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Abstract

Voting Aid Applications (VAAs) are interactive tools that communicate information about elections,
yet their effectiveness in enhancing political knowledge and participation remains understudied. More-
over, traditional VAAs may disproportionately attract politically engaged users with already well-
formed ideological views, limiting their potential to inform a broader and less engaged electorate.
This paper introduces a novel “VAA Bot” that employs large language models (LLMs) and retrieval-
augmented generation (RAG) to deliver balanced, personalized information drawn from official party
platforms and public documents. We evaluate the VAA Bot’s impact across three experimental studies
aimed at young politically unaffiliated adults. The findings provide evidence that the VAA Bot im-
proves knowledge of party stances on issues of great importance to each user. However, when we focus
on respondents whose primary issue position aligns closely with one of the parties, we observe weaker
effects on downstream outcomes such as vote preferences and party evaluations. These findings con-
tribute to ongoing debates about the role of political information in shaping behavior and underscore

both the promise and the limitations of LLM-based tools for civic learning.
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1 Introduction

Since The American Voter (Campbell et al., 1960) first conceptualized party identification as a stable
psychological attachment to a political group, scholars have treated it as one of the most important pre-
dictors of political behavior. Across countries and time periods, this identity has shaped how individuals
vote, whether they turn out, how they interpret political issues, and how they evaluate candidates and
fellow citizens (Brader, Tucker and Duell, 2013; Green, Palmquist and Schickler, 2002; Huddy, Mason and
Aarge, 2015).

Yet a striking number of people, especially young people, do not identify with any political party.
According to the Comparative Study of Electoral Systems, nearly half (45%) of Americans express no
party preference, a figure that rises to 54% among those under 25 (CSES, 2016). This pattern is not
unique to the U.S.: younger citizens and recent immigrants across democracies are significantly less likely
to report a party attachment (Dalton and Wattenberg, 2002). These groups are far from marginal. In
recent U.S. elections, individuals under 25 have accounted for roughly 10% of the electorate, with millions
of new young voters entering the electorate each election cycle.

Despite their political importance, we know relatively little about how young people come to form
party identities. Decades of political socialization research have shown that family and peer influences
are critical in shaping how young people learn about politics and parties (Hyman, 1959; Jennings and
Niemi, 1968). Yet recent work finds that the intergenerational transmission of party identification is
often incomplete and ephemeral (Niemi and Jennings, 1991; Jennings, Stoker and Bowers, 2009; Hatemi
and Ojeda, 2021). Many young adults enter the electorate with limited political interest, low turnout
propensities, and little sense of party attachment (Campbell et al., 1960; Green, Palmquist and Schickler,
2002; Blais and Rubenson, 2013; Grumbach and Hill, 2022).

Why do so many young citizens remain politically unaffiliated? And what conditions help them
develop a meaningful party identification? While much attention has focused on pre-adult socialization
experiences, this paper explores a complementary mechanism: issue proximity. Building on classic models
of issue voting (Downs, 1957; Stokes, 1963) and an extensive empirical literature (Franklin and Jackson,
1983; Jackson, 1975; Kollman and Jackson, 2021; Goren and Chapp, 2017), we examine whether young
people can be drawn toward parties that more closely match their issue positions, especially when those
positions are clarified through direct engagement. Given that many voters are uncertain about where

parties stand (Alvarez, 1998), increasing the clarity and accessibility of party positions may foster a sense
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of alignment that leads to stronger partisan identities.

This study introduces and evaluates an innovative approach: a conversational, Al-powered Voting
Aid Application (VAA) chatbot designed to help politically disengaged users, particularly young inde-
pendents, identify which parties best align with their policy preferences on issues of greatest importance
to them. Unlike traditional VA As that rely on static online questionnaires, our chatbot engages users in
personalized, interactive conversations based on official party platforms, state voter guides, and speeches
at party conventions.

We conducted three experiments in the United States to assess whether this Al-assisted VAA improves
young independents’ understanding of party positions and encourages partisan identification. We find that
the VAA bot significantly increases subjects’ accuracy when locating parties on key issues, especially on
their self-identified “core concerns.” However, this boost in knowledge does not appear to produce stronger
partisan attachments or changes in vote intentions. These findings contribute to ongoing debates about
the role of political knowledge in party alignment and the promise and limits of Al tools for enhancing

democratic engagement.

