime x Poor/Rich (1.901)  (2.410)  (2.474) (1.732)
Demographic Controls X v v v
Political Controls X X v v/
Infection Control X X X v
Alternative Treatment Group X X X v/

Notes: Odds ratios derived from logistic regressions, with robust standard errors in parentheses.
Panel A reports estimates from Equation 9; panel B adds interaction terms to capture conditional
effects. Socio-demographic controls: age, gender, ethnicity, education level. Political controls:
strength of party affiliation with PP, PSOE, Podemos, and Vox. Infection control: previous infec-
tion with COVID-19. Estimates for the control variables are provided in Tables A11 and A12 in

Online Appendix D.2. *p < .1; **p < .05; ***p < .01.

than members of the control group (panel A), while individuals receiving the economy-focused
prompt were 3-3.3 times more likely to favor the anti-lockdown candidate (panel B). In column

5, we show that these effects almost double in size when the sample is expanded to individuals

who assigned the alternative treatment.*

In addition to testing our main hypothesis, we take advantage of exogenous treatment as-
sighment to probe two more subtle implications of our argument. First, the health-focused

treatment will have a larger effect on support for the pro-lockdown candidate among indi-

2In Table A13 of Online Appendix D.2, we demonstrate robustness to restricting the sample to “attentive”

respondents who took at least three minutes to complete the survey.
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viduals more exposed to COVID-19’s health consequences. Second, the economy-focused
treatment will have a larger effect on support for the anti-lockdown candidate among indi-
viduals more exposed to the pandemic’s economic disruption. We test the former proposition
by interacting Health Prime with (1) age and (2) a dummy for the possession of an underlying
medical condition; and the latter proposition by interacting Economy Prime with (1) a dummy
for whether a respondent’s annual income is either less than €10,000 (the lowest category) or
more than €60,000 (the highest category) and (2) a dummy for whether a respondent’s educa-
tion level is either elementary school and below (the lowest two categories) or graduate school
(the highest category).

As reported in panels B and D of Table 1, both implications receive robust support. In every
specification, the coefhicients on the four interaction terms are positive and significant at the
1% level. Figure A5 in Online Appendix D.2 shows that the marginal effects of Health Prime
and Economy Prime on Pro-Lockdown Candidate and Anti-Lockdown Candidate, respectively, rise
sharply with each moderator (while remaining positive and significant at all levels). For ex-
ample, respondents assigned the health-focused prompt were 45.51 percentage points more
likely to prefer the pro-lockdown candidate if they possessed an underlying medical condi-
tion but only 19.77 percentage points more likely if they did not. Similarly, respondents who
received the economy-focused prompt were 42.19 percentage points more likely to favor the
anti-lockdown candidate if their annual income was less than €10,000 or more than €60,000

and only 19.51 percentage points more likely if it lay between these extremes.

#The bottom row of Figure A5 plots the marginal effect of Economy Prime across ordinal versions of the
income (panel E) and education (panel F) variables estimated with a kernel smoothing model, which allows for
nonlinearities. We observe the expected U-shaped curves, indicating a larger effect at the extremities of each
distribution.
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Electoral Evidence: The 2021 Madrid Regional Election

Does evidence for the VoA approach extend to real voting decisions? In this section, we ex-
tend our empirical investigation to electoral outcomes during Spain’s COVID-19 pandemic.
While no general election took place during the peak years of the pandemic, regional elections
were held in Galicia (July 2020), the Basque Country (July 2020), Catalonia (February 2021),
and Madrid (May 2021). We focus on the Madrid election for three reasons. First, the other
three regions all have powerful and long-standing nationalist movements, introducing a cross-
cutting policy dimension that could obscure or confound the relationship between COVID-19
anxieties and vote choice. Second, the Galician and Basque elections occurred at a relatively
early and uncertain stage of the pandemic, when public debate over the necessity of lockdown
restrictions was limited.** Third, in sharp contrast, these measures were the defining axis of
political contention in the Madrid election, making it an ideal context in which to assess our

argument.

Background and Expectations

Since the mid-1990s, PP has been the dominant force in Madrilenian politics, leading all 10
regional governments. In the years leading up to the pandemic, however, support for the party
was steadily dwindling. In 2015, PP lost its absolute majority in the Madrid parliament, forcing
it into coalition with Ciudadanos. Four years later, it failed to win a regional election for the
first time since 1989, placing second behind PSOE. Nevertheless, the latter party was unable
to find enough partners to form a government, allowing PP to return to power in coalition
with Ciudadanos and Vox.

When the pandemic struck, Madrid’s president, Isabel Diaz Ayuso, sought to revive PP’

*In the July 2020 wave of the CIS survey, for example, more than 90% of citizens in Galicia and the Basque
Country agreed that COVID-19 containment measures were “very necessary” or “quite necessary.”
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fortunes by opposing the national government’s lockdown restrictions on economic and rights-
based grounds. PP was joined in this stance by Vox, which organized an anti-lockdown rally in
May 2020 that attracted 15,000 protesters and 6,000 cars (Zanotti and Turnbull-Dugarte 2022).
As discussed earlier, however, Ciudadanos was moderately supportive of the government’s
measures, creating tensions within the coalition that triggered a snap election in May 2021.
Ayuso framed the vote as a choice between “comunismo o libertad” (communism or freedom),
campaigning for the “rights of the family, the self~employed, the business person to remain in
control of their lives” (Dombey 2021). Podemos and PSOE ran on a platform of responsible
pandemic management and political moderation, with the former party adopting the counter-
slogan “democracia o fascismo” (democracy or fascism).” Stringent lockdown policies were also
endorsed by Mds Madrid, a regional party founded in 2019 by former Podemos politicians.*
PP’s strategy largely bore fruit. The party received 45% of votes cast in the election, more
than doubling its 2019 share (22%).”” As illustrated in panel B of Figure 4, which maps the vote
share of pro-lockdown parties minus that of anti-lockdown parties in Madrid’s 179 municipal-
ities, PP made inroads not only in traditionally conservative neighborhoods in the center and
north but also in the left-leaning industrial “red belt” around the southern periphery. Even so,
PP fell short of an outright majority and ended up forming an anti-lockdown coalition gov-
ernment with Vox. Ciudadanos lost all of its parliamentary seats as its vote share plummeted
from 19.5% to 3.6%, while PSOE suffered a smaller drop (from 24% to 17%). Podemos and
Mis Madrid saw small increases in support (from 6% and 15% to 7% and 17%, respectively).
In panel B of Figure 4, Madrid’s municipalities are shaded by the logarithm of cumulative
COVID-19 cases per capita at the time of the election. Comparing panels A and B suggests
only a modest association between COVID-19 incidence and the excess vote share of pro-

lockdown parties. For instance, anti-lockdown parties enjoyed sizable gains in many high-

»Figure A7, Online Appendix F, displays PP and Podemos’ opposing slogans in their original Twitter form.
%As indicated in Table A1, Mas Madrid voted in favor of every extension of the national state of alarm.
*’Figure A8 in Online Appendix F compares each party’s vote shares in the 2021 and 2019 Madrid elections.
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FIGURE 4. COVID-19 Incidence and Voting Patterns in Madrid, May 2021

A) Log Cumulative COVID-19 Cases per B) Difference in Vote Share between Pro-
g p
Capita and Anti-Lockdown Parties

(.0910313,.2177235]
(.0784212,.0910313]
(.0844998,.0784212]

(:2770141,5251961]

(2,2770141]

((0972542,.2]
0,.0644998]

Notes: Municipalities are shaded by the logarithm of cumulative COVID-19 cases per capita as of the 2021 Madrid
regional election (May 4) in panel A; and by the excess vote share of pro-lockdown parties over anti-lockdown
parties in this election in panel B.

incidence municipalities in the south and northeast of Madrid, while pro-lockdown parties
performed strongly in many medium- and low-incidence municipalities in central western
areas. The overall correlation between the two shading variables is just r = 0.07.

If the VoA approach is correct, however, this pattern may be concealing important hetero-
geneity in the relationship between different COVID-19 anxieties and support for pro- versus
anti-lockdown parties. To derive testable implications from our framework, we follow Bisbee
and Honig (2022) in assuming that concern about COVID-19 increases with local infection
rates. As shown in Table A14 of Online Appendix E, the CIS data offer support for this as-
sumption: conditional on the fixed effects and controls in Equation 7, Log COVID CPC}; is a
strong predictor of COVID Anxiety.”* In addition, aggregate trends in new COVID-19 cases
per capita and COVID Anxiety;, broadly tracked one another prior to the election (Figure A6).

Taking local COVID-19 rates as a proxy for general anxiety about the disease enables us to

*8There is a similar association between the severity of a respondent’s past COVID-19 symptoms and COVID
Anxiety;; (Table A15).
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formulate two hypotheses about voting patterns in the Madrid election. First, in municipalities
where voters are more vulnerable to COVID-19’s health effects, such as those with a higher
proportion of elderly citizens or people with underlying medical conditions, COVID-19 in-
cidence is positively associated with support for pro-lockdown parties (i.e., PSOE, Podemos,
Ciudadanos, M4s Madrid) and negatively associated with support for anti-lockdown parties
(i.e., PP and Vox). Second, in municipalities where voters are more exposed to COVID-19’s
economic costs, such as those at the extremities of the income distribution and with sizable
hospitality or construction sectors, COVID-19 incidence is negatively associated with support

for pro-lockdown parties and positively associated with support for anti-lockdown parties.

Data and Specification

We test our conjectures at the municipality level, regressing changes in the vote share of pro-
and anti-lockdown parties since Madrid’s previous (2019) election on interaction terms be-
tween COVID-19 incidence and socio-demographic proxies for exposure to COVID-19’s

health and economic consequences:

AVote Share,,, = 3y + f1Log COVID CPC_ + BaExposure  + B3Log COVID CPC

x Exposure + 0AX] + A + e,
(10)

where the outcome variable, AVote Share,,, is the difference in party group p’s vote share
in municipality m between the 2019 and 2021 elections; Log COVID CPC,,, the treatment
variable, is the logarithm of cumulative COVID-19 cases per capita in m as of the 2021 elec-
tion; X/, is a set of demographic (population, male-female ratio, age distribution), economic
(employment rate, GDP per capita), and COVID-related (nursing places per capita, altitude,

share of agricultural land, voter turnout) control variables, most of which are first-differenced
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between 2018 and 2020 (to avoid simultaneity issues);*” and \; denote fixed effects for NUTS-
4 regions, a territorial unit designated by Madrid authorities that is similar to a district. We
employ four measures of Exposure,,, the first two focusing on health effects and the last two

on economic effects:
1. Elderly Share,,: the share of m’s population aged above 65 years in 2020.
2. Log Respiratory DPC,,,: the logarithm of respiratory deaths per capita in m in 2020.

3. Top/Bottom Income,,: the share of m’s population in the top or bottom 5% of Madrid’s

income distribution in 2020.

4. Hospitality Share,,: the share of the hospitality and distribution sector in m’s GDP in
2020.%°

Electoral results come from the Madrid regional government (Comunidad de Madrid 2022),
nursing home statistics from Spain’s Ministry of Economy and Competitiveness (Envejec-
imiento en Red 2022), and data on the moderators and remaining controls from Madrid’s
statistics office (Instituto de Estadistica de la Comunidad de Madrida 2022). Robust standard
errors are clustered by NUTS-4 region.”!

As there were no COVID-19 cases in 2019, Equation 10 is effectively a first-difference
estimator. In our two-period setting, it is thus similar to a difference-in-differences estimator
with unit (i.e., municipality) and time (i.e., election) fixed effects. While we favor the first-
difference approach due to its parsimony and statistical power — with two periods and many
units, a difference-in-differences strategy entails a high ratio of variables to observations —

the latter yields comparable results (see Tables A19 and A20 in Online Appendix F.3). In both

*The remaining variables are measured at their 2020 level, either because they do not change between the
two periods (altitude, agricultural land share) or because data for 2018 are not available (GDP per capita, nursing
places per capita).

3This sector includes lodging, food and drink, event planning, tourism, wholesale trade, retail, and franchising
and commission agents’ services.

S Descriptive statistics for the full dataset are provided in Table A16, Online Appendix F.1.
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designs, the key identifying assumption is that the pretreatment trend in the outcome vari-
able does not differ between the treated and control groups. Figure A10 in Online Appendix
F.4 provides graphical evidence for this assumption: we between the 2007 and 2019 Madrid
elections, the average vote share of pro- and anti-lockdown parties evolved in an essentially
identical fashion in municipalities (1) in each quartile of Log COVID CPC,, and (2) above and
below the median of Log COVID CPC,,.

Results

Table 2 reports the coeflicients on the interaction terms in Equation 10, introducing the eco-
nomic, demographic, and COVID-related controls in separate models (lower-order terms are
omitted to save space). As hypothesized, the interaction terms between Log COVID CPC,,
and the two proxies for exposure to health consequences — Elderly Share,, and Log Respira-
tory DPC,,, — have a positive and significant association with AVote Share,,, for pro-lockdown
parties (panel A, columns 1-4) but a negative and significant association with AVote Share,,
for anti-lockdown parties (panel A, columns 5-8). When we substitute in the proxies for eco-
nomic exposure — Top/Bottom Income,, and Hospitality Share,, — the results are almost ex-
actly reversed, with the interactions negatively related to the pro-lockdown vote share change
(panel B, columns 1-4) and positively related to the anti-lockdown vote share change (panel
B, columns 5-8).

As shown in Figures A11 and A12 of Online Appendix F.5, the marginal effect of Log
COVID CPC,, on the pro-lockdown AVote Share,, (including all controls) is close to zero at
low levels of every exposure proxy; positive and significant at high levels of the health exposure
proxies; and negative and significant at high levels of the economic exposure proxies. For the
anti-lockdown AVote Share,,;, anti-lockdown , the marginal effect is similar at low values of
the proxies but reversed at high values. For example, a 1-percentage-point rise in a munici-

pality’s cumulative COVID-19 cases per capita before the 2021 election is associated with an
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TABLE 2. Relationship between COVID-19 Incidence and Support for Pro- and Anti-
Lockdown Parties in Madrid Regional Elections

Outcome = A Vote Share of:

Pro-Lockdown Parties

O (3) ()

Anti-Lockdown Parties

() ©) ) (8)

Panel A: Exposure to Health Consequences

Log COVID CPC x

3.963*** 2.774* 3.108*** 3.216™**

-4.611%**-3.538"** -3.921*** -4.012***

Elderly Population (1.167) (0.983) (0.917) (0.857) | (1.240) (1.034) (0.966) (0.916)
R? 0548 0.573 0599  0.606 | 0.533 0.567 0.586  0.591
Log COVID CPC x 6346 69.94° 80,407 8731 | 76,58 85,73 103,57 102.7"

Log Respiratory DPC (5.266) (10.98) (14.71) (16.28) | (6.677) (12.68) (16.23) (17.18)
R? 0.457 0586  0.625 0.629 | 0.452  0.588  0.618  0.622
Panel B: Exposure to Economic Consequences
Log COVID CPC x -0.438** -0.585*** -0.765***~0.932*** 0.295  0.508** 0.671** 0.831***

Top/Bottom Income (0.142) (0.163) (0.173) (0.177) | (0.170) (0.224) (0.237) (0.181)
R? 0.438 0571  0.601  0.611 | 0.424 0.562  0.582  0.590
Log COVID CPC x  -0.465" -0.417* -0.415** -0.385"[ 0.516" 0.463** 0.456"* 0.437***

Hospitality Sector (0.185) (0.188) (0.154) (0.167) | (0.215) (0.145) (0.120) (0.124)
R? 0.449 0573 0599  0.603 | 0.441  0.566  0.583  0.586
N 178 177 177 177 178 177 177 177
NUTS-4 FEs v v v v v v v v
Demographic Controls X v v v X v v v
COVID-Related Controls X X v v X X v v
Economic Controls X X X v X X X v

Notes: OLS estimates of Equation 10 with robust standard errors, clustered by NUTS-4 region, in paren-

theses. Demographic controls: A population, A age distribution, A gender ratio. COVID-related con-
trols: log nursing home places per capita, share of agricultural land, altitude, A turnout. Economic con-
trols: A unemployment rate, log GDP per capita. Lower-order interaction terms are not reported. For
full estimates are see Tables A17 and A18, Online Appendix F.2. *p < 0.1; **p < 0.05; ***p < 0.01.

increase in the pro-lockdown vote share of 0.04 percentage points at the median of Elderly

Share,, and of 0.84 percentage points at the maximum; versus a decline in the anti-lockdown

vote share of 0.06 percentage points and 1.07 percentage points, respectively. The same rise

comes with an increase in the pro-lockdown vote share of 0.39 percentage points at the me-

dian of Hospitality Share,, and a decline of 0.94 percentage points at the maximum; versus a

decline of 0.48 percentage points and an increase of 1.03 percentage points, respectively, in

the anti-lockdown vote share.
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Instrumental Variables Strategy

COVID-19 levels were, of course, not randomly distributed across municipalities before the
2021 election, and it is conceivable that they were influenced by unobserved municipality- and
time-varying factors that also affected voting decisions. To address this possibility, we build
on Qiu, Chen, and Shi’s (2020) analysis of community COVID-19 transmission by pursu-
ing an instrumental variables strategy that exploits local weather patterns in the run-up to the
election.”” COVID-19 transmissibility is known to be a decreasing function of three compo-
nents of weather: (1) rainfall, higher levels of which curtail social activity and raise humidity,
a transmission inhibitor; (2) temperature, higher levels of which hinder virus survival; and (3)
wind speed, higher levels of which reduce the number of airborne virus particles. Pre-election
trends in these variables are likely to predict Log COVID CPC,, yet, conditional on covariates,
unlikely to affect attitudes toward pro- and anti-lockdown parties (as distinct blocs) other than
by influencing COVID-19 incidence. In our view, therefore, there are reasonable grounds for
expecting the exclusion restriction to hold.

