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Abstract

This study introduces the Political Violence in Tirkiye Event Dataset (POLVITED), a novel resource designed to provide
a more comprehensive estimation of political violence incidents and fatalities in Tirkiye. | argue that reporting biases,
along with variations in the scope and definitions of existing event datasets, significantly affect the quantitative study
of conflict and violence. To address these challenges, | employ the Matching Event Data by Location, Time, and
Type (MELTT) methodology to integrate data from the Global Terrorism Database (GTD) and the Uppsala Conflict
Data Programme Georeferenced Event Dataset (UCDP-GED). The findings reveal that UCDP-GED captures 60% of
political violence incidents in Turkiye, GTD records 40%, and only 15% of incidents are documented in both datasets.
By eliminating duplicate records and mitigating reporting bias, POLVITED offers a more comprehensive representation
of political violence in Turkey. Additionally, a comparison with official reports demonstrates that while reporting bias
cannot be entirely eradicated, data integration significantly enhances dataset coverage and reliability. This new data

will help researchers better understand the nature of violence and the relation between groups.
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Introduction

Research on terrorism and civil war has made significant
progress in uncovering the drivers and mechanisms behind
political violence, as well as its far-reaching consequences.
Scholars have developed sophisticated theoretical frame-
works and quantitative methods to analyze these phenomena,
deepening our understanding of conflict dynamics. However,
an important dimension remains underexplored: the inter-
connected nature of different forms of political violence.
Current research often isolates terrorism from civil war,
leaving unresolved questions about how these forms overlap
and influence each other. Additionally, the lack of universally
accepted definitions for various types of political violence
has created challenges in distinguishing between them, intro-
ducing ambiguity into both conceptual and empirical analy-
ses. This uncertainty is further reflected in the datasets used
to study political violence, where issues related to validity,
accuracy, and reliability often arise. In response to these
challenges, this study aims to advance the field by addressing
both the conceptual and methodological gaps that hinder a
comprehensive understanding of political violence.

To address these gaps, this study emphasizes the
importance of comprehensive datasets to better understand
the complexities of political violence. Definitions play a
crucial role in shaping the scope and focus of research on
terrorism and civil war, yet their variability across studies
has significant implications for empirical analyses. By
examining how definitions influence the categorization and
measurement of political violence, this paper contributes to
ongoing discussions about the reliability and comparability
of conflict datasets. Moreover, concerns about reporting
biases, a longstanding challenge in the field, call for
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innovative approaches to mitigate their impact and improve
the validity of data used in quantitative analyses.

This study leverages advancements in data integration
methodologies to address these challenges. Specifically,
I apply the Matching Event Data by Location, Time,
and Type (MELTT) method (Donnay et al. 2019) to
integrate two of the most widely used datasets on political
violence: the Global Terrorism Database (GTD) (LaFree and
Dugan 2007) and the Uppsala Conflict Data Programme
Georeferenced Event Dataset (UCDP-GED) (Sundberg
and Melander 2013). The MELTT method facilitates the
systematic identification and removal of duplicate records
across these datasets, enabling the creation of a novel
resource that contains uniquely coded events. This approach
not only eliminates redundancies but also provides a
more comprehensive and accurate representation of political
violence in Tiirkiye, addressing key methodological and
empirical gaps in the literature.

In this study, I use Tiirkiye as a case study to estimate the
total number of fatalities resulting from political violence
and to demonstrate how and when terrorism is used as a
tactic by rebel groups within the context of a civil war. This
estimation provides a clearer understanding and comparison
of the human cost of political violence as reported in
various datasets. Tiirkiye, which has experienced numerous
terrorist attacks, offers an ideal context for examining
the reporting of violent political incidents. Three key
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factors make it particularly suitable. First, the infrastructure
for news reporting has largely remained intact, ensuring
relatively consistent coverage. Second, the fluctuating levels
of political violence in Tiirkiye help minimize the risk of
reporting fatigue for specific types of events. Third, although
not entirely consistent or comprehensive, official reports on
political violence are accessible to researchers. These factors
collectively make Tiirkiye a relevant and informative case for
studying the dynamics and reporting of political violence,
as well as understanding the role of terrorism within civil
conflict.

Beyond the methodological suitability of Tiirkiye as a case
study, there is a clear need for a comprehensive dataset to
thoroughly investigate political violence within the country.
While the Committee on Human Rights Inquiry of the
Grand National Assembly of Tiirkiye provides official data
on terror-related fatalities up until 2012 (TBMM 2013),
accurate and systematic reporting on the human cost of
political violence has been lacking since then, particularly
for terrorist organizations other than the PKK. This study
addresses this gap by emphasizing the importance of reliable
and accessible data in a context where information is often
fragmented and difficult to obtain.

The contributions of this paper are threefold. First, it
establishes a theoretical link between terrorism and civil
war, emphasizing the overlapping concepts that introduce
ambiguities in data collection. Second, it demonstrates how
this theoretical framework can inform and guide empirical
research. Third, it provides statistical estimates of political
violence through the Political Violence in Tiirkiye Event
Dataset (POLVITED).

The structure of the paper is as follows: First, I examine
the importance of event datasets in conflict studies and
address the methodological concerns associated with their
use. Next, I discuss how integrating different datasets can
help mitigate these biases. Third, I describe the data and
methods employed in this study. In the results section, I
present the POLVITED dataset and discuss its significance.
Finally, I compare the officially published statistics on
fatalities from political violence with the POLVITED
dataset to assess its coverage. The paper concludes by
exploring potential directions for future research and the
policy implications of this novel dataset.

Theory

This section explores current debates in political science
regarding the use of event datasets in quantitative conflict
studies. After outlining the data collection methods
employed in event datasets, I discuss key statistical
and methodological concerns associated with their use.
Specifically, I focus on underreporting bias and definitional
ambiguities in the classification of political violence. These
challenges include the absence of a universally accepted
definition of terrorism, the methodological implications of
this gap, the varying criteria used to define civil wars, and
how these definitional differences impact research outcomes.
The section concludes by outlining how this paper aims to
address these issues, contributing to the development of more
reliable and comprehensive approaches to studying political
violence.
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Methodological Concerns of Data Collection on
Political Violence

Two primary biases are commonly discussed in the political
science literature as critical challenges to the reliability
of empirical studies using event datasets. The first is the
variation in scope and definitions employed by different
datasets, and the second is the reporting bias introduced by
news agencies, governmental archives, or non-governmental
organizations. Both biases significantly impact the accuracy
and reliability of conflict research.

This section evaluates these two biases, focusing on their
implications for empirical studies of political violence. It
also explores potential approaches to address and mitigate
these challenges, contributing to the development of more
robust methodologies in event dataset research.