Age, Political Engagement, and Partisan Identity

Age remains one of the most consistent predictors of political behavior. Across democracies, younger
voters are significantly less likely to participate in elections than older cohorts, a gap that persists across
time and countries (Jennings and Niemi, 1978; Smets, 2012; Angelucci, Carrieri and Improta, 2024; Sevi,
2021). In the United States, this disparity is especially stark, raising concerns about the representativeness
and inclusiveness of democratic participation.

Age-related gaps extend well beyond turnout. Young voters are also less likely to identify with a
political party and more prone to switching their partisan allegiances over time (Niemi and Jennings, 1991;
Green, Palmquist and Schickler, 2002). These patterns reflect both life-cycle effects, where individuals
gradually form stronger political identities with age, and generational effects shaped by distinct historical
and political environments (Tilley and Evans, 2014).

Another dimension of this age gap concerns political knowledge. On average, younger individuals
score lower on measures of political information than older voters (Stockemer and Rocher, 2017; Lupia,
2016). The size of these gaps depends on the type of knowledge being assessed. For example, the

differences are smaller when measuring political knowledge during an election, as politics becomes more
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salient (Jennings, 1996; Furnham and Gunter, 1987; Rosenqvist, 2020; Soule, 2001; Lau and Redlawsk,
2008; Stiers and Hooghe, 2021).

These differences in engagement, partisanship, and political knowledge raise important questions about
how younger and less politically involved individuals access and process political information, and what

tools might help bridge these divides.

Voting Aid Applications: A Tool for Bridging Gaps?

In response to these disparities, researchers and policymakers have developed Voting Aid Applications,
digital tools that match users’ policy preferences with the positions of political parties or candidates.
Rather than persuading users to support specific parties or candidates, VAAs help individuals identify
the party most aligned with their views. These tools are now widely used in democracies such as the
Netherlands, Germany, Switzerland, the U.K., Canada, and the United States. In some countries, their
adoption is exceptionally high: in the Netherlands, for example, the “StemWijzer” was used by nearly
40% of the electorate in 2006 (Kleinnijenhuis et al., 2007), and Germany’s “Wahl-O-Mat” reached over
15 million users during the 2017 federal election (Manavopoulos et al., 2018, p. 107).

The effectiveness of VAAs, however, remains a subject of debate. A recent meta-analysis reviewed
22 studies (17 observational and five experimental) using VAAs and found strong effects on self-reported
turnout and moderate effects on vote choice, though only small improvements in issue knowledge (Munzert
and Ramirez-Ruiz, 2021). Notably, these findings vary significantly by research design: observational
studies show large, positive impacts, while experimental studies often find modest or null effects (Munzert
and Ramirez-Ruiz, 2021). This pattern suggests that more politically engaged individuals are more likely
to use VA As, limiting the tool’s reach among the disengaged.

The key challenge is thus not whether VAAs work in general, but whether they can reach and mean-
ingfully influence those with lower levels of political engagement, especially younger voters. If VAAs
primarily serve the already-engaged, their democratic potential may be limited (Alvarez et al., 2014).
New approaches might be needed to make these tools more accessible, personalized, and appealing to a

broader range of users.
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From Static Surveys to Smart Conversations

Recent advances in natural language processing have paved the way for Conversational Agent Voting Aid
Applications (CAVAAs), chatbot-based tools that provide a more interactive and user-friendly experience
(Kamoen, McCartan and Liebrecht, 2021). Unlike traditional VAAs, which rely on static questionnaires,
CAVAAs engage users in dynamic conversations, adapting to their knowledge level and interests. Early
versions of these tools used deterministic rule-based systems, but new developments in large language
models (LLMs) allow for far more sophisticated interactions.

LLMs are trained on massive text datasets and are capable of producing human-like responses tailored
to individual users. They can explain political issues, clarify party stances, and guide users through
complex topics, all using accessible language. However, LLMs face a well-documented problem: they can
generate false or misleading information, or “hallucinations,” that may misinform users, particularly in
politically sensitive contexts.