We obtained monthly data on rainfall, temperature, and wind speed across Madrid during
2021 through a purchase agreement with Spain’s State Meteorological Agency, which takes
measurements from 40 weather stations marked in Figure 5. To generate values for munic-
ipality m, we employ Qiu, Chen, and Shi’s method of computing the weighted average of
measurements taken from all stations within 100km of m’s centroid, where the weight is the
inverse distance between m’s centroid and each station. We also follow Qiu, Chen, and Shi

in instrumenting Log COVID CPC,, with a combination of four municipality-level weather

»20Other instruments used in analyses of COVID-19’s impact on political outcomes include the share of em-
ployment in meat-processing factories (Baccini, Brodeur, and Weymouth 2021) and the share of residents in
nursing homes (Lake and Nie 2021), both of which are common sites of “superspreader events.” These variables
strike us as more likely than weather trends to be correlated with unobserved social and economic characteristics
that impact voting behavior.
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FIGURE 5. Weather Patterns before the 2021 Madrid Regional Election

(26,35]

(22,26]

(18,22]

[7,18]

Weather Station

Notes: Municipalities are shaded by their quartile ranking on our weather instrument, a combination of their
monthly rainfall, mean temperature, maximum wind speed, and rainfall x maximum wind speed over the six
months prior to Madrid’s 2021 regional election (May 4). Diamonds represent weather stations from which
measurements were taken.

variables, all of which are averaged over the six months leading up to the election:

Instrument,,, =

=

6
Z(Rainfallmk + Temperature_, + Wind Speed . + Temperature
k=1

x Wind Speed )

(11)
where k indexes months before the election date (May 4, 2021), Rainfall,, is the total rainfall
in millimeters in municipality m in month k, Temperature,;, is m’s mean daily temperature in
degrees Celsius in k, and Wind Speed,,;, is m’s maximum wind speed in kilometers per hour in

k.

In Figure 5, municipalities are shaded by their quartile ranking on the instrument.” Con-

»Figure A13 in Online Appendix F.6 disaggregates this map by the four components of the instrument.
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sistent with a negative relationship between the instrument and pre-election COVID-19 inci-
dence, municipalities with lower values (lighter shading) — indicating more favorable weather
conditions for the spread of COVID-19 — generally recorded higher rates of COVID-19 in-
cidence on the date of the election in panel A of Figure 4 (darker shading).

We implement the instrumental variables analysis using a two-stage least squares (2SLS)

estimator, the first stage of which takes the form:

Log COVID CPC = = 5y + piInstrument,,; + SoExposure + S3lnstrument,,; x ( )
12

Exposure 4+ 60X + \; + €5,

The second stage is identical to Equation 10, except that Log COVID CPC,), is replaced with
predicted values from the first stage (Log COVID CPC ). In both stages, robust standard
errors are again clustered by NUTS-4 region.

Table 3 presents the results. As indicated by the high first-stage F-statistics shown in the
bottom row of each panel, local weather patterns are a strong predictor of COVID-19 inci-
dence prior to the election, allaying any potential concerns about weak instrument bias. The
second-stage estimates are consistent with those of Equation 10, albeit with some changes in
size and significance level. The coefhcients on Log COVID CPC,,’s interactions with Elderly
Share,, (panel A, columns 1 and 3), Log Respiratory DPC,, (panel A, columns 2 and 4), and
Top/Bottom Income,, (panel B, columns 1 and 3) maintain significance and grow by 2.5 fold,
on average. Those on Log COVID CPC,, x Log Respiratory DPC,, (panel B, columns 2 and
4), in contrast, become slightly smaller and fall marginally short of significance.

Overall, these findings suggest that the OLS results were not merely an artifact of endo-
geneity in the distribution of COVID-19 cases; rather, any unobserved heterogeneity across

municipalities appears to have worked primarily against rather than in favor of our hypotheses.
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TABLE 3. Madrid Election Analysis: Instrumental Variables Results

Outcome = A Vote Share of: Pro-Lockdown Parties Anti-Lockdown Parties

(1) @ | 0 ()

Panel A: Exposure to Health Consequences

Log COVID CPC x Elderly Population 11.04* -12.07**
(6.474) (5.669)
Log COVID CPC x Log Respiratory DPC 26.23** -23.78*
(11.81) (13.79)
First-Stage F-Statistic 2069 17587 | 2069  1758.7
Panel B: Exposure to Economic Consequences
Log COVID CPC x Top/Bottom Income -1.694*** 1.697***
(0.433) (0.395)
Log COVID CPC x Hospitality Sector -0.427 0.103
(0.311) (0.282)
First-Stage F-Statistic 1347 1419 |~ 1347 1419
N 177 177 177 177
NUTS-4 FEs v v v v
Demographic Controls v v/ v v
COVID-Related Controls v v/ v v/
Economic Controls v v v v

Notes: Second-stage 2SLS estimates with robust standard errors, clustered by NUTS-4 re-
gion, in parentheses. The first stage is described by Equation 12. The controls are the same
as in Table 2. Lower-order interaction terms are again omitted. *p < 0.1; **p < 0.05; ***p <
0.01.

Discussion

While increasingly sensitive to the wide array of subjective mental states that make up the
human experience, scholarship on determinants of voting behavior has tended to treat anxi-
ety in an undifferentiated fashion, placing voters on a one-dimensional continuum between
“anxious” and “not anxious.” This study has made the case for a more nuanced perspective that
acknowledges and gives centrality to the multiplicity of anxieties that can arise from societal
threats, their uneven distribution across socio-demographic groups, and their distinctive im-
plications for electoral strategy and preference formation. Since one type of anxiety may be
alleviated by a different policy to another type, our VoA approach contends, these emotions

can emerge as salient bases of competition between political actors, with the upshot that —
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rather than behaving as a homogeneous bloc — anxious voters exhibit disparate behavior at
the ballot box.

As a mass societal threat that has spawned multiple forms of anxiety, the COVID-19 pan-
demic presents a useful opportunity to illustrate and assess the VoA framework. Our empirical
examination focused on the intense first 18 months of Spain’s pandemic, drawing on a combi-
nation of nationally representative survey data, an original survey experiment, and municipal-
level electoral results. We adduced consistent evidence for two key implications of the frame-
work. First, anxiety about COVID-19’s health consequences is positively associated with
support for parties that advocate stringent lockdown restrictions — rules that curtail disease
transmission at the expense of disrupting commercial and business activity — while anxiety
about its economic effects is positively associated with support for parties that favor more per-
missive measures. Second, COVID-related health anxiety increases with socio-demographic
characteristics that render individuals more vulnerable to severe COVID-19 symptoms, while
COVID-related economic anxiety rises with characteristics that exposure individuals to serious
financial damage as a result of the pandemic.

These findings showcase a central payoff of the VoA approach, namely, its ability to account
for heterogeneity in electoral preferences among worried voters that we would not expect if
anxiety were a unidimensional emotion. In shedding such light, it complements and helps to
clarify the scope of existing theories of how anxiety influences voting behavior. Through a
VoA lens, the common view that anxiety disposes voters toward protective policies requires
a crucial caveat: what voters perceive as protective is itself a function of the particular type
of anxiety they experience. A similar point applies to the flight-to-safety perspective. At the
height of the pandemic, for example, voters anxious about acquiring COVID-19 symptoms
would likely have perceived a pro-lockdown candidate as markedly safer than voters anxious
about losing their jobs. The VoA approach therefore adds nuance to foundational spatial models

of voting, drawing attention both to how policy preferences are a complex function of multiple
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types of anxiety and to the essentially subjective nature of the valence component, which can
result in sharp cleavages among voters who value the same candidate qualities.

Our perspective is less compatible with the stronger claim that anxiety benefits conserva-
tive parties or hurts incumbents. When societal threats emerge as axes of political competition,
it can be challenging for any party — conservative or opposition — to alleviate all forms of
anxiety afflicting the electorate. In the 2021 Madrid regional election, for example, support
for lockdown restrictions provoked a heavy backlash against both Ciudadanos (a conservative
party) and PSOE (the main opposition party). The VoA approach cautions against broad gen-
eralizations about how anxiety — conceived as a uniform emotional state — shapes electoral
preferences. Identifying anxiety’s winners and losers, it implies, requires a careful understand-
ing of the varied forms it may assume in response to societal threats, their socio-demographic
roots, and the strategies political actors pursue to address them.

Implicit in this discussion is an important scope condition for the VoA approach itself: soci-
etal threats carry heterogeneous welfare implications for major socio-demographic groups and
are sufficiently salient to create tradeoffs between competing public policy objectives. When
tackling a given threat is welfare-enhancing for all or a high proportion of voters, as we might
expect in the case of a nuclear war or a humanitarian catastrophe, the approach’s explana-
tory power is likely to be limited. Even setting aside COVID-19, however, salient threats that
entail challenging tradeoffs for policymakers are not difhcult to find, from transnational ter-
rorism and climate change to immigration shocks and financial crises. We are thus confident
that our framework can be applied to diverse issues of interest to social scientists, while fully
acknowledging that there are circumstances in which alternative perspectives may be more
useful.

We also believe that the principles of the VoA approach can be extended to the analysis of
other complex emotions that play a role in political life, such as anger, fear, disgust, sadness,

hope, and enthusiasm (e.g., Brader 2005; Brader and Marcus 2021; Hatemi et al. 2013; Clifford
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and Jerit 2018). While social scientists have made considerable progress in conceptualizing and
delineating emotions with similar characteristics, such as anger and fear, less attention has
been paid to the multiplicity of forms each one can assume — and still less to the causes and
consequences of such variation. Anger, for instance, can be triggered by any number of social,
cultural, and economic phenomena, giving rise to distinct emotional states associated with
varying — and potentially conflicting — political attitudes and preferences (e.g., anger about
immigration versus anger about racial injustice) (Erhardt et al. 2021). A systematic exploration
of the rich diversity inherent in individual emotions can, in our view, bear significant fruit for

the study of political behavior.
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A Evolution of Spain’s Pandemic and Policy Response

FIGURE Al1. Evolution of COVID-19 Cases across Spanish Regions
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Notes: This graph plots the number of daily new COVID-19 cases per 100,000 population in every region (au-
tonomous community) of Spain between February 2020 and August 2021. Source: the National Epidemiological

Center (El Centro Nacional de Epidemiologia) COVID-19 Panel, accessed from https://cnecovid.isciii.es
/covidl9/.
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FIGURE A2. Evolution of COVID-19 Policy Interventions in Spain versus European Union
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Notes: This figure compares the evolution of four types of COVID-19 policy interventions between January
2020 and July 2022 in Spain and the rest of the European Union (EU). Moving clockwise, the Economic Support
Index (top left panel) measures the extent of financial interventions such as income support and debt relief; the
Containment and Health Index (top right panel) combines lockdown restrictions and closures with measures
such as testing policy and contact tracing, short-term investment in healthcare, and investments in vaccines;
the Stringency Index (bottom right panel) measures the stringency of lockdown policies that primarily restrict
people’s behavior; and the Overall Government Response Index (bottom left panel) measures the strength of the
government’s overall response as a summative function of the previous three indices. Source: Oxford COVID-19
Government Response Tracker (Hale et al. 2021).
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FIGURE A3. Voting Intentions for Spain’s Five Major National Parties, 2018-2021
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Notes: This graph displays the proportion of CIS respondents that would vote for each of Spain’s five main national
parties if a general election were held tomorrow in each (monthly) survey wave between July 2018 and July 2021.
All surveys are available at https://www.cis.es/cis/opencm/ES/11_barometros/index. jsp. PP = Partido
Popular; PSOE = Partido Socialista Obrero Espafiol.

https://doi.org/10.33774/apsa-2023-2j14r ORCID: https://orcid.org/0000-0003-1455-3506 Content not peer-reviewed by APSA. License: CC BY 4.0


https://www.cis.es/cis/opencm/ES/11_barometros/index.jsp
https://doi.org/10.33774/apsa-2023-2j14r
https://orcid.org/0000-0003-1455-3506
https://creativecommons.org/licenses/by/4.0/

B Spanish Party Positions on Lockdown

TABLE A1l. Parliamentary Votes on COVID-19 State of Alarm, April 2020-May 2021

Party 25Mar 9 Apr 22Apr 6May 20May 3Jun 29 Oct
PP v/ v/ v Abs. X X Abs.
PSOE v v v v v v v
Ciudadanos v v v v v v v
Podemos v v v v v v v
Vox v X X X X X X
Mas Pais v v v v v v v

End of Extension: 12 Apr 26 Apr 10 May 24 May 7 Jun 21Jun 9 May
2020 2020 2020 2020 2020 2020 2021

Notes: This table records how Spain’s five major national parties voted on the six extensions of the state of
alarm imposed by the Congress of Deputies (parliament) on March 14, 2020 in response to the COVID-
19 pandemic. Check marks denote votes in favor; crosses denote votes against; “Abs.” denotes abstention.
Data are from congressional voting records accessed at: https://www.congreso.es/opendata/vot
aciones. We additionally include Mas Pais, a regional party centered on Madrid, which features in our

case study of the region’s 2021 election.
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TABLE A2: Party Statements on Lockdown Restrictions

Party Representative Party Position Date Statement (Translated) Source
PP Pablo Casado President May 6,  “The exceptional situation does not allow  Legislative
2020 for a constitutional dictatorship...We do  record?
not support this overstepping of legal
boundaries that has turned into a covert
state of exception.”
Vox Santiago Abascal ~ President May 6,  “You, Mr Sdnchez, are trying to blackmail Legislative
2020 this chamber. . .into renewing a power record?®
that you have abused. Maintaining the
state of alarm [...] saves neither lives nor
jobs. What would save lives and jobs
would be a change of government.”
Ciudadanos Inés Arrimadas President May 6,  “The state of alarm can not be an eternal ~ Press
2020 mechanism, we must think of a plan Band  release®
untie the aid to families, self-employed or
SME:s of this exceptional period.”
PSOE Pedro Sinchez Secretary- May 6,  “There are no absolutely correct Legislative
General (and 2020 decisions. . .but lifting the state of alarm record?
President of now would be an absolute mistake”
Spain)
Podemos Pablo Echenique ~ Spokesman in May 4,  “The state of alarm is indispensable for the ~ESdiario
Congress 2020 confinement measures, and it is these newspaper®

measures that have made it possible to
subdue the epidemic.”

@ https://www.congreso.es/public_oficiales/L14/CONG/DS/PL/DSCD-14-PL-21.PDF.

b https://www.ciudadanos-cs.org/prensa/prensa/1216871g=va.