Differences in Definitions and Scope of the Datasets
Each dataset relies on its own methodology and coding
rules to determine how events are classified and recorded.
A critical first step in creating any dataset is defining the
phenomena it aims to capture. In a field as contested as
conflict studies, reaching universally accepted definitions for
key concepts is particularly challenging. Sambanis highlights
how definitional differences among datasets can significantly
impact analyses. By applying the same probit model to
ten datasets—COW 1994, COW 2000, Collier and Hoeffler
2001 (Collier and Hoeffler 2004), Licklider 1995 (Licklider
1995), Gleditsch et al. 2001 (Gleditsch et al. 2001), Fearon
and Laitin 2003 (Fearon and Laitin 2003), Leitenberg 1991
(Leitenberg 2001), Regan 1996 (Regan 1996), Doyle and
Sambanis 2000 (Doyle and Sambanis 2000), and Sambanis
2004 (Sambanis 2004)—Sambanis demonstrates how these
differences can lead to overestimation or underestimation of
correlations between variables, or to variations in statistical
significance.

The discrepancies among these datasets often arise from
differences in coding rules, such as those governing the
onset and termination of civil wars, or the thresholds for
casualties required to classify a conflict as a civil war. These
inconsistencies pose significant challenges for researchers
attempting to compare findings across studies. To address
this issue, Sambanis advocates for a broader investigation of
political violence as a general phenomenon. By examining
when and how different forms of political violence emerge,
researchers can move beyond isolating civil war as a distinct
category and develop a more comprehensive understanding
of conflict dynamics (Sambanis 2004).

The definition and scope of political violence remain
contested within the field of political science. Political
violence is a broad concept encompassing various forms
of activity. One fundamental challenge in categorizing an
event as violence lies in defining what constitutes violence
itself (Mars 1975). Does violence refer exclusively to acts
involving physical force, or does it also include threats of
violence? Moreover, identifying an act as political violence
requires understanding its purpose and motivations—an
inherently complex and often subjective task (Mars 1975).

An alternative approach in empirical studies is to
categorize political violence into distinct types, such as
state repression, civil war, domestic violence, terrorism,
and electoral violence. However, these categories are not
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universally agreed upon, and their boundaries often remain
ambiguous. In this study, I focus on civil war and terrorism
to illustrate how different categories of political violence can
overlap, highlighting the challenges these overlaps pose for
empirical research and data collection.

Firstly, civil war can be defined as the use of force between
two organized parties to achieve political objectives. The
general prerequisites for an event to be classified as a civil
war include being perpetrated by organized groups, involving
reciprocal violence (as opposed to unilateral acts such as
pogroms or genocide), and challenging sovereign authority
(Sambanis 2004). However, empirical definitions of civil war
can vary significantly. For example, the Uppsala Conflict
Data Program (UCDP) defines armed conflict as ’a contested
incompatibility that concerns government or territory, over
which the use of armed force between the military forces
of two parties, at least one of which is the government of
a state, has resulted in at least 25 battle-related deaths each
year” (Gleditsch et al. 2002). In contrast, the Correlates of
War (COW) project defines civil war as “any armed conflict
that involved: (1) military action internal to the metropole of
the state system member; (2) the active participation of the
national government; (3) effective resistance by both sides;
and (4) a total of at least 1,000 battle-deaths during each year
of the war” (Sarkees and Wayman 2010).

The main empirical disputes over the definition of civil
war center around three key issues:

» Start and end dates: How should researchers code
the beginning and end of a civil war? Should the start
be marked by the first casualty, or only after a certain
threshold of violence is reached?

* Thresholds: What should the threshold for violence
be? Should it account for population differences
between countries (e.g., violence per capita), or should
it be an absolute number of casualties?

e Casualty classification: Should researchers include
civilian casualties in the count, or only consider battle-
related casualties?

These debates illustrate the complexity of operationalizing
civil war as a research concept (Sambanis 2004).

The answers to these definitional questions significantly
influence whether a country is classified as experiencing a
civil war and the specific years attributed to that conflict.
These variations impact the quantitative analysis of civil
wars, which often relies on numerical data and estimates
derived from existing datasets. In the country-year format
commonly used in such datasets, these differences are almost
inevitable, leaving researchers with limited control over
the decisions made in data collection and aggregation. In
contrast, event datasets provide researchers with greater
autonomy to define and control variables in their studies,
offering more flexibility compared to the rigid structure of
the country-year format.

Another form of political violence is terrorism, the
definition of which is even more debated and complex
than that of civil war (Ganor 2002; Weinberg et al. 2004;
Marsden and Schmid 2011; Schmid 2011a; Shanahan 2016).
A broad definition of terrorism involves the use or threat of
violence to instill fear and terror in the public to achieve
political objectives. However, as with civil war, identifying
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and classifying terrorist events is far from straightforward.
‘What constitutes a terrorist event, a terrorist individual, or a
terrorist group is a highly contested area of study.

Weinberg et al. analyze existing definitions of terrorism in
the literature, examining the frequency of specific elements
within these definitions (Weinberg et al. 2004). The emphasis
on particular definitional elements often varies depending on
the author’s field of study, region, or the period in which they
published their work. For example, while some definitions
highlight the threat of violence as a key characteristic of
terrorism, others exclude this element entirely. This diversity
in definitions underscores the lack of consensus in the field.

For instance, Ganor draws a clear distinction between
terrorists and rebels, arguing that attacking civilians is
the defining feature of terrorism. According to Ganor,
any group that targets civilians qualifies as a terrorist
organization, whereas guerrilla fighters exclusively target
military personnel (Ganor 2002). However, empirical studies
suggest that guerrilla groups frequently adopt terrorist
tactics, blurring the line between these categories (Stanton
2013; Fortna et al. 2020; Polo and Gleditsch 2016)..

The answers to these definitional questions significantly
influence whether a country is classified as experiencing a
civil war and the specific years attributed to that conflict.
These variations impact the quantitative analysis of civil
wars, which often relies on numerical data and estimates
derived from existing datasets. In the country-year format
commonly used in datasets, such differences are almost
inevitable, leaving researchers with limited control over
the decisions made in data collection and aggregation. In
contrast, event datasets provide researchers with greater
autonomy to define and control variables, offering more
flexibility compared to the rigid country-year format.

The lack of consensus among scholars on the definition
of terrorism has significant implications for terrorism
studies. For example, Kaczkowski et al. compare the
Global Terrorism Database (GTD) with U.S. governmental
reports and identify substantial discrepancies in the
reported location, type, perpetrators, and targets of attacks
(Kaczkowski et al. 2019). These differences stem from the
varying definitions of terrorism adopted by the GTD and the
U.S. government, illustrating how definitional ambiguities
can lead to inconsistencies in empirical findings.

Beyond the definitional ambiguities of political violence
concepts themselves, the distinctions between different types
of violence are also unclear. Both terrorism and civil war
share the objective of achieving political goals and often rely
on similar means. Several studies highlight that terrorism
is frequently employed as a tactic in civil wars by rebel
organizations (Fortna et al. 2020; Stanton 2013; Polo and
Gleditsch 2016). These findings suggest that the boundary
between terrorism and armed warfare is far from clear-cut;
instead, the two phenomena are deeply intertwined.