To address this concern, our study uses a retrieval-augmented generation (RAG) framework that
grounds chatbot responses in verified political content.! We constructed a corpus that includes 73 state
party platforms (39 Democratic, 34 Republican), 19 state voter guides from 2022, and 12 national party
speeches or town halls from 2020 and 2023. Each document was divided into 512-token chunks and em-
bedded using OpenAl’s text-embedding-ada-002 model, which maps each chunk into a 1,536-dimensional
vector space. When users interact with the chatbot (OpenAIl’s GPT-4 in Studies 1 and 2; GPT-40 in
Study 3), their queries are mapped onto the same embedding space, retrieving relevant documents and
ensuring that responses are grounded in official party positions (For a schematic representation of the
workflow, see SI Appendix, Fig. 4). It is worth noting that even without RAG, advanced LLMs such
as those that we use in our studies exhibit high rates of factual accuracy, with professionally assessed
accuracy rates of 99.2% observed when debunking conspiracy theories, many of which are political in
nature Costello, Pennycook and Rand (2024).

To enhance engagement, the chatbot interface includes gamified features, such as unlockable dialogues
that encourage users to identify which party is closest to them based on the conversation (see Figure 1).
By combining official sources, open-ended dialogue, and engaging user experiences, the tool is designed
to meet younger and less engaged voters where they are.

Using this tool, we assess whether advanced, personalized VAAs can improve political knowledge

!"'While RAG-enabled VAAs are growing in popularity (Dieing, 2024; Vassos et al., 2024; Gittmann et al., 2024; Gemenis,
2024), existing studies focus more on implementation, factuality, and ethical considerations than on estimating their effects.
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and foster stronger party attachments among a demographic often overlooked in traditional political
outreach. More broadly, it contributes to the growing conversation about how Al can support informed
and inclusive democratic participation. While recent applications of large language models in politics
have stressed more troubling capabilities such as their ability to manipulate voters (Velez and Liu, 2024;
Costello, Pennycook and Rand, 2024; Bai et al., 2025; Crabtree et al., 2025; Chen et al., 2025), our study
points to the strengths of LLMs as information retrieval assistants (see also Ash, Galletta and Opocher
(2025)). Despite concerns over their political slant, these tools can provide balanced information with
proper prompting, aligning with recent work emphasizing the effectiveness of prompting on reducing

perceived political bias (Westwood, Grinner and Hall, 2025).

Data and Methods

To evaluate the impact of a dynamic, conversational Voting Aid Application (VAA) on political knowledge
and attitudes, we conducted three studies. Each study focused on politically unaffiliated participants

under 35, those who did not identify as either Democrat or Republican.?

e Study 1 includes 383 participants, aged 18-34, recruited through CloudResearch Connect. It was

conducted between November and December 12, 2023.

e Study 2 involved 505 participants, aged 18-34, recruited via Prolific. It ran from January 16 to 24,
2024.

e Study 3 included 2,000 participants, aged 18-34, recruited through YouGov. This study took place
from October 18 to November 4, 2024.

We opted for three studies for several reasons: First, Study 1 had a relatively small sample (383
participants), so we added two larger studies, especially Study 3, to improve statistical power. Second,
finding ample numbers of politically unaligned participants proved to be challenging in both Study 1 and
Study 2; we reached the maximum feasible sample sizes through those platforms. Finally, we partnered
with three reputable survey firms, CloudResearch, Prolific, and YouGov, to ensure high data quality
across studies.

All three studies were pre-registered prior to data collection (see Supplementary Materials for pre-

registration details). In each study, participants first completed a pre-treatment survey assessing their

2Participants were screened for political affiliation using data provided by each of the sample providers.
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Figure 1: Example of the chatbot interface. User messages are shown in blue, while bot responses are in
gray. After four exchanges, users are alerted to a “new feature” and prompted to ask which party aligns
closest with their views.

Where do the Republicans and Democrats stand on immigration?

The Republican Party generally favors stricter immigration controls and policies that prioritize national security, often advocating for stronger
border security and enforcement of existing immigration laws. The Democratic Party tends to support more comprehensive immigration reform,
including a pathway to citizenship for undocumented immigrants and protection for Dreamers. They also focus on humane treatment of immigrants
and refugees. Let me know if you need more specifics on any particular aspect of immigration policy!