€ https://www.esdiario.com/espana/563129816/Echenique-acusa-a-Casado-de-provocar-miles-de-muertos-si-no-traga

-con-Sanchez.html.
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C CIS Survey Analysis

C.1  Survey Questions

TABLE A3: CIS Survey Questions and Response Options

Question in Spanish Question in English Waves Response Options Coding
(Original) (Translation) (MM/YY) (New = Old)
Me gustaria hacerle algunas I would like to ask you sotne 04/20 - 05/21  1: Alot 1=5
preguntas sobre la crisis del questions about the coronavirus 2: Quite a bit 2=3
coronavirus. Pensando en todos  crisis. Thin/eing about all the 3: Not much 3=14
los efectos de esta pandemia, effects of this pandemic, would 4: Average 4=2
¢diria Ud. que la crisis del you say that the coronavirus 5: None 5=1
coronavirus le preocupa mucho,  crisis worries you a lot, a lot, a 8: Don’t know
bastante, poco o nada? little, or not at all? 9: No answer
En estos momentos, ;qué le At this time, what are you more  05/20 - 07/21  1: The effect on health 0=1
preocupa a Ud. mds, los efectos  concerned about, the effects of 2: The effect on the economy and 0.5 =3
de esta crisis sobre la salud, o this crisis on health, or the employment 1=2
los efectos de la crisis sobre la effects of the crisis on the 3: Both equally (for Health-
economia y el empleo? economy and employment? 4: Neither Weighted
8: Doesn’t know Anxiety)
9: No answer
¢Cudntos afios cumplié Ud. en  How old were you on your last ~ All (06/18 - Continuous 1=<25
su tiltimo cumpleaios? birthday? 05/21) 2=25-34
3=35—44
4=45—-54
5=55—-64
6=<64

Continued on next page
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TABLE A3: CIS Survey Questions and Response Options (Continued)

Question in Spanish Question in English Waves Response Options Coding
(Original) (Translation) (MM/YY) (New = Old)
¢Cudles son los estudios de mds ~ What is the highest level of All (06/18 - 1: No studies 1=
alto nivel oficial que Ud. ha formal education you have 05/21) 2: Primary education 2=
cursado (con independencia de  completed (whether you have 3: Secondary education (1st stage) 3 = 3,4
que los haya terminado o no)?  finished it or not)? 4: Secondary education (2nd stage) 4 =15

5: Vocational training 5=06

6: Further studies

7: Other

9: No response
¢A qué clase social diria Ud. What social class would you All (06/18 - 1: Upper class 1=6,7,8
que pertenece? say you belong to? 05/21) 2: Upper middle class 2=5,12

3: Middle class 3=4

4: Lower middle class 4=

5: Working class 5=

6: Poor class 6=

7: Underclass

8: Proletariat

9: The ones below

10: Excluded

11: Common people

12: Lower class

96: Other

97: Doesn’t believe in class

98: Don’t know/have doubts

99: No response

Continued on next page
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TABLE A3: CIS Survey Questions and Response Options (Continued)

Question in Spanish Question in English Waves Response Options Coding
(Original) (Translation) (MM/YY) (New = Old)
¢En qué situacion laboral se What is your current All (06/18 - 1: Works 0=2,3,4,5
encuentra Ud. actualmente? employment situation? 05/21) 2: Retired or pensioner (previously 1=

worked)

3: Pensioner (not previously

employed)

4: Unemployed and has worked

before

5: Unemployed and looking for

his first job

6: Student

7: Unpaid domestic work

8: Other

9: No response
¢Me puede decir cudl es su What is your current All (06/18 - 1: Directors and managers 1=1
ocupacion actual? occupation? 05/21) 2: Scientists and intellectuals 2=

3: Technicians and mid-level 3=

professionals 4=1

4: Administrative staff 5=

5: Service workers and vendors 6=06

6: Farmers and skilled agricultural, 7=

forestry and fishery workers 8 =

7: Ofhice workers, operators and 9=09

craftsmen 10 =10

8: Plant and machine operators 11=11

9: Elementary occupations
10: Military and police

11: Other

99: No response

COﬂ[iﬂlxth on next page
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TABLE A3: CIS Survey Questions and Response Options (Continued)

Question in Spanish Question in English Waves Response Options Coding
(Original) (Translation) (MM/YY) (New = Old)
;Cual es su sexo? What is your sex? All (06/18 - 1: Man 2=
05/21) 2: Woman 1=
;Y cémo evoluciond su And how did your illness 05/20 - 05/21  1: I had mild symptoms and spent 1 =
enfermedad? evolve? (for those who it at home 2=
responded that they had tested 2:  had important symptoms, but 3 =

positive for COVID-19)

I spent it at home
3: I was admitted in hospital
9: No response

Suponiendo que maiiana se Supposing that tomorrow All (06/18 - All parties that have parliamentary  Party-specific
celebrasen nuevamente general elections were held 05/21) representation variable:
elecciones generales, es decir, al — again, that is, for the Spanish 0 = would
Parlamento espaﬁol, Ja qué Parliament, which party would not vote for
partido votaria Ud.? you vote for? party p
1 = would
vote for party
p
¢Y podria decirme a qué And could you tell me which All (06/18 - All parties that run in the election  Party-specific
partido o coalicién votd en las  party or coalition you voted for 05/21) variable:
itltimas elecciones generales? in the last general elections? 0 = would
not vote for
party p
1 = would

vote for party
p
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C.2 Summary Statistics

TABLE A4. Summary Statistics for CIS Survey Dataset

N Mean Std. Dev. Min. 25% 50% 75% Max.

COVID Anxiety 46,523 4.42 0.78 1 4 5 5 5
Health-Weighted Anxiety 11,021  0.59 0.42 0 0 050 1 1
COVID-19 Symptoms 1,577 1.43 0.70 1 1 1 2 3
Age Group 154,290 4.01 1.59 1 3 4 6 6
Gender: Female 154,288 0.52 0.50 0 0 1 1 1
Social Class 88,467 3.36 0.96 1 3 4 4 5
Job Type 153,792 4.91 2.18 1 2 6 7 7
Labor Situation 154,085 1.91 1.16 1 1 2 2 6
Level of Studies 153,640 3.05 0.78 1 3 3 4 4
Log COVID CPC 154,290 0.41 0.74 0 0 0 046 256
Previous Vote: Vox 141,386 0.036 0.19 0 0 0 0 1
Previous Vote: PP 141,386 0.16 0.37 0 0 0 0 1
Previous Vote: Ciudadanos 141,386 0.089  0.28 0 0 0 0 1
Previous Vote: PSOE 141,386 0.27 0.45 0 0 0 1 1
Previous Vote: Podemos 141,386 0.12 0.33 0 0 0 0 1

Notes: This table presents summary statistics for our CIS survey dataset. The dataset pools 13
monthly survey waves conducted between April 2020 and July 2021. All waves are available at:
https://www.cis.es/cis/opencm/ES/11_barometros/index. jsp.
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C.3 Full Regression Results

TABLE AS5. Full Results: Relationship between Overall COVID-19 Anxiety and Voting Intentions

Outcome = Intention to Vote for:  Podemos PSOE  Ciud. PP Vox  Pro-Lock. Anti-Lock. Podemos PSOE  Ciud. PP Vox  Pro-Lock. Anti-Lock.

) ¢ &) “) () () ) (®) © (@) @1 (12 (13) (14)
COVID Anxiety 0.997 0.975  1.123***1,048*  0.904*** 1.011 1.047* 0.993 0.973  1.129%**1.050** 0.898*** 1.011 1.045*
(0.0327)  (0.0230) (0.0397) (0.0256) (0.0336) (0.0191) (0.0251) (0.0330)  (0.0233) (0.0411) (0.0263) (0.0338) (0.0193) (0.0251)
CAge: 2534 0716 0762 0.925  1.024 0934 0738  1284** | 0706  0.761"** 0.924 1.011 0953 0738 1281
(0.100)  (0.0648) (0.121) (0.127) (0.139) (0.0525) (0.136) (0.101)  (0.0649) (0.123) (0.128) (0.145) (0.0526) (0.138)
Age: 35-44 0.683***  0.664*** 1.022  1.007  0.802  0.674***  1.479%** 0.667***  0.663*** 1.019  0.999  0.816 0.675***  1.476%**
(0.0979)  (0.0589) (0.136) (0.126) (0.126) (0.0460) (0.161) (0.0974)  (0.0590) (0.138) (0.129) (0.130) (0.0463) (0.164)
Age: 45-54 0.646***  0.728*** 0.954  1.005 0.758* 0.670***  1.684*** 0.632***  0.726*** 0.952  0.986  0.773  0.670***  1.678***
(0.0963)  (0.0661) (0.126) (0.128) (0.119) (0.0437) (0.180) (0.0963)  (0.0665) (0.128) (0.129) (0.123) (0.0439) (0.183)
Age: 55-64 0.634***  0.790** 0.754** 0.980  0.633***0.685***  1.593*** 0.611***  0.790** 0.752** 0.970  0.632***0.684***  1.586***
(0.0880)  (0.0788) (0.104) (0.122) (0.105) (0.0473) (0.174) (0.0861)  (0.0793) (0.106) (0.124) (0.107) (0.0473) (0.177)
Age: 65+ 0.589***  0.768** 0.697** 1.200 0.625** 0.634***  2.296*** 0.577***  0.764** 0.687*** 1.183  0.632** 0.634***  2.298***
(0.0912)  (0.0844) (0.0983) (0.169) (0.126) (0.0504) (0.300) (0.0904)  (0.0847) (0.0988) (0.170) (0.129) (0.0505) (0.303)
Gender: Female 0.910* 1.081** 0.785*** 1.005  0.646*** 0.962 0.882%** 0.903* 1.081%* 0.788*** 1.007  0.639*** 0.960 0.881%**
(0.0504)  (0.0372) (0.0345) (0.0449) (0.0365) (0.0294) (0.0283) (0.0506)  (0.0374) (0.0347) (0.0462) (0.0376) (0.0291) (0.0285)
Class: Lower Middle 1111 0929 0.861 1.020 0.572* 1.012 0.965 1.116 0926  0.833  1.063 0.564* 1.009 0.977
(0.253) (0.123) (0.187) (0.179) (0.173) (0.103) (0.161) (0.261) (0.124) (0.183) (0.190) (0.175) (0.103) (0.166)
Class: Middle 0.794 0939 1.082 1.283 0.583* 0912 1.130 0.797 0.940 1.058 1.341* 0.575* 0.907 1.143
(0.172) (0.122) (0.234) (0.212) (0.167) (0.0971) (0.183) (0.176) (0.123) (0.231) (0.226) (0.169) (0.0975) (0.189)
Class: Upper Middle 0.594** 0990  1.289  1.562*** 0.683  0.895 1.579%** 0.592**  0.989 1253  1.637*** 0.675  0.892 1.607***
(0.133)  (0.129) (0.274) (0.249) (0.198) (0.0931) (0.255) (0.136)  (0.130) (0.269) (0.265) (0.200) (0.0937) (0.264)
Class: Upper 0.628* 0.924  1.402  2.494*** 0.865  0.867 1.624%** 0.636* 0922  1.372  2.622*** 0.856  0.865 1.642%**
(0.154) (0.135) (0.317) (0.446) (0.264) (0.106) (0.277) (0.158) (0.138) (0.313) (0.476) (0.267) (0.107) (0.283)
Education: Primary 1.077 0.815* 1.167 1.236* 1.576* 0.832* 1.049 1.077 0.805** 1.180 1.271* 1.687* 0.826* 1.016
(0.262)  (0.0881) (0.265) (0.148) (0.415) (0.0860) (0.129) (0.269)  (0.0879) (0.266) (0.156) (0.466) (0.0863) (0.125)
Education: 1.202 0.709*** 1.073  1.138  1.509  0.740***  1.060 1.212 0.691*** 1.084  1.160  1.578* 0.732***  1.037
Secondary (0.245) (0.0745) (0.257) (0.135) (0.387) (0.0660) (0.119) (0.253) (0.0730) (0.259) (0.141) (0.423) (0.0660) (0.116)
Education: Higher 1.507* 0.621*** 1.106  1.120  1.226  0.729***  1.019 1.527* 0.609*** 1.125 1138 1.264  0.724***  0.993
(0.332) (0.0650) (0.262) (0.142) (0.314) (0.0656) (0.125) (0.346) (0.0638) (0.267) (0.149) (0.337) (0.0658) (0.122)
Labor: Retired 0.960 1.452%** 0.783  1.429** 0.750  1.255** 0.816 0.982 1.444%** 0.800  1.401** 0.756  1.259** 0.814
(0.206)  (0.189) (0.163) (0.239) (0.163) (0.131) (0.126) (0.218)  (0.186) (0.171) (0.238) (0.166) (0.132) (0.128)
Labor: Unemployed 0.990 1.270* 0.827 1.265 0.841  1.150 0.811 1.034 1.283** 0.827 1.226 0.854 1.161 0.805
(0.202) (0.161) (0.151) (0.207) (0.162) (0.113) (0.108) (0.221) (0.162) (0.156) (0.205) (0.169) (0.115) (0.110)
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Labor: Student 1.331 1.489%* 0.901  1.747***0.511** 1.495***  0.637** 1.374 1.489** 0.914  1.672** 0.515** 1.513***  0.626**
(0.334) (0.246) (0.200) (0.361) (0.134) (0.171) (0.119) (0.353) (0.244) (0.212) (0.355) (0.139) (0.174) (0.120)
Job: Scientist/ 1.735%%%  1.268** 1.020  0.733***0.533*** 1.369***  (.728*** 1.706%%%  1.301%%*% 1.021  0.733**0.522%** 1.381**  (.728***
Intellectual (0.229)  (0.121) (0.117) (0.0687) (0.0672) (0.0891) (0.0759) (0.233)  (0.125) (0.120) (0.0695) (0.0673) (0.0909) (0.0762)
Job: Mid-Level 1.452%%%  1.323***(.835%  0.736™** 0.629*** 1.256***  0.656*** LA74%% 1.369*** 0.846  0.738***0.619%** 1.272***  (.654***
Professional (0.175) (0.117)  (0.0868) (0.0746) (0.0897) (0.0874) (0.0595) (0.181) (0.123)  (0.0898) (0.0763) (0.0898) (0.0893) (0.0603)
Job: Administrator 1.607***  1.226** 0.837 0.841 0.764* 1.178** 0.722%** 1.583***  1.260** 0.845 0.836  0.752* 1.188** 0.720%**
(0.252)  (0.120) (0.113) (0.103) (0.123) (0.0901) (0.0883) (0.257)  (0.126) (0.116) (0.105) (0.123) (0.0920) (0.0895)
Job: Service Worker 1.339%%  1.237** 0.873  0.829* 0.707** 1.154** 0.800** 1.298* 1.273** 0.878  0.834  0.698** 1.167** 0.796**
(0.192) (0.119) (0.104) (0.0931) (0.121) (0.0831) (0.0884) (0.194) (0.123)  (0.108) (0.0950) (0.120) (0.0850) (0.0892)
Job: Agricultural 0.856 1.125  0.898 0960 0.676  1.016 1.008 0.825 1.187 0917 0947 0.648* 1.033 1.029
Worker (0.253) (0.198) (0.191) (0.175) (0.169) (0.128) (0.164) (0.258) (0.212) (0.202) (0.175) (0.163) (0.132) (0.170)
Job: Office Worker 1.304 1.184  0.821  0.665*** 0.768  1.133 0.792** 1.301 1216 0.841  0.666*** 0.754  1.146* 0.795*
(0.224)  (0.143) (0.127) (0.103) (0.142) (0.0929) (0.0924) (0.230)  (0.149) (0.131) (0.105) (0.140) (0.0940) (0.0933)
Job: Machine 1.311 1131 0.621%* 0.715  0.929  1.021 0.481%** 1.291 1.148  0.606** 0.703  0.887  1.029 0.481%**
Operator (0.249) (0.174) (0.145) (0.168) (0.233) (0.116) (0.105) (0.253) (0.181) (0.145) (0.168) (0.228) (0.119) (0.106)
Job: Elementary 0.795 1.291* 0933 0.742* 1.038 1.073 0.595%** 0.739 1.352** 0.930 0.746* 1.011 1.084 0.592%**
Worker (0.146)  (0.171) (0.157) (0.124) (0.197) (0.108) (0.0786) (0.139)  (0.182) (0.160) (0.126) (0.194) (0.110) (0.0793)
Job: Security 0.801 0.597* 1.142  1.028  0.905  0.782 1.765%** 0.839 0.599* 1.144 1.021 0.878 0.771 1.790%**
Worker (0.290) (0.175) (0.231) (0.277) (0.244) (0.129) (0.380) (0.318) (0.174) (0.233) (0.279) (0.246) (0.128) (0.387)
Log COVID CPC 0.923 1.141  0.870  0.838 0.586** 1.066 1.383%* 0.893 0.656* 1.235 0.604 1.436 0.755 0.885
(0.195) (0.137) (0.185) (0.108) (0.130) (0.112) (0.188) (0.361) (0.160) (0.637) (0.195) (0.765) (0.190) (0.249)
Previous Vote 89.53%**  31.20%%%23.90%%* 36,05 88,12 * 17.62***  44.49%** 97.38***  32.36*** 24.88%** 37.90%** 904.72%** 7.95%**  46.61***
(6.150)  (1.053) (1.560) (1.843) (6.555) (0.500) (2.055) (7.316)  (1.108) (1.670) (1.981) (7.435) (0.521) (2.196)
N 38,570 38,570 38,570 38,570 38,570 42,888 42,888 38,570 38,570 38,284 38,557 37,792 42,888 42,708
NUTS-3 FEs v v v/ v/ v v v/ v v/ v/ v v v/ v
Wave FEs v v v v v v v v v v v v v v
NUTS-2 x Wave FEs X X X X X X X v v v v v v v

Notes: Full odds ratios from the first variant of Equation 7, which provide the basis for the top row of Figure 2. Standard errors, clustered by NUTS-3

region, in parentheses. o<1 % p < .05; FFFp < .01
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TABLE A6. Full Results: Relationship between Health-Weighted COVID-19 Anxiety and Voting Intentions

Outcome = Intention to Vote for:  Podemos PSOE  Ciud. PP Vox  Pro-Lock. Anti-Lock. Podemos PSOE Ciud. PP Vox  Pro-Lock. Anti-Lock.