The theoretical and empirical challenges of defining polit-
ical violence concepts have significant repercussions for our
understanding of these phenomena. Ambiguities in defini-
tions and overlaps between categories hinder the develop-
ment of precise theoretical frameworks and complicate the
interpretation of empirical findings, underscoring the need
for more rigorous conceptualization in conflict studies.

https://doi.org/10.33774/apsa-2024-wg865 ORCID: https://orcid.org/0000-0001-9510-1397 Content not peer-reviewed by APSA. License: All Rights Reserved


https://doi.org/10.33774/apsa-2024-wg865
https://orcid.org/0000-0001-9510-1397

Journal Title XX(X)

Reporting and Underreporting Bias A second major
bias that can influence the results of analyses based
on conflict data arises from the nature of the data
collection process. Conflict data are typically compiled
from primary or secondary sources, rather than objective
observations of the phenomena. Instead, these datasets rely
on reports aggregated from external sources such as media
outlets, governmental or non-governmental organizations,
and other textual resources. Reporting bias, defined as the
systematic overreporting or underreporting of certain events,
is especially prevalent in media sources and has significant
implications for conflict research. This bias can directly
affect the dependent variable of the analysis, leading to errors
in the researcher’s conclusions.

Reporting bias can be broadly categorized into two types:
selection bias and description bias. Selection bias refers
to systematic differences in decisions to report specific
events based on their characteristics, such as location or
consequences. When the decision to report an event is non-
random and correlates with the event features included in
the analysis, it can skew the findings, leading to biased
conclusions.

Description bias, on the other hand, arises from variations
in the way the same event is reported. Factors such
as audience costs or the political orientation of the
reporting organization can lead to differing interpretations
or emphases. For example, one news outlet may portray an
event as highly consequential, while another might downplay
its significance or omit critical details. These variations
in content can propagate through event datasets, which
often rely on textual sources for data collection, ultimately
impacting the reliability and validity of the analysis.

The causes of reporting bias in conflict data can often
be traced to the interplay of demand and supply in news
production (Weidmann 2016), as well as the political context
in which a media outlet operates. Certain events receive
disproportionately high media coverage because they are
perceived as more engaging to the public. Events that
are surprising, dramatic, or culturally and geographically
relevant are more likely to become newsworthy (Galtung and
Ruge 1965). Additionally, urban centers tend to attract more
media attention than rural areas (Davenport and Ball 2002).
This discrepancy may stem from the relative ease of access
to urban locations for news agencies or the perception that
urban events hold greater interest for audiences.

Cubukcu and Forst compare official reports of terrorism
events in Tiirkiye with the Global Terrorism Database
(GTD) and uncover significant discrepancies in reporting.
They argue that these differences are not random but
rather influenced by “incident characteristics (victim/target,
offender, and incident types, temporal and spatial factors)
and rational factors (especially newsworthiness)” (Cubukcu
and Forst 2018).

Another significant source of reporting bias is the
political context of the media outlet. Democracies and
non-democracies differ substantially in how their press
systems operate. In non-democratic states, high levels of
public ownership of media often curtail political freedom
(Djankov et al. 2003). Direct government ownership
provides a mechanism for controlling which news is
broadcast or published. Furthermore, states can exercise
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indirect control through licensing requirements, taxation, or
legal restrictions on reporting (Whitten-Woodring and James
2012). This political environment often creates norms among
media owners and journalists, leading to self-censorship to
safeguard revenues or job security (Whitten-Woodring and
James 2012).

Drakos and Gofas argue that press freedom in democracies
inflates the number of recorded terrorism incidents,
making democracies appear more prone to terrorist attacks.
In contrast, underreporting in autocracies distorts the
relationship between regime type and terrorism activities
(Drakos and Gofas 2006). Similarly, Baum and Zhukov
examine how political regimes influence reporting during
the Libyan Civil War (Baum and Zhukov 2015). They
find that media in non-democratic states tend to be biased
toward the status quo, while democratic media often
favor revisionist narratives. This divergence reflects the
domestic political interests of the regimes in question. For
authoritarian regimes, the desire to delegitimize domestic
opposition influences how international events are covered,
often resulting in biased reporting that aligns with regime
objectives.

Although the literature extensively addresses bias in media
reporting, government and non-governmental organizations’
(NGO) reports are not exempt from reporting bias.
Government documents, particularly archival records, are
among the most commonly used sources of information.
However, archives are subject to three distinct forms of bias:
survival bias, transfer bias, and source selection bias (Lee
2022).

Survival bias refers to the destruction—whether inten-
tional or accidental—of archival documents. For example,
the air raid on Potsdam in 1945 destroyed a significant por-
tion of Germany’s archives, leaving researchers with limited
documentation on Germany’s World War II period. Transfer
bias arises because archival records are often physical docu-
ments that have not been digitized, making them susceptible
to loss or damage. This bias is particularly prevalent during
transfers between buildings, administrations, or custodians.
Although these biases may seem random, they are often
systematic; during crises, documents deemed important are
more likely to be preserved.

The most pervasive archival bias is source selection
bias, which reflects the tendency of governments to
document information aligned with their own interests
rather than providing a comprehensive summary of societal
events. Government records are frequently bureaucratic and
narrowly focused. For instance, various branches of the
Government of Tiirkiye collect information on military
personnel, civilians, and alleged terrorists killed due to
terrorism. However, only one document summarizing the
overall cost of terrorism was released to the public in
2013 during the Peace Process (TBMM 2013). Although
intelligence agencies, police, military, and other government
bodies maintain extensive records on terrorism, access to
these documents is often limited and contingent on specific
political contexts, such as peace negotiations.

The Peace Process (2013-2015) aimed to resolve the Kurdish question
during the early 2010s, with the Justice and Development Party (AKP)
and Abdullah Ocalan, the imprisoned leader of the PKK, serving as key
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NGO reports are also prone to bias, similar to government
reports. NGOs typically document issues that align with
their organizational missions. For instance, an NGO focused
on humanitarian aid for refugees will prioritize statistics
and reports related to refugees, while another focused on
children’s welfare will highlight issues concerning children.
Ideally, a diverse array of NGOs operating within a country
would provide researchers with a statistically accurate and
comprehensive picture. However, in war-torn countries, the
number of active NGOs is often insufficient. Furthermore,
NGOs may exaggerate the severity of situations to attract
international attention and funding. As such, researchers
must approach NGO reports with caution, recognizing the
potential for selective or exaggerated reporting.

Reporting bias has been a central topic of debate in
the political science literature for decades, and potential
solutions to this issue have been actively discussed. Kreutz
examines ambiguous cases in the Uppsala Conflict Data
Program (UCDP) dataset to assess the scope of this problem.
These unclear cases involve events with incomplete or
disputed information, making them challenging to code with
certainty. Kreutz finds that including these ambiguous cases
reveals a higher number of active conflicts in the 1980s than
previously estimated. This finding challenges the prevailing
notion that the bipolar world system was more stable than
the multipolar system (Kreutz 2015). This highlights how
the data sources and compilation methods used in conflict
studies can significantly influence the conclusions drawn.

Addressing Underreporting Bias One approach to miti-
gating underreporting bias is the mark and recapture esti-
mation method (Hendrix and Salehyan 2015). Originally
developed in ecology to estimate animal populations, this
technique involves capturing, tagging, and releasing a sample
of animals back into their habitat. A second sample is
then recaptured, and the proportion of tagged to untagged
animals is used to estimate the total population (Hendrix and
Salehyan 2015). Hendrix and Salehyan adapt this method to
the Social Conflict in Africa Database (SCAD) to estimate
underreporting bias, which can arise either from the choice
of data sources or during the aggregation process.

Addressing Description Bias The second type of reporting
bias, description bias, occurs when the same event is
reported differently or when certain details are obscured
due to varying interpretations. Since event datasets rely
on these sources, they inherit the biases present in the
original reports, leading to inconsistencies or systematic
distortions in the coded data. For instance, Davenport
and Ball analyze reports on Guatemalan state terror and
compare the reporting patterns of media outlets, government
documents, and NGO reports. They find that these sources
emphasize different aspects of the same events, leading to
significant discrepancies in how the events are represented
(Davenport and Ball 2002).

One proposed solution to address description bias in
event datasets is to record data at the report level (Cook
and Weidmann 2019; Weidmann and Rgd 2015). This
approach involves documenting individual reports rather
than aggregating them into single events during the initial
coding stage. While this method requires additional effort
and does not fully eliminate aggregation bias—since
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researchers must eventually combine multiple reports into
single events for statistical analysis—it provides greater
transparency. By maintaining report-level data, researchers
can make informed decisions about how to aggregate
information and remain aware of the aggregation process,
thereby reducing potential distortions.

Integration as a Solution

To address the challenges of reporting and description biases
in event datasets, researchers have increasingly turned to
integrating multiple datasets as a methodological solution.
This approach can enhance conflict studies by mitigating
the limitations inherent in individual datasets and providing
more comprehensive insights into political violence (Donnay
et al. 2019).

For instance, Polo and Gleditsch examine the use of
terrorist tactics in civil wars by linking actors from the
Uppsala Conflict Data Program (UCDP) to the Global
Terrorism Database (GTD) (Polo and Gleditsch 2016).
Similarly, Fortna et al. developed the Terrorism in Armed
Conflict dataset, which investigates the use of terrorism
by rebel groups by integrating the UCDP sample of rebel
organizations with START’s Global Terrorism Database
(Fortna et al. 2020). However, Fortna et al. focus specifically
on the names of civil war actors recorded in UCDP and
analyze their actions as recorded in the GTD. While this
effort provides valuable insights into one dimension of
political violence—terrorism perpetrated by rebel groups—it
does not capture the broader dynamics of political violence.

In another example, Stanton explores the relationship
between the use of terrorism in civil wars and the regime
type of the country (Stanton 2013). Such studies demonstrate
the potential of integrated datasets to reveal patterns and
relationships that remain obscured when relying on single-
source data.

These developments in the quantitative study of conflict
underscore the necessity for new integration methods.
Effective integration allows researchers to compare different
types of political violence, observe the evolution of terrorist
or rebel groups, and analyze processes leading to the
escalation of civil wars. No individual dataset is currently
sufficient to address these complex research questions. The
integration of multiple data sources, therefore, represents a
critical step forward in overcoming the limitations of existing
datasets and advancing the study of political violence.

In addition to enabling the comparison of different
forms of events, integration also helps detect reporting bias
(Donnay et al. 2019). Different datasets may omit variable
values in distinct ways. By integrating datasets that cover
the same or similar phenomena, researchers can compare the
discrepancies and gain insights into the nature of reporting
bias. Furthermore, access to information on civil wars is
inherently challenging, often leading to missing critical data.
For instance, the Uppsala Conflict Data Program (UCDP)
requires at least one known fatality and the involvement

actors. The process involved three main steps: Gradual withdrawal of PKK
elements from Tiirkiye’s territory, Implementation of democratic reforms
by the government, Integration of PKK members into political and civil life
following disarmament (Kose 2017).
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of a known organization to record an event. However, the
complex nature of civil wars can make it difficult to obtain
such information, resulting in some events going unrecorded.
Conversely, the Global Terrorism Database (GTD) records
events even when the perpetrator is unknown and in
cases where the event results in zero fatalities. Integrating
these datasets provides a more comprehensive and accurate
representation of political violence.

This paper demonstrates the integration of different
datasets covering diverse forms of political violence as
a means to address biases stemming from definitional
differences and reduce reporting bias. To achieve this, I
apply the Matching Event Data by Location, Time, and
Type (MELTT) method, a novel approach for automated
integration and disambiguation of event data (Donnay et al.
2019). By combining data on terrorism and organized
violence in Tiirkiye, I create a unique resource for studying
political violence: the Political Violence in Tiirkiye Event
Dataset (POLVITED).

Method

This study employs the Matching Event Data by Location,
Time, and Type (MELTT) method, an automated approach
for integrating and disambiguating event data, to create
a comprehensive dataset of political violence in Tiirkiye.
The dataset is designed to estimate the number of fatalities
resulting from political violence and to examine the
distinctions and overlaps between the Global Terrorism
Database (GTD) and the Uppsala Conflict Data Program
Georeferenced Event Dataset (UCDP GED). By using
Tiirkiye as a case study, this research also explores the
implications of dataset differences for quantitative conflict
studies. This section provides a detailed explanation of the
datasets used (UCDP GED and GTD) and the MELTT
method.

Tirkiye, which has experienced attacks by more than
25 different terrorist organizations in the past quarter-
century and has been engaged in a prolonged civil conflict
with the PKK, provides an ideal case for investigating
political violence. Countries experiencing political violence
often lack the infrastructure to adequately report incidents,
resulting in significant underreporting of violent events,
such as due to limited communication capacity. However,
Tiirkiye offers relatively accessible reporting on violent
events, making it a feasible context for quantitative research.

Although researchers can access some official reports
on political violence (TBMM 2013), these efforts are
not systematic enough to provide reliable data for
the international research community. Integrating datasets
on political violence in Tiirkiye is therefore essential
to regularly inform the international community about
estimates of political violence while also assessing
the accuracy of open-source datasets. Considering the
availability of data and the pressing need for more
comprehensive information, this study focuses on Tiirkiye
as a case to demonstrate the potential of integrating event
datasets to address reporting challenges and enhance our
understanding of political violence.
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Data

An essential step in integrating datasets is understanding
in detail what these datasets record and how they do so.
This section explains the coding rules and scope of the
Global Terrorism Database (GTD) and the Uppsala Conflict
Data Program Georeferenced Event Dataset (UCDP-GED).
Additionally, it highlights their methodological differences
and areas of overlap, providing a foundation for their
integration.