(1) &) ) “) ) (©) () (®) © (o @1y (12 (13) (14)
Health-Weighted 1.522%%% 15434 0.815%  0.567*** 0.656™** 1.497***  0.699*** 1.542%**  1.549%**(.804** 0.558*** 0.661*** 1.503***  0.698***
Anxiety (0.215)  (0.109) (0.0876) (0.0677) (0.0938) (0.0927) (0.0649) (0.221)  (0.111) (0.0882) (0.0663) (0.0944) (0.0923) (0.0646)
CAge:25-34 0.895 0839 1.095 1321* 0719 0863 1180 | 0.878  0.841 1.073 1.324* 0737 0868 1135
(0.259)  (0.124) (0.218) (0.223) (0.232) (0.102) (0.198) (0.259)  (0.123) (0.213) (0.225) (0.241) (0.103) (0.189)
Age: 35-44 0.699 0.615%** 1.243 1412 0.639  0.689** 1.412%* 0.692 0.616*** 1.239  1.418  0.651  0.693** 1.353*
(0.213) (0.0913) (0.279) (0.332) (0.245) (0.104) (0.240) (0.213) (0.0909) (0.283) (0.338) (0.251) (0.105) (0.233)
Age: 45-54 0.676 0.714** 1265 1263 0.486** 0.734** 1.562%* 0.664 0.722** 1.264 1251  0.483** 0.736** 1.529%*
(0.189) (0.102) (0.299) (0.280) (0.163) (0.0906) (0.281) (0.187) (0.103) (0.300) (0.281) (0.162) (0.0909) (0.276)
Age: 55-64 0.781 0.699** 0.724  1.535* 0.492* 0.648***  1.189 0.754 0.705** 0.711  1.534* 0.490* 0.649***  1.165
(0.197)  (0.113) (0.182) (0.360) (0.181) (0.0843) (0.217) (0.191)  (0.113) (0.182) (0.365) (0.181) (0.0844) (0.210)
Age: 65+ 0.726 0.662*** 0.627  2.006** 0.741  0.582***  1.825** 0.722 0.656***0.603* 1.983* 0.735  0.579***  1.798**
(0.217) (0.104) (0.183) (0.696) (0.349) (0.0765) (0.446) (0.217) (0.104) (0.179) (0.697) (0.354) (0.0768) (0.440)
Gender: Female 0.818**  1.122  0.869 0.926  0.602*** 0.980 0.980 0.817**  1.127  0.872  0.934  0.603*** 0.980 0.980
(0.0784)  (0.0839) (0.0825) (0.0768) (0.103) (0.0652) (0.0750) (0.0757)  (0.0845) (0.0834) (0.0766) (0.105) (0.0651) (0.0759)
Class: Lower Middle 1.447 0.659  0.999  0.802 0.310* 0.882 1.475 1.394 0.657 0.963  0.843  0.300* 0.869 1.536
(0.866) (0.194) (0.555) (0.222) (0.191) (0.233) (0.520) (0.825) (0.194) (0.539) (0.240) (0.191) (0.228) (0.537)
Class: Middle 1.141 0.757 1.268  1.119  0.253** 0.879 1.533 1.080 0.754 1266 1.161 0.252** 0.863 1.599
(0.642) (0.237) (0.681) (0.341) (0.155) (0.255) (0.565) (0.595) (0.237) (0.685) (0.360) (0.160) (0.249) (0.584)
Class: Upper Middle 0.984 0.673 1545 1273 0.291** 0.821 2.369%** 0.950 0.671  1.527  1.314  0.282** 0.809 2.481%**
(0.551)  (0.192) (0.851) (0.320) (0.173) (0.219) (0.745) (0.524)  (0.192) (0.846) (0.338) (0.173) (0.214) (0.769)
Class: Upper 0.976 0.716  1.551  1.919** 0.263** 0.844 2.507*** 0.943 0.720  1.498  1.971** 0.248** 0.833 2.583%**
(0.602) (0.207) (0.990) (0.573) (0.167) (0.263) (0.865) (0.575) (0.210) (0.961) (0.599) (0.163) (0.259) (0.875)
Education: Primary 3.557 0.661*  0.771  1.941*** 0.789  0.737 1.055 3.630 0.662* 0.772  1.950*** 0.861  0.731 1.046
(3.514)  (0.140) (0.246) (0.456) (0.599) (0.168) (0.266) (3.676)  (0.141) (0.249) (0.462) (0.677) (0.167) (0.271)
Education: 3.465 0.521%**0.536*  1.785*** 1.422  0.547***  0.935 3.621 0.518***0.534*  1.808*** 1.503  0.541***  0.947
Secondary (2.878) (0.130) (0.178) (0.385) (1.023) (0.121) (0.232) (3.097) (0.130) (0.179) (0.391) (1.117) (0.121) (0.243)
Education: Higher 4.676* 0.447**%0.558* 1.649* 1.136  0.536***  0.929 4.866* 0.445%*%0.559*  1.661* 1.177  0.530***  0.943
(3.994) (0.106) (0.170) (0.436) (0.793) (0.108) (0.243) (4.277) (0.106) (0.172) (0.440) (0.850) (0.107) (0.255)
Labor: Retired 4377 2.678%%0.420%% 2.448** 1.749  1.737** 0.631 4620 2.810%**0.387** 2.438** 1.934  1.794** 0.641
(1.898) (1.017) (0.176) (1.052) (1.083) (0.461) (0.232) (1.993) (1.063) (0.167) (1.068) (1.229) (0.479) (0.242)
Labor: Unemployed 5.999%*%*  2.486** 0.465** 1.802 3.234* 1.813** 0.591 6.265%**  2.622** 0.410** 1.742  3.747** 1.869** 0.592
(2.535) (0.962) (0.173) (0.951) (2.113) (0.462) (0.193) (2.646) (1.003) (0.156) (0.934) (2.506) (0.479) (0.194)
Labor: Student 7.875%FF  2.564%* 0.461 2393 1.556  2.244%**  (.541 8.551%**  2.674** 0.425% 2339 1776  2.327***  0.542
(3.689)  (1.125) (0.218) (1.369) (1.373) (0.597) (0.211) (3.957)  (1.161) (0.200) (1.362) (1.587) (0.618) (0.214)
Job: Scientist/ 4.041%** 1268  1.098  0.831 0.705 1.680***  0.499*** 3.968***  1.282  1.103 0.821 0.670 1.700***  0.508**

Intellectual


https://doi.org/10.33774/apsa-2023-2j14r
https://orcid.org/0000-0003-1455-3506
https://creativecommons.org/licenses/by/4.0/

01

(1.507) (0.279) (0.334) (0.203) (0.229) (0.284) (0.134) (1.489) (0.285) (0.333) (0.204) (0.217) (0.290) (0.139)
Job: Mid-Level 2.872%*  1.281 1.045 0.799  0.825 1.556** 0.621** 2.801**  1.308 1.047 0.782 0.818  1.582** 0.635**
Professional (1.184) (0.286) (0.342) (0.196) (0.284) (0.280) (0.125) (1.146) (0.295) (0.348) (0.194) (0.281) (0.285) (0.131)
Job: Administrator 3.010%*  1.382 0.985 0.754 1.297 1.512** 0.597** 2.915** 1411 0978 0735 1.248  1.536** 0.610*
(1.312) (0.294) (0.325) (0.222) (0.507) (0.267) (0.155) (1.278) (0.300) (0.323) (0.216) (0.499) (0.273) (0.163)
Job: Service Worker 2.722%*  1.311  0.965 0.884 0.873 1.374* 0.721 2.674**  1.328  0.969 0.877 0.850 1.390* 0.743
(1.107) (0.332) (0.289) (0.226) (0.345) (0.242) (0.166) (1.092) (0.338) (0.293) (0.225) (0.338) (0.246) (0.177)
Job: Agricultural 1.782 1.219  0.895 0.897 0.520 1.143 1.290 1.704 1.236  0.854 0.860 0.473  1.168 1.372
Worker (1.070) (0.449) (0.415) (0.367) (0.302) (0.296) (0.439) (1.046) (0.461) (0.415) (0.348) (0.283) (0.308) (0.472)
Job: Office Worker 2.744* 1.581 0.824 0.660 1.131  1.528** 0.664 2.790* 1.605  0.828  0.654 1.051 1.558** 0.702
(1.442) (0.474) (0.284) (0.226) (0.472) (0.281) (0.187) (1.496) (0.484) (0.287) (0.226) (0.448) (0.286) (0.197)
Job: Machine 1.953 1.248  0.540 0936 0954 1.108 0.399** 1.928 1.259 0523  0.891 0.871  1.121 0.417**
Operator (0.881) (0.428) (0.252) (0.363) (0.488) (0.260) (0.174) (0.869) (0.437) (0.247) (0.356) (0.467) (0.265) (0.182)
Job: Elementary 2.053* 1.716* 1.156  0.604  1.989  1.672***  0.600 2.003* 1.751%  1.132  0.582 1930  1.693***  0.624
Worker (0.756) (0.531) (0.417) (0.225) (0.927) (0.334) (0.187) (0.761) (0.547) (0.417) (0.218) (0.910) (0.338) (0.197)
Job: Security 1.639 0.812  0.867 1.074 0.737  0.842 3.044%* 1.708 0.796 0818 1.047 0.737  0.841 3.165%*
Worker (1.362) (0.658) (0.423) (0.796) (0.450) (0.318) (1.375) (1.488) (0.650) (0.391) (0.777) (0.487) (0.314) (1.437)
Log COVID CPC 0.727 0.821  0.754  0.133***25.72%** (.742 2.424 3.347 0.690  10.55% 0.148** 184.9* 0.607 1.194
(0.736) (0.441) (0.547) (0.0955) (27.15) (0.264) (1.602) (3.664) (0.674) (13.63) (0.143) (570.7) (0.265) (1.204)
Previous Vote 98.19%**  30.53***25.64%** 43.74*** 100.1*** 16.78***  51.13*** 103.6%**  31.06%** 26.28*** 44.64*** 109.60**17.02***  52.70***
(15.65) (1.870) (2.460) (4.924) (16.79) (0.741) (4.814) (17.54) (1.960) (2.578) (5.167) (18.57) (0.767) (5.159)
N 9,374 9374 9342 9374 9201 102,89 10,289 9,374 9374 9308 9374 9,046 10,289 10,194
NUTS-3 FEs v/ v v v/ v/ v v v v v/ v/ v v v/
Wave FEs v v v v v v v v v v v v v v
NUTS-2 x Wave FEs X X X X X X X v v v v v v v/
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Notes: Full odds ratios estimates from the second variant of Equation 7, which provide the basis for the bottom row of Figure 2. Standard errors,
clustered by NUTS-3 region, in parentheses. *p < .1; **p < .05; ***p < .01.
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TABLE A7. Robustness Checks: Relationship between Overall COVID-19 Anxiety and Voting Intentions

Outcome = Intention to Vote for: Pro-Lockdown Party Anti-Lockdown Party
(1) @) ©) ) () (©) () (8) ©) (10) (11) (12)
COVID Anxiety 1.014 1.013 1.016 1.013 1.009 1.009 1.046 1.044 1.049%*  1.044* 1.053* 1.053**
(0.0153)  (0.0148)  (0.0194)  (0.0193)  (0.0164)  (0.0183) | (0.0293)  (0.0299)  (0.0246)  (0.0250)  (0.0295)  (0.0272)
CAge2534 0.735%%*  0735%%%  0.7347  0735°%% 0733 0733 1287 1285  1.284*%  1285°F 1228  1228%
(0.0413)  (0.0404)  (0.0521)  (0.0526)  (0.0494)  (0.0557) | (0.187) (0.196) (0.136) (0.139) (0.122) (0.135)
Age: 35-44 0.671%%  0.673***  0.672°**  0.673***  0.668***  0.668™**| 1.477°%  1.475%*  1.469*** 1475  1.422%%*  1.422%**
(0.0352)  (0.0346)  (0.0461)  (0.0466)  (0.0470)  (0.0490) | (0.250) (0.255) (0.161) (0.164) (0.167) (0.159)
Age: 45-54 0.669%**  0.668***  0.669***  0.668***  0.665***  0.665***| 1.684***  1.677***  1.676***  1.677***  1.623***  1.623***
(0.0302)  (0.0293)  (0.0438)  (0.0442)  (0.0435)  (0.0460) | (0.282) (0.201) (0.179) (0.182) (0.180) (0.178)
Age: 55-64 0.681%**  0.680™**  0.681***  0.680**  0.684***  0.684***| 1.596***  1.500%**  1.587***  1.500%**  1.520%**  1529%**
(0.0388)  (0.0381)  (0.0471)  (0.0473)  (0.0569)  (0.0514) | (0.239) (0.246) (0.173) (0.177) (0.175) (0.171)
Age: 65+ 0.632%**  0.631%**  0.633***  0.631°**  0.639%**  0.639%**| 2.207***  2200%** = 2280***  2209%**  pD37FEx D 237X
(0.0457)  (0.0453)  (0.0503)  (0.0504)  (0.0524)  (0.0542) | (0.347) (0.357) (0.299) (0.304) (0.275) (0.306)
Gender: Female 0.962 0.960 0.961 0.960 0.964 0.964 0.880***  0.880***  0.880***  0.880***  (0.879***  0.879***
(0.0200)  (0.0284)  (0.0242)  (0.0242)  (0.0303)  (0.0260) | (0.0373)  (0.0382)  (0.0326)  (0.0329)  (0.0277)  (0.0312)
Class: Lower 1.017 1.013 1.010 1.013 0.984 0.984 0.967 0.980 0.963 0.980 0.970 0.970
Middle (0.0710)  (0.0726)  (0.103) (0.104) (0.0762)  (0.0967) | (0.120) (0.125) (0.158) (0.164) (0.142) (0.154)
Class: Middle 0916 0.910 0.910 0.910 0.889 0.889 1.132 1.145 1.127 1.145 1.140 1.140
(0.0645)  (0.0671)  (0.0971)  (0.0984)  (0.0642)  (0.0875) | (0.109) (0.117) (0.180) (0.186) (0.139) (0.176)
Class: Upper 0.898* 0.895* 0.893 0.895 0.872* 0.872 1.579%%%  1.608***  1.571%**  1.608***  1.500***  1.590***
Middle (0.0504)  (0.0523)  (0.0932)  (0.0946)  (0.0635)  (0.0867) | (0.174) (0.183) (0.249) (0.260) (0.199) (0.244)
Class: Upper 0.871**  0.868**  0.866 0.868 0.843**  0.843 1.622%%*F  1.642%%*  1.612%**  1.642%**  1.610***  1.610***
(0.0595)  (0.0616)  (0.106) (0.108) (0.0676)  (0.0949) | (0.217) (0.226) (0.271) (0.280) (0.249) (0.270)
Education: Primary 0.830**  0.824**  0.830* 0.824* 0.822**  0.822** | 1.036 1.005 1.039 1.005 0.994 0.994
(0.0653)  (0.0649)  (0.0857)  (0.0850)  (0.0639)  (0.0810) | (0.142) (0.140) (0.126) (0.122) (0.166) (0.140)
Education: 0.738%**  0.731%**  0.739***  0.731***  0.730***  0.730***| 1.053 1.031 1.058 1.031 1.029 1.029
Secondary (0.0662)  (0.0649)  (0.0658)  (0.0652)  (0.0519)  (0.0644) | (0.101) (0.0963)  (0.117) (0.113) (0.124) (0.131)
Education: Higher 0.727°%%  0.723%**  0.728***  0.723***  0.724***  0.724***|  1.011 0.986 1.020 0.986 0.980 0.980
(0.0575)  (0.0572)  (0.0649)  (0.0649)  (0.0542)  (0.0652) | (0.137) (0.133) (0.123) (0.119) (0.139) (0.132)
Labor: Retired 1.253%**  1.257*%*  1.256**  1.257**  1.254**  1.254** | (.812 0.810 0.816 0.810 0.793 0.793
(0.102) (0.102) (0.130) (0.132) (0.111) (0.141) (0.148) (0.152) (0.124) (0.127) (0.136) (0.126)
Labor: Unemployed 1.148* 1.158* 1.155 1.158 1.175* 1.175 0.811 0.803 0.814 0.803 0.788* 0.788*
(0.0950)  (0.0958)  (0.112) (0.114) (0.104) (0.134) (0.117) (0.122) (0.107) (0.109) (0.113) (0.111)
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Labor: Student LA81***  1.498*%*  1.485%**  1.498***  1.530***  1.530"**| 0.633**  0.623**  0.633**  0.623**  0.588**  0.588***
(0.143) (0.146) (0.168) (0.172) (0.178) (0.205) (0.143) (0.149) (0.117) (0.118) (0.130) (0.111)
Job: Scientist/ 1.372%%%  1.384%*%%  1.373%%*  1.384%%%  1.368***  1.368***| 0.722***  0.722%**  0.720***  0.722***  0.713***  0.713***
Intellectual (0.0674)  (0.0676)  (0.0896)  (0.0908)  (0.0760)  (0.0887) | (0.0710)  (0.0731)  (0.0752)  (0.0764)  (0.0744)  (0.0724)
Job: Mid-Level 1.259%**  1.276*%*  1.265%**  1.276***  1.267***  1.267***| 0.654***  0.652***  0.656***  0.652***  0.644***  0.644***
Profesional (0.0725)  (0.0699)  (0.0882)  (0.0897)  (0.0728)  (0.0906) | (0.0739)  (0.0748)  (0.0597)  (0.0605)  (0.0751)  (0.0586)
Job:Administrator LA76%*%  1.187*%*  1.180**  1.187**  1.183***  1.183** | 0.723**  0.721°*  0.721%**  0.721%%%  0.692%**  0.692***
(0.0532)  (0.0540)  (0.0901)  (0.0913)  (0.0603)  (0.0876) | (0.108) (0.110) (0.0880)  (0.0898)  (0.0843)  (0.0819)
Job: Service Worker 1.153* 1.167**  1.A57**  1.167**  1.159**  1.159%* | 0.797**  0.794**  0.799**  0.794**  0.787***  (0.787**
(0.0908)  (0.0890)  (0.0838)  (0.0846)  (0.0841)  (0.0801) | (0.0782)  (0.0782)  (0.0880)  (0.0886)  (0.0697)  (0.0818)
Job: Agricultural 1.000 1.020 1.004 1.020 1.054 1.054 1.011 1.037 1.011 1.037 1.039 1.039
Worker (0.137) (0.138) (0.127) (0.130) (0.152) (0.133) (0.178) (0.190) (0.166) (0.172) (0.214) (0.177)
Job: Office Workers 1.134 1.149 1.138 1.149* 1.149%*  1.149* 0.788**  0.791* 0.789**  0.791**  0.789* 0.789*
(0.102) (0.0982)  (0.0930)  (0.0935)  (0.0738)  (0.0948) | (0.0953)  (0.0969)  (0.0920)  (0.0927)  (0.0961)  (0.0985)
Job: Machine 1.030 1.038 1.030 1.038 1.023 1.023 0.483%%*  0.484%F  0.484™%%  0.484%%F  0.452%**  (.452%**
Operator (0.113) (0.118) (0.118) (0.120) (0.125) (0.128) (0.113) (0.112) (0.106) (0.106) (0.104) (0.0962)
Job: Elementary 1.072 1.083 1.076 1.083 1.075 1.075 0.593**  0.590**  0.593***  0.590***  0.577*** = 0.577***
Worker (0.105) (0.107) (0.109) (0.110) (0.108) (0.108) (0.123) (0.125) (0.0788)  (0.0792)  (0.103) (0.0800)
Job: Security 0.781* 0.769**  0.782 0.769 0.767 0.767 L740%*F  1.766***  1.750%**  1.766***  1.785***  1.785**
Worker (0.105) (0.102) (0.129) (0.128) (0.124) (0.137) (0.343) (0.356) (0.377) (0.382) (0.390) (0.421)
Log COVID CPC 1.037 0.866 1.029 0.866 1.235* 0.861 1.286**  0.861
(0.122) (0.155) (0.0724)  (0.140) (0.134) (0.128) (0.127) (0.201)
Previous Vote 17.61%%*%  17.94%%%  17.60%**  17.94**%  18.53%**  18.53%*%| 44.20%*%  46.46***  43.95%**  46.46***  50.42%**  50.42***
(0.640) (0.661) (0.498) (0.517) (0.613) (0.517) (4.206) (4.491) (2.002) (2.177) (4.052) (2.284)
N 42,888 42,888 42,888 42,888 42,884 42,884 42,888 42,708 42,888 42,708 42,224 42,224
Fixed Effects N-2 + N-2 N-2 + N-2 N-3 N-3 N-2 + N-2 N-2 + N-2 N-3 N-3
Wave X Wave ‘Wave X Wave X Wave X Wave ‘Wave X Wave ‘Wave X Wave X Wave X Wave
SE Cluster N-2 N-2 N-2 N-2 N-3 N-3 N-2 N-2 N-2 N-2 N-3 N-3
X Wave X Wave X Wave X Wave X Wave X Wave