Global Terrorism Database As noted earlier, a universally
accepted definition of terrorism is absent in the field of
political science. To address this methodological challenge,
the GTD employs a set of criteria that reflect key
characteristics of terrorism while allowing researchers to
apply their own criteria as filters (LaFree and Dugan 2007).
For an incident to be included in the GTD, it must satisfy the
following three conditions:

1. The incident must be intentional — it must result
from a deliberate calculation by the perpetrator.

2. The incident must entail some level of violence or
immediate threat of violence — this includes both
violence against people and property damage.

3. The perpetrators of the incident must be sub-
national actors — acts of state terrorism are excluded
from the dataset.

These criteria aim to capture the defining elements of
terrorism while maintaining flexibility for researchers to
refine their analyses based on specific research objectives
(LaFree and Dugan 2007).

Furthermore, for an incident to be recorded in the GTD,
it must meet at least two of the following three additional
criteria:

1. Criterion 1: The act must be aimed at attaining
a political, economic, religious, or social goal. For
economic goals, the exclusive pursuit of profit does
not satisfy this criterion; the goal must involve the
pursuit of more systemic economic change (LaFree
and Dugan 2007).

2. Criterion 2: There must be evidence of an intention
to coerce, intimidate, or convey a message to a
broader audience beyond the immediate victims. The
act is evaluated as a whole, irrespective of whether
all individuals involved were aware of this intention.
As long as any planners or decision-makers intended
to coerce, intimidate, or publicize, this criterion is
satisfied (LaFree and Dugan 2007).

3. Criterion 3: The action must fall outside the
context of legitimate warfare activities as defined by
international humanitarian law. Specifically, it must
target non-combatants to be considered terrorism
(LaFree and Dugan 2007).

These criteria enable the GTD to distinguish acts of
terrorism from other forms of violence while allowing
flexibility for researchers to apply additional filters based on
their specific research needs.

The following table presents the number of events
recorded in the GTD for Tiirkiye between 1989 and 2019,
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categorized by the inclusion criteria they satisfy. The results
indicate that 28% of the recorded events do not meet the
third criterion, which requires actions to fall outside the
scope of legitimate warfare. This suggests that approximately
28% of the GTD events in Tiirkiye could potentially overlap
with incidents recorded in the UCDP-GED as part of armed
conflict events.

Table 1. Number of events in GTD based on inclusion criteria
(Turkiye, 1989-2019).

Number of Events

Criteria 1 and 2 799
Criteria2 and 3 28
Criteria 1 and 3 19
Criteria1,2and 3 2801

Inclusion Criteria

Uppsala Conflict Data Programme Georeferenced Event
Dataset The second dataset utilized in this analysis is the
Uppsala Conflict Data Programme Georeferenced Event
Dataset (UCDP-GED), which records incidents of organized
violence at the subnational level (Sundberg and Melander
2013). Unlike the country-year UCDP dataset, UCDP-GED
enables subnational analyses, providing a more granular
understanding of organized violence. The dataset adheres to
UCDP’s coding procedures and is compiled by human coders
who systematically extract information from a wide range
of sources, including news reports, NGO documents, case
studies, truth commission reports, and historical archives
(Eck and Hultman 2007; Sundberg et al. 2012; Sundberg and
Melander 2013).

UCDP-GED records individual incidents of armed
violence involving organized groups against other organized
actors or civilians. Each incident must result in at least one
known fatality to be included. This criterion aligns with
UCDP’s definition of active armed conflicts, which requires
at least 25 battle-related deaths in a calendar year. By
adopting this threshold, UCDP-GED ensures compatibility
with UCDP’s broader conflict definitions (Sundberg et al.
2012). Importantly, UCDP-GED serves as a complement to
UCDP, focusing on dyads and actors identified by UCDP
rather than incorporating entirely new data sources. Coders
track these dyads during both active years (those meeting
the threshold of 25 fatalities) and non-active years (Sundberg
and Melander 2013).

Another essential criterion for inclusion in UCDP-
GED is that incidents must involve organized violence.
Methodologically, this means the events must be perpetrated
by organized actors targeting other organized actors or
civilians. Consequently, riots, protests, and terrorist attacks
by non-organized or semi-organized actors are excluded
from the dataset.

Table 2. Total number of events in UCDP-GED by type of
violence (TUrkiye, 1989-2019)

Number of Events

State-based Violence 4861
Non-State Violence 14
One-sided Violence 442

Type of Violence
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UCDP-GED categorizes incidents of organized violence
in Tiirkiye into three main types: state-based violence, non-
state violence, and one-sided violence. The total number
of recorded events for each category is summarized in the
table 2. The majority of organized violence events in Tiirkiye
between 1989 and 2019 are classified as state-based violence.

MELTT Method

Matching Event Data by Location, Time, and Type
(MELTT) is an automated methodology for integrating
event datasets, providing researchers with a transparent
and reproducible framework to combine datasets based
on their research interests and criteria (Donnay et al.
2019). The method employs at least three taxonomies
for integration: geolocation, date, and a third taxonomy
chosen by the researcher. By leveraging these taxonomies,
MELTT identifies potential matched entries across the input
datasets. Researchers retain control over how the algorithm
applies the taxonomies, allowing for customization based on
specific requirements. Furthermore, MELTT can integrate an
unlimited number of datasets, making it a versatile tool for
event data analysis.

The first taxonomy employed by MELTT is geolocation
variables. Both the Global Terrorism Database (GTD)
and Uppsala Conflict Data Program Georeferenced Event
Dataset (UCDP-GED) include longitude and latitude data for
event locations. Longitude specifies how far east or west an
event is from the prime meridian at Greenwich, while latitude
indicates how far north or south it is from the Equator. These
coordinates are widely used in spatial analysis to determine
the precise location of events.

For this study, the geolocation interval for the MELTT
analysis was set at 100 kilometers. This distance corresponds
to the approximate range from a city center to its
administrative border in southeastern Tiirkiye, where the
majority of events occurred. Setting this interval ensures
that events coded at slightly different but nearby locations
are recognized as potential matches. At the same time, it
minimizes the risk of incorrectly matching events occurring
in different cities.

The second variable used by MELTT for integration is
the date. In the GTD, the date variable is already provided,
whereas the UCDP-GED records both the start and end
dates of events. For MELTT integration, I utilized the start
date from the UCDP-GED. Approximately 90% of UCDP
events are recorded with precise dates, as indicated by the
date_prec variable. Meanwhile, 97% of GTD events are
reported to last less than 24 hours. Based on this information,
I set a temporal window of 1 day for MELTT integration.
This ensures that only events recorded on the same day are
matched, minimizing the risk of misclassifying events that
occurred on consecutive days as duplicates.

The most critical step in the MELTT analysis involves
creating actor taxonomies, which serve as the foundation
for dataset integration. Different datasets often use varying
names, abbreviations, and formats for the actors involved in
political violence. For example, UCDP refers to the PKK,
while GTD uses Kurdistan Workers’ Party (PKK).

Identifying and reconciling these differences is essential
for MELTT integration. Actors that appear in only one
dataset retain their original coding within that dataset.
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However, for actors appearing in both datasets, I conducted
a thorough review of terrorist groups in Tiirkiye and their
histories to create a unified taxonomy. This taxonomy
facilitates accurate matching of actors across datasets and
ensures consistency in the integrated dataset. The resulting
taxonomy for actors coded in both datasets is outlined below:

Table 3. The names of actors

UCDP-GED GTD

al-Qaida Al-Qaida

IS Islamic State of Iraq and
the Levant (ISIL)

MKP Maoist Communist Party
(MKP)

PKK Kurdistan Workers’ Party
(PKK)

SDF Syrian Democratic

Forces (SDF)

Peace at Home Council
Devrimici Halk Kurtulus
Cephesi (DHKP/C)
Kurdish extremists
Kurdistan Freedom
Hawks (TAK)

Muslim extremists

Yurtta Sulh Konseyi
DHKP-C

Kurdish extremists
TAK

Muslim extremists

The final step in the MELTT analysis involves the
examination of duplicates to verify that the datasets have
been correctly matched. This step ensures that each matched
entry is accurate and that no mismatches have occurred.
Verification can be conducted in two ways: by manually
reviewing matched entries one by one or by checking
variables such as locations, the number of total casualties,
and attack types to confirm consistency across datasets.

Table 4. List of variables in UCDP-GED and GTD with
definitions

UCDP-GED GTD Definition

X X Row number in the
original dataset

id eventid Event ID in the original
dataset

type_of_violence  terrorism Type of violence *

date date Start date (UCDP-GED)

/ Event date (GTD)
longitude longitude Geolocation (longitude)
latitude latitude Geolocation (latitude)
actor_tax actor_tax Name of the actor involved

in the event *
death_a+death_b
+death_civilian nkill Number of fatalities
conflict_name - Name of the conflict
Dyad_name - Name of the conflict dyad
Side_a - Side A
Side b - Side B *

Active_year - Active conflict indicator

- attacktyp1 Type of attack

- tartype1 General type of the target
- tarsubtype1l  Detailed type of the target

Upon completing the MELTT analysis, the output
identifies matched events across the datasets but does not
automatically merge them beyond the variables designated as
taxonomies. In this study, MELTT produced a deduplicated
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index that included the dataset name, event code, date,
longitude, latitude, and actor taxonomy. Using the event
code and dataset name, I manually integrated the Global
Terrorism Database (GTD) and Uppsala Conflict Data
Program Georeferenced Event Dataset (UCDP-GED) into a
single unified dataset, referred to as the Political Violence in
Turkey Event Dataset (POLVITED). The variables included
in POLVITED are listed in Table 4.

For the integration process, UCDP-GED served as the
base dataset. When an event was matched across datasets,
its information was primarily sourced from UCDP-GED.
For events unique to a single dataset, the relevant data were
retained from their respective original sources. This approach
ensured comprehensive coverage while maintaining the
consistency and accuracy of the integrated dataset.

Results

This study aims to create a comprehensive dataset
encompassing events of political violence in Tiirkiye to
estimate the number of fatalities resulting from such
violence. To achieve this objective, the MELTT method
was applied to the Global Terrorism Database (GTD) and
the Uppsala Conflict Data Program Georeferenced Event
Dataset (UCDP-GED), as described in the previous section.

This section is organized as follows: First, T will
present the output of the MELTT analysis, including the
identification of duplicated events in GTD and UCDP-GED,
and discuss how these duplicates reveal differences in the
definitions of terrorism and organized violence. Next, I will
introduce the Political Violence in Turkey Event Dataset
(POLVITED), a product of the integration process, and
compare its scope and coverage to the original GTD and
UCDP-GED datasets. After evaluating the merged dataset
and the results of the MELTT analysis, I will provide
an estimate of the extent of political violence in Tiirkiye.
Finally, I will compare the findings from POLVITED with
officially released data to assess the comprehensiveness and
accuracy of the merged dataset.

MELTT Output

Using the specified temporal and spatial parameters, as well
as the actor taxonomies developed in this study, the MELTT
algorithm identified 895 events recorded in both datasets
as matches. Additionally, the analysis revealed that 2,752
entries in the Global Terrorism Database (GTD) and 4,422
Tentries in the Uppsala Conflict Data Program Georeferenced
Event Dataset (UCDP-GED) were unique to their respective
datasets (see Figure 2).

*For more information, please consult the codebooks of GTD or UCDP-
GED

TIndicates the actor’s involvement in the incident; it does not necessarily
mean the actor is the perpetrator (UCDP-GED).

n the merged dataset, GTD events are coded as “terrorism,” while the
dataset distinguishes four types of violence: state-based violence, one-sided
violence, non-state violence, and terrorism.

§In UCDP-GED, side_a refers to the government in events involving a
government and an organized armed group. The actor_tax is coded as side_b
unless side_b is “civilians.” In such cases, actor_tax refers to side_a.
TDuring the integration process, UCDP was used as the base dataset. Figure
2 displays 5,317 unique entries, comprising 4,422 unique events and 895
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Figure 1. The Output of MELTT analysis

Figure 3 illustrates the temporal distribution of events.
The upper panel displays the distribution of unique events
over time, while the lower panel shows the distribution of
duplicated events identified by the MELTT analysis. The first
graph represents the distribution of events on a weekly basis,
while the second graph aggregates the data annually. The
highest overlap between UCDP-GED and GTD is observed
in the years 1992, 1994, 2015, and 2016.*
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Figure 2. The Timeline of MELTT analysis

Matched Events

This section analyzes the duplicate events identified by
the MELTT algorithm to understand why both the Global
Terrorism Database (GTD), which records terrorism, and
the Uppsala Conflict Data Program Georeferenced Event
Dataset (UCDP-GED), which records organized violence,
included these events in their datasets.

A comparison of the types of violence, as shown in
Figure 3, reveals that matched events primarily fall under
the category of state-based conflict paired with terrorism.
This finding aligns with the fact that 91% of the organized
violence recorded in Tiirkiye consists of state-based conflict.
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However, this result also underscores the misconception that
terrorism operates independently of civil wars or armed
conflicts involving a government. Instead, the analysis
demonstrates that a significant proportion of terrorist activity
occurs within the broader context of such conflicts.

Number of matched events per year

150

3
8
==

Number of incidents

50

Ll PR \ 7 NN

1990 2000 2010 2020
Year

Type of Violence = state-based conflict == non-state conflict * * one-sided violence terrorism

Figure 3. The comparison of type of violence in matched

entries
§

POLVITED allows for a deeper understanding of how
and when rebel groups incorporate terrorist tactics within
their broader strategic repertoire. By identifying patterns in
the use of terrorism, we can assess whether such tactics
emerge as a tool for signaling strength or legitimacy, or as a
means of coercion in the absence of territorial control. Table
5 highlights the specific conflicts in which terrorism has
been employed. The prevalence of terrorism in the Turkey:
Kurdistan conflict, for instance, underscores its role as a key
strategy within the broader dynamics of organized violence.
Similarly, the inclusion of incidents targeting civilians or
government entities points to the dual utility of terrorism in
both direct engagement with adversaries and psychological
warfare.