Notes: This table shows that the results of the first variant of Equation 7 (reported in Table A5) are robust to several alternative configurations of
fixed effects and standard error clusters. In the bottom panel, N-2 = NUTS-2, N-3 = NUTS-3. *p < .1; **p < .05; ***p < .01.
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TABLE A8. Robustness Checks: Relationship between Health-Weighted COVID-19 Anxiety and Voting Intentions

Outcome = Intention to Vote for:

Pro-Lockdown Party

Anti-Lockdown Party

(1) (2) () () () (©) (7) (8) ©) (10) (11) (12)
Health-Weighted 1.497***  1.505%**  1.506***  1.505***  1.505***  1.505***| 0.706*** 0.704***  0.716***  0.704***  0.698***  0.698***
Anxiety (0.118) (0.116) (0.0932)  (0.0926)  (0.0913)  (0.0875) | (0.0630)  (0.0628)  (0.0672)  (0.0664)  (0.0608)  (0.0639)
Age2s34 0866 0871 0865 0871 0871 0871 | 1180 1134 1178 1134 1.068 1068
(0.0954)  (0.0956)  (0.103) (0.104) (0.108) (0.115) (0.161) (0.157) (0.198) (0.188) (0.192) (0.198)
Age: 35-44 0.698***  0.701***  0.697**  0.701**  0.681*** 0.681** | 1.390**  1.328* 1.384* 1.328* 1.254 1.254
(0.0843)  (0.0848)  (0.106) (0.107) (0.0907)  (0.108) (0.225) (0.226) (0.230) (0.222) (0.252) (0.254)
Age: 45-54 0.739%**  Q.741%%%  0.738**  0.741%*  0.731***  0.731** | 1.520%%%  1.404%**  1525%%  1.494%*  1435%*  1.435*
(0.0832)  (0.0837)  (0.0910)  (0.0914)  (0.0870)  (0.100) (0.226) (0.226) (0.269) (0.264) (0.262) (0.290)
Age: 55-64 0.644%*% 0,645 0.643%**  0.645%**  0.647***  0.647"**|  1.190 1.163 1.189 1.163 1.083 1.083
(0.0673)  (0.0672)  (0.0839)  (0.0842)  (0.0890)  (0.0953) | (0.173) (0.167) (0.218) (0.210) (0.182) (0.202)
Age: 65+ 0.584***  0.581***  0.585***  0.581F**  (0.573***  0.573***| 1.797***  1.770***  1.796**  1.770**  1.625**  1.625*
(0.0558)  (0.0554)  (0.0776)  (0.0776)  (0.0761)  (0.0825) | (0.293) (0.276) (0.439) (0.432) (0.353) (0.417)
Gender: Female 0.979 0.979 0.980 0.979 0.980 0.980 0.980 0.981 0.981 0.981 0.980 0.980
(0.0689)  (0.0688)  (0.0609)  (0.0611)  (0.0666)  (0.0624) | (0.0865)  (0.0865)  (0.0846)  (0.0848)  (0.0741)  (0.0805)
) 0.892 0.880 0.889 0.880 0.853 0.853 1.402 1.456* 1.389 1.456 1.585 1.585
Class: Lower Middle
(0.332) (0.323) (0.243) (0.239) (0.231) (0.200) (0.327) (0.310) (0.456) (0.476) (0.460) (0.454)
Class: Middle 0.887 0.872 0.884 0.872 0.856 0.856 1.460* 1.520%*  1.441 1.520 1.700%*  1.700*
(0.335) (0.325) (0.264) (0.259) (0.235) (0.206) (0.327) (0.314) (0.496) (0.520) (0.387) (0.469)
) 0.828 0.817 0.823 0.817 0.795 0.795 2.253%F% D 35RRE D DIGEKK D BFREEE D 57QREE ) 57QEE
Class: Upper Middle
(0.309) (0.302) (0.227) (0.223) (0.216) (0.187) (0.502) (0.491) (0.642) (0.673) (0.587) (0.633)
Class: Upper 0.851 0.841 0.850 0.841 0.811 0.811 2.351%%%  2.419%FF  2320%%% D A1QFFE 2709%**  2.709%**
(0.359) (0.351) (0.274) (0.271) (0.237) (0.209) (0.609) (0.585) (0.739) (0.758) (0.700) (0.757)
Education: Primary 0.728 0.721 0.733 0.721 0.725* 0.725* 1.039 1.032 1.054 1.032 1.034 1.034
(0.166) (0.163) (0.167) (0.164) (0.122) (0.138) (0.212) (0.219) (0.249) (0.252) (0.255) (0.297)
Education: 0.548%**  0.543***  (0.553***  0.543***  (.538***  0.538***| 0.917 0.928 0.932 0.928 0.944 0.944
Secondary (0.128) (0.125) (0.122) (0.119) (0.0819)  (0.0964) | (0.206) (0.217) (0.213) (0.220) (0.245) (0.251)
Education: Higher 0.538%**  0.533*F*%  (.544%**  0.533%%*  (0.532%**  (.532%**|  0.908 0.922 0.929 0.922 0.950 0.950
(0.123) (0.120) (0.109) (0.106) (0.0820)  (0.0933) | (0.215) (0.224) (0.228) (0.234) (0.231) (0.256)
Labor: Retired 1.735* 1.788**  1.702%*  1.788**  1.761**  1.761** | 0.655 0.664 0.634 0.664 0.648 0.648
(0.496) (0.512) (0.438) (0.464) (0.482) (0.432) (0.219) (0.224) (0.229) (0.249) (0.263) (0.263)
Labor: Unemployed 1.802* 1.856**  1.769**  1.856**  1.829**  1.829** | 0.609 0.611 0.589* 0.611 0.569 0.569
(0.551) (0.562) (0.441) (0.465) (0.524) (0.454) (0.240) (0.239) (0.189) (0.200) (0.246) (0.221)
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Labor: Student 2212%%  2.2095%F  2067**¥*  2.205%%%  2207%*  2297***|  (.555* 0.557* 0.538 0.557 0.472* 0.472*
(0.720) (0.744) (0.567) (0.598) (0.753) (0.700) (0.199) (0.196) (0.213) (0.223) (0.192) (0.210)
Job: Scientist/ 1.670%**  1.691%**  1.656***  1.691***  1.682***  1.682***| 0.495***  0.505**  0.488*** 0.505**  0.507**  0.507**
Intellectual (0.230) (0.233) (0.272) (0.280) (0.282) (0.296) (0.134) (0.141) (0.127) (0.134) (0.157) (0.158)
Job: Mid-Level 1.564%**  1.590%**  1.565**  1.590***  1.588***  1.588** | 0.617*** 0.632*** 0.616**  0.632**  0.637 0.637
Professional (0.206) (0.200) (0.278) (0.282) (0.280) (0.311) (0.108) (0.113) (0.119) (0.125) (0.206) (0.194)
Job: Administrator L512%%  1.538%%*  1,504**  1.538**  1.547°%*  1.547** | 0.587* 0.601 0.581**  0.601* 0.625 0.625
(0.195) (0.193) (0.261) (0.270) (0.230) (0.274) (0.182) (0.194) (0.151) (0.162) (0.226) (0.206)
Job: Service Worker 1.367***  1.382***  1.358% 1.382* 1.387* 1.387* 0.705* 0.728 0.694 0.728 0.782 0.782
(0.152) (0.151) (0.228) (0.234) (0.241) (0.249) (0.142) (0.153) (0.159) (0.170) (0.217) (0.216)
) 1.097 1.119 1.093 1.119 1.163 1.163 1.340 1.432 1.328 1.432 1.472 1.472
Agricultural Worker
(0.243) (0.253) (0.278) (0.290) (0.349) (0.332) (0.345) (0.383) (0.501) (0.544) (0.653) (0.584)
Job: Office Workers 1.517*%  1.545%%  1.509%*  1.545%*  1.591**  1.591** | 0.666* 0.704 0.658 0.704 0.732 0.732
(0.282) (0.284) (0.276) (0.282) (0.322) (0.316) (0.158) (0.167) (0.180) (0.192) (0.307) (0.272)
Job: Machine 1.116 1.126 1.109 1.126 1.117 1.117 0.404**  0.425**  0.397**  0.425* 0.403**  0.403**
Operator (0.208) (0.208) (0.252) (0.259) (0.242) (0.272) (0.154) (0.162) (0.175) (0.186) (0.171) (0.180)
Job: Elementary 1.668***  1.687***  1.663***  1.687***  1.678*** 1.678***| 0.591 0.614 0.587* 0.614 0.618 0.618
Worker (0.297) (0.295) (0.322) (0.327) (0.321) (0.335) (0.216) (0.229) (0.181) (0.191) (0.251) (0.223)
Job: Security 0.828 0.826 0.832 0.826 0.885 0.885 2.896**  2.995**  2913**  2.095**  3233**  3233%*
Worker (0.289) (0.285) (0.296) (0.291) (0.363) (0.374) (1.489) (1.504) (1.302) (1.345) (1.708) (1.606)
Log COVID CPC 1.166 1.213 1.202 1.213 1.725 1.500 1.847 1.500
(0.259) (0.293) (0.343) (0.390) (0.632) (0.689) (0.776) (0.725)
Previous Vote 16.76***  16.99***  16.76***  16.99***  17.34***  17.34***|  49.66*** 51.08***  49.74***  51.08*** 56.11*** 56.11***
(0.713) (0.723) (0.745) (0.770) (0.746) (0.783) (5.399) (5.704) (4.429) (4.698) (6.294) (5.309)
N 10,289 10,289 10,289 10,289 10,289 10,289 10,289 10,194 10,289 10,194 10,045 10,045
Fixed Effects N-2 + N-2 N-2 + N-2 N-3 N-3 N-2 + N-2 N-2 + N-2 N-3 N-3
Wave X Wave ‘Wave X Wave X Wave X Wave ‘Wave X Wave ‘Wave X Wave X Wave X Wave
SE Cluster N-2 N-2 N-2 N-2 N-3 N-3 N-2 N-2 N-2 N-2 N-3 N-3
X Wave X Wave X Wave X Wave X Wave X Wave

Notes: This table shows that the results of the second variant of Equation 7 (reported in Table A5) are robust to several alternative configurations of
fixed effects and standard error clusters. In the bottom panel, N-2 = NUTS-2, N-3 = NUTS-3. *p < .1; **p < .05; ***p < .01.
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TABLE A9. Full Results: Sources of Health-Weighted COVID-19 Anxiety

Outcome = Health-Weighted Anxiety (1) ()
Panel A: Age Group
Age: 18-24 -0.0839***  -0.0828***
(0.0211) (0.0209)
Age: 25-34 -0.0221 -0.0203
(0.0147)  (0.0146)
Age: 35-44 -0.0103 -0.0103
(0.0119)  (0.0118)
Age: 45-54 0.0130 0.0122
(0.00922)  (0.00922)
Age: 55-64 0.0343*** 0.0336***
(0.00906)  (0.00910)
Age: 65+ 0.00855 0.00813
(0.0162)  (0.0163)
N 10,289 10,289
Panel B: Social Class
Class: Working -0.104***  -0.107***
(0.0319)  (0.0323)
Class: Lower Middle 0.0284***  0.0296***
(0.00865)  (0.00854)
Class: Middle 0.0127 0.0131
(0.0100)  (0.0101)
Class: Upper Middle -0.00619 -0.00691
(0.00870)  (0.00875)
Class: Upper -0.0588***  -0.0590***
(0.0136)  (0.0136)
N 10,993 10,993
Panel C: Education Level
Education: None -0.0134 -0.0154
(0.0240)  (0.0242)
Education: Primary 0.0181 0.0191
(0.0207)  (0.0207)
Education: Secondary 0.0238**  0.0235**
(0.0101)  (0.0101)
Education: Higher -0.0323***  -0.0319***
(0.0103)  (0.0103)
N 10,298 10,298

Panel D: Labor Situation
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Labor: Working -0.0467 -0.0419
(0.0393)  (0.0385)

Labor: Retired 0.0208 0.0221
(0.0176)  (0.0176)
Labor: Unemployed -0.0523***  -0.0541***
(0.0163)  (0.0164)
Labor: Student 0.0849***  0.0830***
(0.0280)  (0.0277)
N 10,294 10,294
Panel E: Job Type
Job: Manager -0.107***  -0.106™**
(0.0235)  (0.0236)
Job: Scientist/Intellectual 0.0281** 0.0281**
(0.0126)  (0.0126)
Job: Mid-level Professional 0.00447 0.00422
(0.0136)  (0.0138)
Job: Administrator 0.00171 0.00180
(0.0147)  (0.0151)
Job: Service Worker -0.0186 -0.0186
(0.0130)  (0.0130)
Job: Agricultural Worker -0.0239 -0.0249
(0.0415)  (0.0417)
Job: Office Worker 0.0357**  0.0345**
(0.0171)  (0.0171)
Job: Machine Operator -0.00112 -0.00125
(0.0287)  (0.0290)
Job: Elementary Worker 0.0201 0.0200
(0.0249)  (0.0246)
Job: Security Worker 0.0426 0.0464
(0.0484)  (0.0481)
N 10,289 10,289
NUTS-3 & Wave FEs v
NUTS-2 x Wave FEs v

Notes: This table presents the full OLS estimates from Equation 8,
which provide the basis for Figure 3. Robust standard errors, clus-
tered by NUTS-3 region, are in parentheses. *p < .1; **p < .05; ***p
< .01.
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D Survey Experiment

The survey experiment presented in the second stage of our empirical investigation was pre-
registered on 23 June, 2023 and implemented between August 23 and September 29, 2023. We
recruited 734 (adult) residents of Spain through two channels: (1) Amazon Mechanical Turk
(AMT), a popular crowdsourcing website that permits “Requesters” to specify the location
of “Workers”; and (2) advertising on social media networks, principally Spanish public Face-
book groups. AMT Workers do not constitute a random sample of Spain’s overall population.
Nevertheless, several empirical results based on nationally representative samples have been
replicated on the platform (Berinsky, Huber, and Lenz 2012; Clifford, Jewell, and Waggoner
2015; Crump, McDonnell, and Gureckis 2013). Facebook is more widely used and has been
found to generate samples as representative as those recruited via traditional methods in a va-
riety of settings (Thornton et al. 2016; Whitaker, Stevelink, and Fear 2017). Importantly, our
sample is similar to the wider Spanish population on several key demographic characteristics,

exhibiting only a small bias toward younger, male, nonwhite, and more educated individuals:

1. Age. The median age in our sample is 39 years, compared with 43.9 years in Spain as a

whole (UN Department of Economic and Social Affairs 2022).

2. Gender. The male-female ratio in our sample is 1.09, compared with 0.96 in Spain as a

whole (UN Department of Economic and Social Affairs 2022).

3. Ethnicity. The proportion of whites in our sample is 81%, compared with an estimated

84% in Spain as a whole.'

4. Education level. The proportion of our sample whose highest educational qualification
is a secondary school diploma is 23.6%, while the proportion with an undergraduate,

graduate, or professional degree is 42.5%. In Spain as a whole, 23% of people between

'CIA World Factbook, accessed at https://www.cia.gov/the-world-factbook/countries/spain/.
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FIGURE A4. Survey Experiment Structure

Health
Treatment

Economy
Treatment

Choose Candidate Provide Socio-
(Pro- vs. Anti-Lockdown) Demographic Data

Control
Condition

25 and 64 years old have an upper secondary but non-tertiary qualification and 41% have

a tertiary qualification (OECD 2023, 50).

Table A10 in Section D.1 presents summary statistics for these and the remaining variables in
our survey experimental analysis.

Our survey, which was conducted in Spanish, was divided into four sections (summarized
in Figure A4). First, after providing informed consent, respondents were either asked to read
one of two vignettes describing the pandemic’s impact on Spanish society or transferred di-
rectly to the second section (the control group). Since we are interested in the effect of dif-
ferent types of COVID-related anxiety on political preferences, we randomize these prompts

2 Sec-

to emphasize the pandemic’s consequences for either public health or the economy.
ond, respondents were presented with descriptions of two hypothetical candidates running
for political office and asked to choose between them. One of the candidates advocates strin-
gent lockdown measures in the event of a COVID-19 resurgence or a similar pandemic in
the future, while the other is in supports loose restrictions. Finally, respondents were asked
to disclose basic demographic and socioeconomic information (age, sex, race, education level,

income bracket, health status, party affiliation) as well as whether they have been personally

infected by COVID-19. The average survey completion time was 4.3 minutes (258 seconds).

?In total, 266 respondents were assigned the health-focused prompt, 264 were assigned the economy-focused
prompt, and 204 received neither treatment.
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Treatment Texts

The original text of the health-focused and economy-focused prompts, whose English trans-

lations are provided in the main paper, are:

Health-focused: La pandemia de COVID-19 ha sido una de las plagas mds mortiferas
de la historia. Slo en Espatia se han conﬁrmado 13,8 millones de casos y al menos 120.000
muertes. Incluso entre los que han sobrevivido, mds del 40% han sufrido sintomas duraderos,
incluyendo dafios orgdnicos que afectan al corazdn, los rifiones, la piel y el cerebro. Algunos
expertos creen que podria producirse otra pandemia en un futuro proximo y tener conse-

cuencias aiin mds perjudiciales para la salud.

Economy-focused: La perturbacion causada por la pandemia de COVID-19 envié una
onda expansiva a través de la economia mundial y desencadend la mayor crisis econémica
mundial en mds de un siglo. La economia espaiiola se contrajo mds de un 10 por ciento en
2020 y sigue siendo mds pequetia que antes de la pandemia, con una inﬂacién elevada y
un crecimiento bajo que se espera que persistan durante varios afios. Algunos expertos creen
que podrl'a producirse otra pandemia en un futuro proximo y tener consecuencias econdémicas

ann mds perjudiciales.
Candidate Descriptions

In the following descriptions presented to respondents, candidate A is always in favor of strong
lockdown restrictions, while candidate B is always opposed to them. Sentences 2, 3, and 4 of

each text are randomly assigned to the candidates.

Candidate A (pro-lockdown): Si se produce un rebrote de COVID-19 0 una pandemia
similar en un futuro proximo, el candidato A estd a favor de una respuesta prudente y

vigilante que proteja a todos los miembros de la sociedad. Es partidario de medidas de
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conﬁnamiento contundentes cuando sean apropiadas. [FRASE 2]. [FRASE 3]. [FRASE
4].

Translation: If there is a resurgence of COVID-19 or a similar pandemic in the near
future, Candidate A favors a prudent and vigilant response that protects all members of
society. He supports robust lockdown measures where they are appropriate. [SENTENCE
2]. [SENTENCE 3]. [SENTENCE 4].

Candidate B (anti-lockdown): Si se produce un rebrote de COVID-19 0 una pandemia
similar en un futuro proximo, el Candidato B estd interesado en proteger la vida de las
personas minimizando cualquier perturbacién o dafio econémico que pueda surgir. Se opone

a las medidas de confinamiento que puedan afectar a este objetivo.

Translation: If there is a resurgence of COVID-19 or a similar pandemic in the near
future, Candidate B is keen to protect people’s livelihoods by minimising any economic

disturbance or damage that may arise. He opposes robust lockdown measures that risk

undermining this goal. [SENTENCE 2]. [SENTENCE 3]. [SENTENCE 4].

Sentence 2:

A: Tiene 48 afios, nacié y crecid en la misma zona que usted y fue a la universidad a

estudiar quimica.

Translation: He is 48 years old, and was born and brought up in your area, before going

to university to study chemistry.
B: Tiene 46 afios, vive en el mismo barrio que usted y estudid biologia en la universidad.
Translation: He is 46 years old, lives in your district, and studied biology at university.

Sentence 3:
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A: Después de la universidad, se formd como contable y cred una empresa hace diez afios

dOi/ldE 61]’101’61 l‘TCleljdVl nueve personas.

Translation: After university he trained as an accountant, and set up a company 10 years

ago, it now employs nine people.

B: Después de la universidad, se formd como abogado y cred un bufete hace diez afios;

ahora tiene OChO empleados.

Translation: After university he trained as a lawyer, and set up a practice 10 years ago; it

now employs eight people.

Sentence 4

A:Le gusta el ciclismo Y es un gran guitarrista.
Translation: He likes cycling and is a great guitarist.
B: Le gusta el tenis Y es un gran cocinero.

Translation: He likes tennis and is a great chef.

Ethical Considerations

The survey received research ethics approval from both of the authors’ institutions. In general,
we do not believe that the exercise raised any ethical issues specific to the Spanish context —
in which our questions were unlikely to be perceived as particularly sensitive or controversial
— or physical or psychological risks to the research team. Respondents were provided with
an informed consent form detailing the purpose of the research, the survey procedure, their
right to withdraw, confidentiality arrangements, remuneration, the complaints procedure, and

contact information. Compensation was substantially higher than the Spanish minimum wage
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($5 for an activity typically taking less than five minutes). As discussed earlier, the sample
was approximately representative of the Spanish population on several demographic variables,

reducing the likelihood that participation differentially benefited or harmed any specific group.

Departures from Pre-Analysis Plan

In implementing the survey, we deviated from our pre-analysis plan in two ways. First, rather
than recruiting all participants through AMT, we employed a combination of this platform
and advertising on social media websites (mainly Facebook). We made this decision shortly
after launching the survey on AMT, when it became clear that there were substantially fewer
Spain-based Workers on the platform than we had anticipated. In addition, since social me-
dia networks are widely used across the Spanish population (as discussed earlier), we believed
that incorporating them into our recruitment strategy would enhance the sample’s represen-
tativeness. Second, our pre-analysis plan specified that all respondents would be assigned one
of the two treatment vignettes. After receiving additional feedback on the plan, however, we
realized that a control group — a set of respondents who received neither prompt — would be
needed to estimate treatment effects relative to the appropriate baseline of “unprimed” individ-
uals (Gaines, Kuklinski, and Quirk 2007). Neither of these departures concerns our hypotheses
or materially alters our empirical strategy; rather, they represent small tweaks to the research

design that enhanced the power and inferential validity of our analysis.
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D.1 Summary Statistics

TABLE A10. Summary Statistics for Survey Experimental Dataset

N Mean Std. Dev. Min. 25% 50% 75% Max.

Prefer Pro-Lockdown Candidate 734 0.53 0.50 0 0 1 1 1
Prefer Anti-Lockdown Candidate 734 0.47 0.50 0 0 0 1 1
Health Prime 734  0.36 0.48 0 0 0 1 1
Economy Prime 734  0.36 0.48 0 0 0 1 1
Age 734 415 14.0 18 30 39 52 78
Gender: Female 734 0.48 0.50 0 0 0 1 1
Race: White 734 0.81 0.40 0 1 1 1 1
Party Identification: PP 734 0.26 0.44 0 0 0 1 1
Party Identification: PSOE 734  0.24 0.43 0 0 0 0 1
Party Identification: Vox 734 0.11 0.31 0 0 0 0 1
Party Identification: Podemos 734 0.13 0.34 0 0 0 0 1
Education: None 734 0.012 0.11 0 0 0 0 1
Education: Primary 734 0.22 0.41 0 0 0 0 1
Education: High School 734 0.24 0.42 0 0 0 0 1
Education: Vocational 734 0.11 0.31 0 0 0 0 1
Education: Community College 734 0.074 0.26 0 0 0 0 1
Education: Undergraduate 734 0.26 0.44 0 0 0 1 1
Education: Graduate School 734 0.095  0.29 0 0 0 0 1
Primary / Tertiary Education 734 0.33 0.47 0 0 0 1 1
Poor / Rich 734  0.23 0.42 0 0 0 0 1
Underlying Condition 734  0.27 0.44 0 0 0 1 1
COVID-19 Infection 734 0.50 0.50 0 0 0 1 1
23
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D.2 Full Regression Results

TABLE A11. Full Survey Experiment Results: Health-Focused Prompt

Outcome = Prefer Pro-Lockdown Candidate (1) (2) 3) 4) (5)
Health Prime 3467 3.664*** 3.683*** 3.737*** 6.391***
(0.713)  (0.788)  (0.797)  (0.813)  (1.189)
CAge 0.995 0995 0994 0995
(0.00746)  (0.00751)  (0.00757)  (0.00603)
Gender: Female 0.626™* 0.622** 0.617** 1.193
(0.134)  (0133)  (0.133)  (0.197)
Ethnicity: White 1.140 1.156 1.196 1.260
(0.301)  (0.307)  (0.318)  (0.260)
Education: Primary 2,676 2.639%**F 2541 1.131
(0.867)  (0.858)  (0.829)  (0.273)
Education: Vocational 1.185 1.190 1.205 1.133
(0.420)  (0.424)  (0432)  (0.345)
Education: Graduate School 1.161 1.172 1.193 0.628
(0.468)  (0.476)  (0.488)  (0.202)
Education: None 0.673 0.693 0.800 0.448
(0.668)  (0.696)  (0.801)  (0.389)
Education: Community College 1.497 1.478 1.456 1.448
(0.649)  (0.643)  (0.633)  (0.497)
Education: Undergraduate 1.981** 1.980** 1.946** 1.368
(0.585)  (0.587)  (0.581)  (0.320)
Party Identification: PP 1.096 1.079 1.148
(0321)  (0.317)  (0.261)
Party Identification: PSOE 1.088 1.106 1.235
(0.319)  (0.3260)  (0.287)
Party Identification: Vox 0.938 0.900 0.766
(0.383)  (0.368)  (0.232)
Party Identification: Podemos 0.854 0.806 0.898
(0.298)  (0.284)  (0.250)
COVID-19 Infection 1.526** 1.412**
(0.328)  (0.234)
N 470 470 470 470 734
Alternative Treatment Group X X X X v

Notes: Full OLS estimates from the first variant of Equation 9, with robust standard errors in paren-
theses. *p < .1; **p < .05; ***p < .01.
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TABLE A12. Full Survey Experiment Results: Economy-Focused Prompt

Outcome = Prefer Anti-Lockdown Candidate (1) ) 3) ) (5)
Economic Prime 2.998***  3.391*** 3.389*** 3.335*** 5.840***
(0593)  (0.713)  (0.723)  (0.713)  (1.046)
CAge 10197 10217 1022 1.007
(0.00802)  (0.00817) (0.00822)  (0.00608)
Gender: Female 0.493%*** 0.491*** 0.481*** 0.852
(0.101) (0.101)  (0.0994)  (0.140)
Ethnicity: White 0.731 0.701 0.686 0.714
(0.186)  (0.181)  (0.178)  (0.147)
Education: Primary 1.035 1.053 1.065 0.846
(0307)  (0.314)  (0318)  (0.205)
Education: Vocational 0.668 0.644 0.625 0.785
(0.261)  (0.254)  (0.248)  (0.234)
Education: Graduate School 1.171 1.139 1.112 1.400
(0.466)  (0.456)  (0.445)  (0.443)
Education: None 1.753 1.554 1.457 2.963
(1503)  (1.339)  (1.262)  (2.537)
Education: Community College 0.841 0.853 0.843 0.663
(0.347)  (0.353)  (0.350)  (0.229)
Education: Undergraduate 1.003 1.019 1.013 0.675*
(0292)  (0.298)  (0.297)  (0.157)
Party Identification: PP 0.752 0.740 0.795
(0.215)  (0212)  (0.180)
Party Identification: PSOE 0.808 0.795 0.839
(0233)  (0.230)  (0.194)
Party Identification: Vox 1.342 1.313 0.983
(0.545)  (0536)  (0.295)
Party Identification: Podemos 1.135 1.140 1.072
(0397)  (0.399)  (0.295)
COVID-19 Infection 0.778 0.765
(0.163)  (0.126)
N 468 468 468 468 734
Alternative Treatment Group X X X X v

Notes: Full OLS estimates from the second variant of Equation 9, with robust standard errors in
parentheses. *p < .1; **p < .05; **p < .01.
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TABLE A13. Survey Experiment Results: Attentive Subsample

(1) @ (3 “) () ©)

Panel A: Outcome = Prefer Pro-Lockdown Candidate

Health Prime 3.431**  0.453  2.854***
(0.904)  (0.379)  (0.938)
'Health Prime x Age Lodox
(0.0197)
Health Prime x Underlying 4.363**
Condition (2.923)
Panel B: Outcome = Prefer Anti-Lockdown Candidate
Economy Prime 4,034 2.813"*  2.127**
(1.028)  (0.834)  (0.634)
' Economy Prime x Poor/Rich 7.041%%
(4.989)
Economy Prime x Primary/Tertiary 8.752***
Education (4.990)
N 385 385 385 383 383 383
Demographic Controls v v v v v v
Political Controls v v v v v v
Infection Controls v v v v v v
Attentive Subsample v v v v v v

Notes: This table replicates column 4 in Table 1, restricting the sample to “attentive” respondents who
spent at least three minutes completing our survey. Odds ratios from logistic regressions, with robust

standard errors in parentheses. *p < .1; **p < .05; ***p < .01.
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FIGURE A5. Marginal Effects in Survey Experiment