The majority of incidents are associated with the conflict
labeled “Turkey: Kurdistan”, which accounts for 741 events
and underscores the prolonged and intense nature of violence
between the Turkish state and the Kurdistan Workers’ Party
(PKK). The second largest category, "PKK - Civilians”
(108 incidents), highlights the frequent targeting of non-
combatants, demonstrating how insurgent groups often
employ terrorist tactics within broader conflict campaigns.
Other notable categories, such as “Turkey: Government”
(18 incidents) and “Turkey: Islamic State” (13 incidents),
reveal the overlapping nature of state-based violence
and terrorism, particularly in cases where international
terrorist organizations, like ISIS, contribute to localized

duplicates. This discrepancy arises from a limitation of the visualization
integrated into the mellt package

§Note that data for 1993 from GTD were lost during the transition. I used
an additional data source Acosta and Ramos (2016) to account for this loss;
however, the data have a suprisingly low coverage for Turkiye in 1993.
Please keep this in mind when using the dataset
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violence.These results emphasize the relation between
terrorism and organized violence, with terrorism often
operating within the broader context of state-based or armed
conflicts rather than independently.

Table 5. Matched events categorized by conflict name (source:
UCDP), with percentages representing the proportion of the
total incidents

Conflict Name Groups Incidents
Turkey: Kurdistan PKK 741
PKK - Civilians PKK 108
Turkey: Government DHKP-C 8

TAK 7
Turkey: Islamic State 1S 13
IS - Civilians IS 9
TAK - Civilians TAK 3
SNA - SDF SNA & SDF 1
al-Qaida - Civilians al-Qaida 1
USA:Government al-Qaida 1

This next table examines the distribution of attack types,
weapon types, and target types in matched incidents. Attack
types reflect the general methods used by perpetrators, as
defined in the Global Terrorism Database (GTD) codebook.
Armed assaults (416 incidents) and bombings/explosions
(325 incidents) emerge as the most prevalent forms of
attack. Other methods, such as assassinations (65 incidents)
and hostage-taking through kidnappings (24 incidents)
or barricade incidents (2 incidents), illustrate targeted
and coercive strategies. Facility or infrastructure attacks
(12 incidents) and incidents with unknown methods (50
incidents) further highlight the diversity of tactics employed.

Weapon types similarly reveal the strategic preferences of
perpetrators. Firearms (434 incidents) and explosives (375
incidents) dominate, reflecting their accessibility and utility
in achieving various operational objectives. Less common
weapon types include incendiaries (16 incidents), which
cause fires, and melee weapons (2 incidents), used in close-
contact assaults.

Target type indicate the primary victims of violence.
Military forces (392 incidents) and police (199 incidents)
are the most frequently targeted, reflecting the intersection
of terrorism with state-based conflicts. Private citizens
and property (108 incidents) also feature prominently,
demonstrating the psychological toll on the public.

Political Violence in Turkey Event Dataset
(POLVITED)

This section details the merged dataset, POLVITED, and
evaluates the human cost of political violence in Tiirkiye by
analyzing the combined records of terrorism and organized
violence. By integrating two datasets with differing values
for the number of attacks and fatalities per year, POLVITED
provides a more comprehensive understanding of political
violence. Using Tiirkiye as a case study, this section
demonstrates the importance of a merged dataset in
accurately capturing the dynamics and impact of political
violence.

Between 1989 and 2019, the Global Terrorism Database
(GTD) recorded 3,647 terrorism events in Tiirkiye. During
the same period, the Uppsala Conflict Data Program
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Table 6. Distribution of attack types, weapon types, and target
types of matched events in Tirkiye between 1989 and 2019

Variable Category Incidents
Attack Type Armed Assault 416
Bombing/Explosion 325
Assassination 65
Unknown 50
Hostage Taking (Kidnapping) 24
Facility/Infrastructure Attack 12
Hostage Taking(Barricade Incident) 2
Hijacking 1
Weapon Type Firearms 434
Explosives 375
Unknown 68
Incendiary 16
Melee 2
Target Type Military 392
Police 199
Private Citizens or Property 108
Business 44
Government (General) 35
Transportation 34
Educational Institution 20
Terrorists/Non-State Militia 18
Utilities 17
Unknown 9
Journalists or Media 4
Violent Political Party 4
Tourists 4
Food or Water Supply 3
Airports or Aircraft 2
Government (Diplomatic) 1
Religious Figures/Institutions 1

Georeferenced Event Dataset (UCDP-GED) recorded 5,317
incidents of organized violence, extending its coverage
to 2020. In contrast, POLVITED, the merged dataset,
comprises 8,069 incidents of political violence, reflecting the
integration of both datasets while accounting for matched
and unique events.

The analysis reveals that 25% of terrorism incidents
recorded in GTD are also identified as organized violence in
UCDP-GED, meaning that one in every four terrorism events
exhibits characteristics of organized violence as defined
in the literature. Conversely, 15% of organized violence
events are simultaneously recorded as terrorism. These
findings underscore the interconnectedness of terrorism and
organized violence and highlight the value of integrating
datasets to capture the full scope of political violence.

Furthermore, the findings indicate that UCDP-GED
captures 60% of the total number of political violence
incidents, while GTD records 40% of these incidents. This
suggests that relying on only one of these datasets to analyze
violence associated with political aims leads to inaccurate
conclusions. For instance, a researcher investigating the
total number of fatalities in Tiirkiye resulting from political
violence would underestimate the fatalities if solely using
UCDP-GED. Conversely, combining UCDP-GED and GTD
without addressing duplicate entries would overestimate the
fatalities, as illustrated in Figure 7. The figure demonstrates
that incorporating GTD increases the estimated number of
fatalities compared to using UCDP-GED alone. However,
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Figure 4. Number of fatalities per year in POLVITED

failing to account for duplicates results in an overestimation
of the human cost of violence.

Figure 4 shows that the most lethal type of violence is
state_based violence. On the other hand, the state_based
violence and terrorism are the most common type of political
violence.

Number of Events

n
S
3
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Year

Type of Violence Non-state Conflict ** One-Sided Conflict =  State-based Violence == Terrorism

Figure 5. Number of political violence incidents per year in
POLVITED

Terrorist groups operating in Tiirkiye often function
through various branches, complicating their analysis. For
instance, one of the most recent lethal attacks in central
Istanbul was carried out by the Kurdistan Freedom Hawks
(TAK), a breakaway faction of the Kurdistan Workers’ Party
(PKK). The attack, which occurred on Saturday, December
10, 2016, killed 44 people, including 36 police officers and
8 civilians (Damon et al. 2016). TAK claimed the attack
as a response to recent clashes between the Turkish Armed
Forces and the PKK.