(A) Outcome = Prefer Pro-Lockdown Candidate, Prime = (B) Outcome = Prefer Pro-Lockdown Candidate, Prime =
Health, Moderator = Elderly Share Health, Moderator = Underlying Condition
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Notes: Marginal effects plots with 95% confidence intervals. Panels A-D show linear estimates corresponding to
column 5 of panels B and D in Table 2. Panels E and F show kernel smoothing estimates for a modified version
of panels C and D in which the moderator is an ordinal scale rather than a dummy variable. Graphs generated

using the interflex package in Stata (Hainmueller, Mummolo, and Xu 2019).
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E COVID-19 Incidence and Anxiety

TABLE A14. Relationship between COVID-19 Incidence and COVID-19 Anxiety

Outcome = COVID Anxiety (1) () 3) 4 (5) (6)
Log COVID CPC 0.177*** 0.151*** 0.177*** 0.151*** 0.177*** 0.151**
(0.0436) (0.0456) (0.0309) (0.0364) (0.0626) (0.0610)
S Age:25-34 0.102%* 0.102%* 0.102%*
(0.0193) (0.0223) (0.0205)
Age: 35-44 0.260*** 0.260*** 0.260***
(0.0222) (0.0238) (0.0185)
Age: 45-54 0.316*** 0.316*** 0.316***
(0.0223) (0.0255) (0.0186)
Age: 55-64 0.337*** 0.337*** 0.337***
(0.0216) (0.0262) (0.0190)
Age: 65+ 0.322%** 0.322%** 0.322%**
(0.0178) (0.0223) (0.0210)
Gender: Female 0.0907*** 0.0907*** 0.0907***
(0.0105) (0.0108) (0.00754)
Class: Lower Middle 0.0180 0.0180 0.0180
(0.0304) (0.0285) (0.0333)
Class: Middle 0.0157 0.0157 0.0157
(0.0345) (0.0368) (0.0336)
Class: Upper Middle 0.0306 0.0306 0.0306
(0.0311) (0.0325) (0.0327)
Class: Upper 0.0177 0.0177 0.0177
(0.0332) (0.0312) (0.0353)
Education: Primary -0.0234 -0.0234 -0.0234
(0.0272) (0.0269) (0.0298)
Education: Secondary -0.0163 -0.0163 -0.0163
(0.0212) (0.0203) (0.0271)
Education: Higher 0.0937*** 0.0937*** 0.0937***
(0.0204) (0.0177) (0.0264)
N 46,523 42,909 46,523 42,909 46,523 42,909
R? 0.019 0.039 0.019 0.039 0.019 0.039
NUTS-3 FEs v v v v v v
NUTS-2 x Wave FEs v v v v v v
SE Cluster NUTS-3 NUTS-3 NUTS-2 NUTS-2 NUTS-2 NUTS-2
x Wave x Wave

Notes: OLS regressions of COVID Anxiety;; on Log COVID CPCj; with robust standard errors, clus-
tered as indicated in the bottom panel, in parentheses. *p < .1; **p < .05; **p < .01.
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TABLE A15. Relationship between COVID-19 Symptoms and COVID-19 Anxiety

Outcome = COVID Anxiety (1) () 3) ) (5) (6)
Severity of COVID-19 0.112%** 0.0801*** 0.112%** 0.0801*** 0.112%** 0.0801**
Symproms 0o231) (0239 (00164 (00163) (00319 (00513)
Age: 25-34 -0.0132 -0.0132 -0.0132

(0.0965) (0.139) (0.106)
Age: 35-44 0.212** 0.212 0.212**
(0.0937) (0.124) (0.101)
Age: 45-54 0.268*** 0.268** 0.268***
(0.0820) (0.126) (0.0881)
Age: 55-64 0.292*** 0.292** 0.292%***
(0.0766) (0.105) (0.0861)
Age: 65+ 0.198** 0.198 0.198*
(0.0861) (0.140) (0.107)
Gender: Female 0.102** 0.102** 0.102**
(0.0411) (0.0470) (0.0453)
Class: Lower Middle -0.218** -0.218** -0.218*
(0.106) (0.0851) (0.122)
Class: Middle -0.166 -0.166 -0.166
(0.127) (0.113) (0.116)
Class: Upper Middle -0.227** -0.227** -0.227*
(0.107) (0.0826) (0.118)
Class: Upper -0.373*** -0.373** -0.373**
(0.135) (0.139) (0.143)
Education: Primary -0.296* -0.296 -0.296*
(0.171) (0.173) (0.175)
Education: Secondary -0.229 -0.229 -0.229
(0.176) (0.180) (0.160)
Education: Higher -0.0450 -0.0450 -0.0450
(0.163) (0.160) (0.165)
N 1554 1435 1554 1435 1554 1435
R? 0.142 0.179 0.142 0.179 0.142 0.179
NUTS-3 FEs v v v v v v
NUTS-2 x Wave FEs v v v v v v
Cluster NUTS-3 NUTS-3 NUTS-2 NUTS-2 NUTS-2 NUTS-2
x Wave x Wave

Notes: OLS regressions of COVID Anxiety;; on the self-reported severity of respondent i’s COVID-
19 symptoms in survey wave t. Robust standard errors, with clustering as indicated in the table, in

parentheses. *p < .1; **p < .05; ***p < .01.
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FIGURE A6. New COVID-19 Cases and COVID-19 Anxiety, April 2020-May 2021
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Notes: This graph plots the mean value of COVID Anxiety;; and Spain’s mean number of new COVID-19 cases
per 100,000 population between April 2020 and May 2021.
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F Madrid Election Analysis

FIGURE A7. Campaign Slogans in Madrid Regional Election

. Isabel Diaz Ayuso & : Pablo Iglesias v &
@IdiazAyuso @Pablolglesias

COMUNISMO O LIBERTAD. Democracia o fascismo.
4 de mayo. 4 de mayo.
Translate Tweet Translate Tweet
7:22 AM - Mar 15, 2021 - Twitter for iPhone 6:01 AM - Apr 25, 2021 - Twitter Web App
26.5K Retweets 8,696 Quote Tweets  88.9K Likes 5,122 Retweets 717 Quote Tweets  19.5K Likes
o 0 O O 0 Q

Notes: The left tweet, published by PP’s leader in the Madrid 2021 regional election, translates to “COMMUNISM
OR FREEDOM. 4th of May.” The right tweet, published by Podemos’ leader, translates to “Democracy or
fascism. 4th of May.”

FIGURE A8. Madrid Regional Election Results, 2021 versus 2019
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Notes: The left panel displays the vote share of five major parties in the Madrid regional elections of 2021 and
2019. The right panel shows their share of seats in the Madrid parliament.
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F.1 Summary Statistics

TABLE A16. Summary Statistics for Madrid Election Dataset

N Mean Std. Dev. Min. 25% 50% 75% Max.

Log COVID CDC 179 0.077 0.027 0 0.064 0.078  0.091 0.22
A Population 179 650.8 5133.8 -270 19 78 226 68604
A Proportion of Women 179 0.00084 0.0066 -0.032 -0.0016 0.00025 0.0026 0.045
A Proportion Aged 0-20 177 0.00059 0.013 -0.046 -0.0054 0.00054 0.0062 0.062
A Proportion Aged 21-35 177 -0.056  0.044 -0.16 -0.085 -0.056 -0.036 0.10
A Proportion Aged 36-50 177 0.054 0.049 -0.076 0.022 0.047  0.086 0.21
A Proportion Aged 51-65 177 0.017 0.061 -0.059 -0.021 -0.000033 0.034 0.35
A Proportion Aged 66+ 177 -0.055 0.086 -0.21 -0.12  -0.065 -0.017 0.24
A Voter Turnout 179 0.040 0.059 -0.15 0.0061  0.051 0.089 0.14
Nursing Places per Capita 179 0.017 0.029 0 0 0.0053 0.023 0.17
Altitude 179 810.7 209.0 476 652 744 941 1434
Area of Agricultural Holdings (ha) 179 2150.4 2430.4 0 801 1568 2783 21946
A Percentage Employed 179 -0.00079 0.019 -0.063 -0.0085 -0.0012 0.0071 0.12
Log GDP per Capita 179 22.1 12.7 6.93 134 18.4 263 83.3

A Vote Share of Pro-Lockdown Parties 179 -0.20 0.058 -0.34 -0.25 -0.22  -0.17 -0.025
A Vote Share of Anti-lockdown Parties 179  0.21 0.058 0.0031 0.17 0.22 0.25 0.34

Proportion Aged 66+ 179  0.17 0.061 0.059 0.13 0.17 0.20 0.46
Log Respiratory DPC 179 0.0012  0.0026 0 0.00038 0.00068 0.0012 0.029
Top/Bottom Income 179 0.095 0.29 0 0 0 0 1

Hospitality Share 179  0.55 0.41 0 0.29 0.43 0.73 3.45

Notes: This table presents summary statistics for our Madrid regional election dataset. Electoral variables are
differenced between the 2021 and 2019 elections; other variables are either differenced between 2020 and
2018 or measured at their 2020 level. Electoral data are from the Madrid regional government (Comunidad
de Madrid 2022), nursing home statistics from Spain’s Ministry of Economy and Competitiveness (Enve-
jecimiento en Red 2022), and data on the remaining variables from Madrid’s statistics office (Instituto de
Estadistica de la Comunidad de Madrida 2022).
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FIGURE A9. Evolution of Voting Intentions in Madrid, 2018-2021
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Notes: This figure illustrates the evolution of support for pro- and anti-lockdown parties in Madrid between July
2018 and July 2021. The former parties are PSOE, Ciudadanos, Podemos and Mas Madrid; the latter are PP and
Vox. Points represent the proportion of Madrid-based respondents in a given CIS survey wave who would vote
for each set of parties if general elections were held tomorrow.
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F.2 Full Regression Results

TABLE A17. Full Results: Relationship between COVID-19 Incidence and Support for Pro- and Anti-Lockdown Parties
in Madrid Regional Elections as Moderated by Health Exposure Proxies

0'% A8 DD :@sUdd17 "VSdV Aq pamainai-1aad 30U JUSIU0D 90SE-SSHL-E000-0000/640°p1dJ0//:sdNnY :QIDYO 7 LIz-€20z-esde/y/Le€°01 /b0 10p//:sdnY

149

Outcome = A Vote Share of:

Pro-Lockdown Parties

Anti-Lockdown Parties

(1) (2) (3) ) (5) (©) (7) (8) ©) (10) (11) (12)
Log COVID CPC -0.502F -0.563"F -0.624"*  0.630*  0.708%F  0.762** | -0.0327 -0.0499  -0.0770  0.0187 0.0367 0.0641
(0.250)  (0.226)  (0.245) (0.288) (0.259) (0.279) | (0.0890)  (0.0566)  (0.0728)  (0.0844)  (0.0548)  (0.0742)
Elderly Population 0.164  0.0808  0.0522 -0.121  -0.0697  -0.0372
(0.210)  (0.213)  (0.249) (0.185) (0.195) (0.249)
Log COVID CPC x Elderly Population ~ 2.774** 3.108*** 3.216*** -3.538*** -3.021*** -4,012%**
(0.983)  (0.917)  (0.857) (1.034) (0.966) (0.916)
Log Respiratory DPC S2.683F %% _3ADRFFF 3 G74FFF FETARFE 4275%FF 4 573%x*
(0.484) (0.771) (0.857) (0.478) (0.755) (0.788)
Log COVID CPC x Log Respiratory DPC 69.95**  89.40***  87.31*** -85.73*** -103.5%** -102.7***
(10.98) (14.71) (16.28) (12.68) (16.23) (17.18)
APopulation ~ ~ "~ "7 7 77 77 77720000 -0.000 ~ "-0.000 ~ ~0.000 ~ ~-0.000 ~ ~ 0.000 | -0.000  ~ -0.000 ~ -0.000" ~ 0.000 ~ 0.000 ~ ~0.000
(0.000)  (0.000)  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
A Share Women 0.285  0.00351  -0.187 -0.550 -0.272 -0.110 0.825* 0.567 0.418  -1.200"*  -0.943*  -0.832
(0.389)  (0.345)  (0.494) (0.458) (0.424) (0.603) (0.377) (0.379) (0.471) (0.407) (0.421) (0.526)
A Age: 0-20 -0.272*  -0.123  -0.233 0.190 0.0860 0.192 -0.319 -0.116 -0.230 0.229 0.0732 0.184
(0.142)  (0.174)  (0.239) (0.127) (0.177) (0.238) (0.185) (0.205) (0.234) (0.171) (0.210) (0.224)
A Age: 21-35 -0.0756  -0.173  -0.151 0.130 0.221 0.199 0.0802  -0.0554  -0.0398  -0.0378  0.0846 0.0696
(0.149)  (0.158)  (0.140) (0.170) (0.174) (0.147) (0.201) (0.221) (0.203) (0.214) (0.232) (0.212)
A Age: 36-50 0.00348 -0.0316  -0.0273  0.0207 0.0447 0.0395 0.0486 0.0228 0.0312  -0.0356  -0.0190  -0.0300
(0.0392) (0.0299)  (0.0446)  (0.0389)  (0.0325)  (0.0479) | (0.0411)  (0.0498)  (0.0624)  (0.0474)  (0.0581)  (0.0723)
A Age: 51-65 0.126  0.0397  0.0203 -0.149  -0.0973  -0.0795 | -0.0120  -0.100* ~ -0.108  0.00230  0.0696 0.0723
(0.0769) (0.0926)  (0.0909)  (0.0870)  (0.105) (0.108) | (0.0685)  (0.0534)  (0.0600)  (0.0702)  (0.0518)  (0.0559)
A Age: 65+ 0.0233  0.0588  0.0818  -0.00526 -0.000337 -0.0245 | 0.300***  0.301***  0.304*** -0.298*** -0.285**  -0.284**
(0.205)  (0.251)  (0.261) (0.185) (0.238) (0.261) | (0.0619)  (0.0866)  (0.0885)  (0.0708)  (0.0941)  (0.0932)
Nursing Places per Person -0.159 -0.149 0.0855 0.0757 -0.226* -0.210* 0.164 0.148
(0.113)  (0.108) (0.118) (0.109) (0.101) (0.104) (0.101) (0.102)
Altitude 0.000 0.000 -0.000 -0.000 0.000 0.000 -0.000 -0.000
(0.000)  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Share of Agriculeural Land -0.000  -0.000 0.000 0.000 -0.000 -0.000 0.000 0.000
(0.000)  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
A Turnout —0.217%%  -0.231*** 0.205**  0.216** -0.255%**  -0.261*** 0.246***  0.250%**
(0.0722)  (0.0659) (0.0731)  (0.0678) (0.0525)  (0.0559) (0.0536)  (0.0579)
A Share Employed -0.198 0.188 -0.220 0.215
(0.199) (0.253) (0.132) (0.172)
GDP per Capita -0.000320 0.000 -0.000 0.000
(0.000) (0.000) (0.000) (0.000)
N 177 177 177 177 177 177 177 177 177 177 177 177
R? 0573 0.599 0.606 0.567 0.586 0.591 0.586 0.625 0.629 0.588 0.618 0.622
NUTS-4 FEs v v v v v v v v v v v v

Notes: OLS estimates of Equation 10 (health exposure variant) with robust standard errors, clustered by NUTS-4 region, in parentheses. *p < 0.1; **p < 0.05; ***p < 0.01.
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TABLE A18. Full Results: Relationship between COVID-19 Incidence and Support for Pro- and Anti-Lockdown Parties
in Madrid Regional Elections as Moderated by Economic Exposure Proxies

Outcome = A Vote Share of: Pro-Lockdown Parties Anti-Lockdown Parties
(1) 2 (3) (4) (5) ©) (7) (8) ©) (10) (11) (12)
Log COVID CPC 02287 02737 0.2517F -0.283"F -0.320"* -03017** | 0.405* 0.432%% 0390 -0.492%F -0.5007*F -0.477%%F
(0.0835)  (0.0578)  (0.0781)  (0.0933)  (0.0672)  (0.0882) | (0.184)  (0.143)  (0.176)  (0.153) (0.110) (0.14¢6)
Top/Bottom Income 0.0465*** 0.0567*** 0.0712*** -0.0431*** -0.0534*** -0.0669***
(0.00915)  (0.0110)  (0.0142)  (0.00977)  (0.0112)  (0.0103)
Log COVID CPC x Top/Bottom Income -0.585*** -0.765*** -0.932*** (0.508**  0.671**  0.831***
(0.163)  (0.173)  (0.177)  (0.224) (0.237) (0.181)
Hospitality Sector 0.0204**  0.0201** 0.0235*** -0.0220** -0.0218*** -0.0231**
(0.00797) (0.00686) (0.00661) (0.00779) (0.00650) (0.00788)
Log COVID CPC x Hospitality Sector -0.417*  -0.415**  -0.385**  0.463**  0.456***  0.437***
(0.188)  (0.154)  (0.167)  (0.145) (0.120)  (0.124)
"APopulation ~ ~ ~ "~~~ T T T 7 -0.000 ~ -0.000  ~ -0.000" ~ -0.000" ~ -0.000 ~ ~-0.000 | -0.000 ~ -0.000" ~ -0.000 ~ ~0.000 ~ ~0.000 ~ ~0.000 °
(0.000)  (0.000)  (0.000)  (0.000) (0.000) (0.000) | (0.000)  (0.000)  (0.000)  (0.000)  (0.000)  (0.000)
A Share Women 0.660 0.384 0.196 -0.888* -0.646 -0.479 0.483 0.187  0.0552  -0.731 -0.469 -0.362
(0.360)  (0.340)  (0.440) (0.430) (0.397) (0.545) | (0.401)  (0.390)  (0.546)  (0.522) (0.504) (0.677)
A Age: 0-20 -0.379*  -0.235  -0.415 0.335* 0.236 0.404 |-0.408** -0.252  -0.387  0.362** 0.254 0.371
(0.186)  (0.210)  (0.234)  (0.160) (0.204) (0.236) | (0.162)  (0.178)  (0.256)  (0.153)  (0.180)  (0.253)
A Age: 21-35 0.0457  -0.0801  -0.0580  0.00831 0.113 0.0925 | 0.0671 -0.0496 -0.0406 -0.0167  0.0800  0.0707
(0.209)  (0.229)  (0.201)  (0.228) (0.243) (0.215) | (0.219)  (0.234)  (0.219)  (0.230)  (0.242)  (0.225)
A Age: 36-50 0.0225 -0.00394  0.0144  -0.00957  0.00692  -0.0107 | 0.0258 -0.00538 0.0117  -0.0125  0.00879  -0.00659
(0.0353)  (0.0359)  (0.0551)  (0.0402)  (0.0438)  (0.0649) | (0.0389) (0.0436) (0.0620) (0.0448)  (0.0478)  (0.0661)
A Age: 51-65 0.0198  -0.0479  -0.0483  -0.0462  -0.00167 -0.00237 | 0.0334 -0.0378 -0.0447 -0.0609  -0.0108  -0.0115
(0.0729)  (0.0674) (0.0727)  (0.0715)  (0.0645)  (0.0698) | (0.0671) (0.0628) (0.0739) (0.0661)  (0.0603)  (0.0720)
A Age: 65+ 0.206***  0.290%**  0.288***  -0.290***  -0.272** = -0.269** [0.277*** 0.283*** 0.288** -0.267*** -0.261** -0.260**
(0.0565)  (0.0819)  (0.0825)  (0.0663)  (0.0923)  (0.0899) | (0.0592) (0.0848) (0.0956) (0.0621)  (0.0884)  (0.0931)
Nursing Places per Person -0.185 -0.159 0.112 0.0875 -0.194* -0.177 0.127 0.111
(0.103)  (0.101) (0.104)  (0.0978) (0.100)  (0.0991) (0.101)  (0.0957)
Altitud 0.000 0.000 -0.000 -0.000 0.000 0.000 -0.000 -0.000
(0.000)  (0.000) (0.000) (0.000) (0.000)  (0.000) (0.000)  (0.000)
Share of Agricultural Land -0.000  -0.000 0.000 0.000 -0.000  -0.000 0.000 0.000
(0.000)  (0.000) (0.000) (0.000) (0.000)  (0.000) (0.000)  (0.000)
A Turnout -0.226*** -0.246%** 0.207**  0.226%** -0.191%**% ~0.206™** 0.174**  0.182**
(0.0664)  (0.0537) (0.0724)  (0.0588) (0.0587)  (0.0527) (0.0626)  (0.0599)
A Share Employed -0.327* 0.302 -0.197 0.177
(0.154) (0.195) (0.161) (0.204)
GDP per Capita -0.000 0.000 -0.000 0.000
(0.000) (0.000) (0.000) (0.000)
N 177 177 177 177 177 177 177 177 177 177 177 177
R? 0.571 0.601 0.611 0.562 0.582 0.590 0.573 0.599 0.603 0.566 0.583 0.586
NUTS-4 FEs v v v v v v v v v v v v

Notes: OLS estimates of Equation 10 (economic exposure variant) with robust standard errors, clustered by NUTS-4 region, in parentheses. *p < 0.1; **p < 0.05; ***p < 0.01.
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F.3 Difference-in-Differences Analysis

TABLE A19. Difference-in-Differences Version of Madrid Election Analysis with Health Exposure Proxies

Outcome = A Vote Share of: Pro-Lockdown Parties Anti-Lockdown Parties
(1) @) &) () ) (©) (7) (8) ©) (10) (11) (12)
Log COVID CPC -0.967** -0.991** -1.002**  -0.341  -0.0315 -0.0523  0.930**  1.144***  1.155%** 0.318 0.0126 0.0352
(0.396)  (0.424)  (0.421)  (0.301)  (0.151)  (0.151) (0.422) (0.438) (0.437) (0.309) (0.159) (0.160)
Elderly Share 0.224***  0.142 0.143 0.356***  0.356*** -0.218***  -0.0884  -0.0888 -0.346%%  -0.346%**
(0.0773)  (0.139)  (0.137) (0.0825)  (0.0817)  (0.0790) (0.146) (0.144) (0.0875)  (0.0867)
Log COVID CPC x Elderly Share ~ 4.310*** 4516  4.473** -4.392%%  _5.387%**  -5346%**
(1.618)  (1.862)  (1.803) (1.755) (1.979) (1.925)
Respiratory DPC -1.941 0.183  -0.0779 2.638 0.464 0.748
(1.839)  (1.118)  (1.083) (1.978) (1.118) (1.084)
Log COVID PC x Respiratory DPC 133.9%**  59.53**  59.58** -144.8%%%  _72.78%*  _72.83**
(31.49)  (26.13)  (25.67) (32.56) (29.35) (28.81)
‘Log Populaion -0.000** -0.000**  -0.000** -0.000** 0.000  0.000* 0.000  0.000%
(0.000)  (0.000) (0.000)  (0.000) (0.000) (0.000) (0.000) (0.000)
Share Women 0.276 0.168 0.500 0.398 -0.514 -0.411 -0.738 -0.627
(0.550)  (0.541) (0.574)  (0.548) (0.552) (0.547) (0.581) (0.555)
Age: 0-20 -0.255  -0.357 -0.495  -0.551 0.189 0.286 0.419 0.480
(0.337)  (0.336) (0.360)  (0.369) (0.341) (0.336) (0.377) (0.384)
Age: 21-35 0.0111  0.0197 0.126 0.134 0.0461 0.0379 -0.0964 -0.105
(0.116)  (0.108) (0.106)  (0.101) (0.123) (0.114) (0.117) (0.110)
Age: 36-50 0.0376  0.0490 0.120 0.125 -0.0166  -0.0276 -0.106 -0.112
(0.0970)  (0.0960) (0.0867)  (0.0874) (0.104) (0.103) (0.0922)  (0.0933)
Age: 51-65 0.0779  0.0789 0.0188  0.0157 -0.117 -0.118 -0.0353  -0.0320
(0.133)  (0.128) (0.120)  (0.117) (0.143) (0.138) (0.128) (0.124)
Share Employed -0.202 -0.157 0.192 0.171
(0.227) (0.230) (0.234) (0.236)
N 354 354 354 358 354 354 354 354 354 358 354 354
R? 0.973 0.974 0.974 0.952 0.974 0.975 0.974 0.975 0.975 0.955 0.975 0.975
Municipality FEs v v/ v v v/ v v/ v v v v/ v
Year FEs v v v v v/ v v/ v v v v/ v/

Notes: This table presents a difference-in-differences version of our analysis of the relationship between COVID-19 incidence and Madrid election vote shares as moderated by exposure
to the pandemic’s health consequences. OLS estimates with robust standard errors, clustered by municipality, in parentheses. *p < .1; **p < .05; ***p < .01.
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TABLE A20. Difference-in-Differences Version of Madrid Election Analysis with Economic Exposure Proxies

Outcome = A Vote Share of: Pro-Lockdown Parties Anti-Lockdown Parties
(1) @ ©) “) ) ©) (7) (8) ©) (10) (11) (12)
Log COVID CPC 0.543 0.382 0355  0.0598 0.0582  0.155  -0.613  -0.463 -0.437 -0.212  -0.107 -0.212
(0.414)  (0.295)  (0.285)  (0.305) (0.301)  (0.178)  (0.448)  (0.331) (0.319) (0.198)  (0.326) (0.198)
Hospitality Sector 0.0355  0.0209  0.0204 -0.0358  -0.0228  -0.0224
(0.0261)  (0.0202)  (0.0199) (0.0263)  (0.0219)  (0.0217)
Log COVID CPC x Top/Bottom Income -0.895**  -0.475  -0.468* 0.914**  0.515* 0.508*
(0.410)  (0.288)  (0.283) (0.413)  (0.310) (0.304)
Top/Bottom Income 0.0383  0.0440 0.0589** -0.0574*  -0.0370  -0.0574*
(0.0439)  (0.0459)  (0.0279) (0.0295)  (0.0470)  (0.0295)
Log COVID CPC x Hospitality Sector -0.545 -0.624  -0.723* 0.665 0.499 0.665
(0.709)  (0.704)  (0.387) (0.403)  (0.714) (0.403)
‘Log Population . 0000 -0.000* 20000 0.000  0.000* 0000 0.0000104*
(0.000)  (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Share Women 0.406 0.293 0.491 -0.664 -0.556 -0.740 -0.740
(0.623)  (0.612) (0.590) (0.635) (0.626) (0.596) (0.596)
Age: 0-20 -0.478  -0.579* -0.541 0.457 0.553 0.506 0.506
(0.345)  (0.347) (0.347) (0.353) (0.352) (0.359) (0.359)
Age: 21-35 0.159 0.167 0.128 -0.126 -0.133 -0.0905 -0.0905
(0.117)  (0.110) (0.100) (0.124) (0.116) (0.107) (0.107)
Age: 36-50 0.0880  0.0990 0.0967 -0.0776 ~ -0.0882  -0.0851 -0.0851
(0.0924)  (0.0922) (0.0907) (0.0988)  (0.0990)  (0.0972) (0.0972)
Age: 51-65 0.0128  0.0145 -0.00223 -0.0372  -0.0388  -0.0209 -0.0209
(0.132)  (0.127) (0.116) (0.140) (0.136) (0.125) (0.125)
Age: 65+ 0.359%**  0.358*** 0.388*** -0.351%%*  -0.350%** -0.383*** -0.383%**
(0.0925)  (0.0910) (0.0812) (0.0979)  (0.0966)  (0.0868) (0.0868)
Share Employed -0.204 -0.112  -0.289 0.195 0.275 0.119 0.275
(0.234) (0.343)  (0.247) (0.242) (0.259)  (0.346) (0.259)
N 358 354 354 358 358 354 358 354 354 354 358 354
R? 0.950 0.974 0.974 0.947  0.947 0.974 0.952 0.974 0.974 0.974 0.949 0.974
Municipality FEs v v v v v v v v v v v v
Year FEs v v v v v v v v v v v v

Notes: This table presents a difference-in-differences version of our analysis of the relationship between COVID-19 incidence and Madrid election vote shares as moderated by exposure to
the pandemic’s economic consequences. OLS estimates with robust standard errors, clustered by municipality, in parentheses. *p < .1; **p < .05; ***p < .01.
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F.4 Parallel Trends Assumption

FIGURE A10. Evidence of Parallel Trends in Vote Shares of Pro- and Anti-Lockdown Parties

(A) Pro-Lockdown Parties, by COVID-19 (B) Pro-Lockdown Parties, by COVID-19
Incidence Quartile Incidence Median

Vote Share of Pro-Lockdown Parties
Vote Share of Pro-Lockdown Parties

2005 2010 2015 2020 ‘ ‘ ‘
Year 2005 2010 2015 2020
—=e@—— First Quartile —=e— Second Quartile Year
—e— Third Quartle —e— Fourth Quartile [—e— Above Median —e— Below Median |
(C) Anti-Lockdown Parties, by COVID-19 (D) Anti-Lockdown Parties, by COVID-19
Incidence Quartile Incidence Median

45 5 .55 6
| | | |

Vote Share of Anti-Lockdown Parties
4
|

Vote Share of Anti-Lockdown Parties

2005 2010 2015 2020 84 ‘ ‘
Year 2005 2010 2015 2020
Y
—=@—— First Quartle =~ —@—— Second Quartile e
—=—— Third Quartle ~——@—— Fourth Quartile ‘ —&— Above Median ——— Below Median ‘

Notes: This figure shows that the combined vote shares of pro- and anti-lockdown parties in the 2021 Madrid re-
gional election have followed approximately parallel trends since the 2007 election. In the top row, municipalities
are divided by quartile of the logarithm of cumulative COVID-19 cases per capita as of the 2021 election (May
4). In the bottom row, they are grouped by whether their value of this variable is above or below the sample

median.
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F.5 Marginal Effect Plots

FIGURE A11. Marginal Effect of COVID-19 Incidence on Vote Shares of Pro- and Anti-
Lockdown Parties in Madrid Elections Across Proxies for Health Exposure

(A) Outcome = A Pro-Lockdown Vote Share; (B) Outcome = A Anti-Lockdown Vote Share;
Moderator = Elderly Share Moderator = Elderly Share

Marginal Effect of Treatment on Pro-Lockdown Vote
' S, o . b
]
Marginal Effect of Treatment on Pro-Lockdown Vote
(%,
1

T T T T T T T T T T
A 5 A 5

2 3 2 3
Moderator: Elderly Share Moderator: Elderly Share

(C) Outcome = A Pro-Lockdown Vote Share; (D) Outcome = A Anti-Lockdown Vote Share;
Moderator = Log Respiratory DPC Moderator = Log Respiratory DPC

Marginal Effect of Treatment on Pro-Lockdown Vote
Marginal Effect of Treatment on Pro-Lockdown Vote

AN AL

T T T T T T T T
0 .01 .02 .03 0 .01 .02 .03
Moderator: Log Respiratory DPC Moderator: Log Respiratory DPC

Notes: Marginal effects plots with 95% confidence intervals. Panels A and C correspond to column 4, panel A in
Table 2; panels B and D to column 8, panel A in the same table. Graphs generated using the interflex package
in Stata (Hainmueller, Mummolo, and Xu 2019).
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FIGURE A12. Marginal Effect of COVID-19 Incidence on Vote Shares of Pro- and Anti-
Lockdown Parties in Madrid Elections Across Proxies for Economic Exposure

(A) Outcome = A Pro-Lockdown Vote Share; (B) Outcome = A Anti-Lockdown Vote Share;
Moderator = Hospitality Share Moderator = Hospitality Share

o
I

0
h

Marginal Effect of Treatment on Anti-Lockdown Vote
Marginal Effect of Treatment on Anti-Lockdown Vote
o
!

T T T
2 3 4 0 1 2 4
Moderator: Hospitality Share Moderator: Hospitality Share

(C) Outcome = A Pro-Lockdown Vote Share; (D) Outcome = A Anti-Lockdown Vote Share;
Moderator = Top/Bottom Income Moderator = Top/Bottom Income

T
0

Marginal Effect of Treatment on Anti-Lockdown Vote
.('n .
|

Marginal Effect of Treatment on Anti-Lockdown Vote
o
!

o4
o 4

4 6 8 2 4 6
Moderator: Top/Bottom Share Moderator: Top/Bottom Share

Notes: Marginal effects plots with 95% confidence intervals. Panels A and C correspond to column 4, panel B in
Table 2; panels B and D to column 8, panel B in the same table. Graphs generated using the interflex package in
Stata (Hainmueller, Mummolo, and Xu 2019).
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F.6 Instrumental Variables Analysis

FIGURE A13. Geographical Distribution of Weather Instrument Components
(A) Rainfall (B) Temperature

(51.275002,73.165675]

(49.983795,51.275002]

(49.355099,49.983795] (7.0080686,7.3760662]

[46.452061,49.355099] [6.1681098,7.0080686]
i Weather Station

(7.5104876,8.7599243]
(7.3760662,7.5104876]
Weather Station

(3471.477,3528.433]
[3229.767,3471.477]

(71.966927,74.708991]
(70.210037,71.966927]
(69.773041,70.210037]
[61.458704,69.773041]

i Weather Station

(3690.882,5093.629]
(3528.433,3690.882]
Weather Station

Notes: Madrid municipalities are shaded by their quartile ranking on the four month-level components of our
weather instrument (defined in Equation 11): total rainfall (panel A), mean daily temperature (panel B), maxi-
mum wind speed (panel C), and rainfall x maximum wind speed (panel D) over the six months before the 2021
regional election (May 4). Diamonds represent weather stations from which measurements were taken. Data

were acquired from Spain’s State Meteorological Agency.
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