This incident is recorded in both the Global Terrorism
Database (GTD) and the Uppsala Conflict Data Program
Georeferenced Event Dataset (UCDP-GED), but with
notable differences. GTD lists the event as two separate
bombings targeting businesses and police forces in Istanbul,
each resulting in 24 fatalities (48 in total). In contrast,
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UCDP-GED records it as a single event categorized as state-
based violence between the Government of Tirkiye and
TAK, with 44 fatalities recorded (36 from the Government
of Tiirkiye, 7 civilians, and 1 unknown).

This example highlights the importance of tracking the
activities of different branches within a terrorist organization
for accurate analysis. Not only do rebel groups engage in
terrorist tactics directly, but their sub-branches also operate
independently to support the main group’s objectives. The
discrepancies between GTD and UCDP-GED in recording
this event underscore the need for a comprehensive dataset to
evaluate and reconcile differences, ensuring a more accurate
representation of political violence.

Comparison of POLVITED with Official Reports

Although various terrorist groups have carried out attacks
in Tiirkiye, the Kurdistan Workers’ Party (PKK) remains
the most active and impactful, making it the primary
security concern. Formed by Abdullah Ocalan in the late
1970s, the PKK initially sought to establish an independent
Kurdish state in southeastern Tiirkiye. Since 1984, the PKK
has engaged in periodic confrontations with the Turkish
Armed Forces while also employing terrorist tactics, such as
targeting civilians, to achieve its political objectives (Stanton
2013).

Number of Fatalities by Actor

1200 "
Solution Process

Between PKK and
Turkish Government

Number of Total Fatalities
P

— Islamic State of Iraq and the Levant (ISIL)

Actor Taxonomy
— Kurdistan Workers' Party (PKK)

Kurdistan Freedom Hawks (TAK)

*  Unknown

Figure 6. Number of fatalities of actors

The PKK’s strategy illustrates how a rebel group
can simultaneously function as a terrorist organization,
employing both guerrilla warfare and terrorism as tools
to pressure the government into making concessions. This
duality highlights the relevance of analyzing the PKK to
demonstrate how a single actor can be categorized differently
across datasets, such as those focused on organized violence
and terrorism. Furthermore, the complexity of the PKK’s
activities underscores the importance of integrating datasets
to capture the full scope of its operations. Additionally, the
availability of detailed statistics on PKK activities provides
an opportunity to validate the integration results, ensuring the
accuracy and comprehensiveness of the merged dataset.

I compare the records of violence involving clashes
between Turkish security forces and the Kurdistan Workers’
Party (PKK) with data published by the Committee on
Human Rights Inquiry of the Grand National Assembly of
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Tiirkiye in 2013. This report, covering the period from 1984
to 2012, provides a detailed account of violations of the right
to life associated with acts of terror and violence (TBMM
2013).

Number of Fatalities in TBMM Report and POLVITED

3000

2000

Number of Total Fatalities

1991 1994 1997 2000 2003 2006 2009 2012
Year

Data Source POLVITED -+ TBMM

Figure 7. Number of Fatalities in TBMM Report
1

A comparison of the official report by the Committee
on Human Rights Inquiry of the Grand National Assembly
of Tiirkiye (TBMM) with our merged dataset reveals that
the official report records a higher number of fatalities (see
Figures 9 and 10). This discrepancy arises because UCDP-
GED and GTD primarily rely on media reports, which
are susceptible to reporting bias, as discussed earlier. In
contrast, TBMM has access to local and national intelligence
documents, enabling it to capture killings or disappearances
that may not be reported by or escape the attention of the
media. As a result, such incidents are more likely to appear
in the official report while being missed in the UCDP-GED
and GTD datasets.

This finding aligns with the study by Cubukcu and Forst,
which compared confidential reports from the Turkish Police
Department with GTD and found significant underreporting
in GTD, particularly for events deemed less newsworthy
(Cubukcu and Forst 2018). Although discrepancies between
official and internationally recorded datasets are inevitable,
the overall patterns of political violence observed in the
merged dataset are consistent with those in the TBMM
report.

It is also important to note that the TBMM report
only covers a specific period, and other official accounts
of terrorist events remain inaccessible to the public. This
limitation underscores the importance of internationally
recorded datasets, such as UCDP-GED and GTD, for
tracking political violence comprehensively over extended
periods.

Conclusion

This paper aimed to create a novel dataset on political
violence to estimate the number of incidents and fatalities
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in Tiirkiye. In the process of constructing the dataset, the
study evaluated matched entries from the Global Terrorism
Database (GTD) and the Uppsala Conflict Data Program
Georeferenced Event Dataset (UCDP-GED) to theoretically
compare the definitions of terrorism and organized violence.
The analysis revealed that the distinction between terrorism
and organized violence becomes blurred in cases where rebel
groups, actively engaged in conflict with a government, use
terrorism as a strategic tool.

The findings suggest that UCDP-GED -captures 60%
of the total incidents of political violence, while GTD
records 40%. These results indicate that relying on a single
dataset leads to incomplete conclusions about political
violence. Integrating these datasets significantly increases
the coverage, providing a more comprehensive picture.
However, 15% of political violence incidents are recorded
in both datasets, necessitating a deduplication algorithm to
address double recordings during integration.

As a result of this integration, the Political Violence
in Turkey Event Dataset (POLVITED) was created,
encompassing incidents of terrorism and organized violence
in Tiirkiye from 1989 to 2020. POLVITED offers a unique
advantage by including detailed information on over 50
different actors at the event level, enhancing the dataset’s
utility for in-depth analyses.

A critical challenge in collecting data on political violence
is the nature of the actions being studied. These acts are
often illegal and occur in contexts where media access is
restricted, leading to under-reporting. For example, a major
issue in Tiirkiye is the phenomenon of murders committed
by unknown perpetrators (TBMM 2013). UCDP’s coding
rules exclude incidents involving unknown actors, which
significantly limits the recorded data in conflict zones.
By integrating GTD data, POLVITED addresses this
gap, including information on incidents perpetrated by
unknown actors. This makes the dataset a valuable resource
for analyzing both specific actors and events involving
unidentified perpetrators.

POLVITED opens new avenues for researchers to explore
questions that existing datasets cannot address. For instance,
it allows for an investigation into when and why rebel groups
employ terrorism as a strategy or transition from terrorism
to civil war. Additionally, researchers can examine whether
terrorist groups abandon civil wars after achieving their
objectives through terrorism. By including incidents with
zero fatalities and removing arbitrary thresholds for start
dates, POLVITED also enables the tracking of the evolution
of terrorist groups and their tactics over time.

In summary, POLVITED provides a robust, comprehen-
sive dataset for analyzing political violence in Tiirkiye,
bridging the gaps left by existing data collection efforts. This
integrated dataset not only enhances our understanding of
political violence but also offers a valuable tool for answer-
ing complex questions about the dynamics of terrorism and
organized violence.

9The official report includes only the number of fatalities of PKK terrorists
and civilians on yearly basis, excludes military personnel and police.
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