Where do the parties stand on environmental policy?

The Democratic party generally emphasizes strong environmental protections and actions to combat climate change, often supporting regulations
and international agreements. In contrast, the Republican party typically prioritizes economic growth and energy independence, and may advocate
for fewer environmental regulations, emphasizing market-based solutions and the responsible development of natural resources. If you're looking
for more specifics, feel free to ask!

What about carbon capture?

The Democratic Party generally supports the development and implementation of carbon capture technologies as part of a broader strategy to
address climate change. The Republican Party may also recognize the potential of carbon capture but often emphasizes energy independence and
economic impacts, possibly favoring less regulation on the energy sector. If you're weighing the importance of carbon capture in your decision,
consider how each party integrates it into their environmental and energy policies.

Which party comes closest to my views?

To help you determine which party aligns with your views, could you tell me some of your top priorities or issues you care about? The Democratic
and Republican parties often have different stances on topics such as healthcare, the economy, and social issues.

| care about reducing climate change.

The Democratic Party typically emphasizes strong action on climate change, advocating for policies to reduce greenhouse gas emissions and
invest in renewable energy. In contrast, the Republican Party often prioritizes economic growth and energy independence, and while some
members support climate action, the party as a whole tends to be more cautious about regulations that could affect businesses. Let me know if you
need information on specific climate policies or other issues!

You've unlocked a new feature! Ask me which party is closest to you.

Knowledge Level
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political knowledge, issue preferences, party placements, and their self-identified “most important issue.”

They were then randomly assigned to one of two experimental conditions.

e Control: A placebo interaction with a “trivia bot” posing as Benjamin Franklin, which asked users

to guess its identity.

e Treatment: An interactive VAA bot that nudged participants to discuss differences between Repub-

licans and Democrats on their “core issue.”?

Following the interaction, all participants completed a post-treatment survey about party positions on
their issue and other polarized topics (e.g., gun rights, abortion), along with questions measuring party

attachments and attitudes. The participants were then thanked for their participation and debriefed.

Measuring participant engagement

A key concern in encouraging chatbot conversations is distinguishing meaningful from perfunctory user
dialogue. To assess participant engagement, we classified conversations using a locally hosted large lan-
guage model (Mistral’s Mistral Small 3.1 24B). Most interactions were constructive and involved genuine
information-seeking behaviors, with 70-86% of participants classified as “engaged.” Notably, engagement
levels were generally higher among those with party-aligned issues, suggesting that the bot was most rele-
vant to participants whose concerns could be connected to differences in party platforms (see SI Appendix,

section on Conversation Details).

Outcome Measures and Estimation Strategy

To assess the effects of the VAA bot, we estimate two sets of models. When estimating issue knowledge, we
simply compute the average treatment effect (ATE), with and without covariates. The covariate-adjusted

ATE is estimated using a linear model with HC2 robust standard errors:

Y, = ﬁo + ,31VAA Bot; + X;,@ + €, (1)

3We also assessed the performance of an “Ideology Bot” that mirrored the nature of the “VAA Bot,” but encouraged
participants to consider ideological differences between the parties. Exposure to this arm was crossed with the “VAA Bot”
arm in a 2x2 factorial design, such that participants could be assigned to two treatment bots, two placebo bots, or one of
each. Effect estimates are comparable across the different experimental conditions. Therefore, for this analysis, we pool
these treatment groups into a single experimental condition. Key findings are unaffected by analyzing the treatment arms
separately.
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where Y; is a measure of issue knowledge and X is a set of covariates including age, education, ideology,
political interest, gender, race (non-white = 1), pre-treatment measures of political knowledge, and a scale
capturing party placements for polarized issues such as abortion.

We rely on two measures of issue knowledge: core issue accuracy and general issue accuracy. Core
issue accuracy captures whether the participant can correctly identify which party is closest to them on
their core issue. This is coded as a binary item, where 1 reflects a correct answer. We expect /31 (i.e., the
treatment effect) to be positive in this model, reflecting accuracy increases due to the focused interaction
with the bot. To examine if there are second-order effects on a more general set of policies, we also
compute an accuracy score for policies such as immigration, abortion, and gun rights. This score is the
share of correct party placements. While we anticipate a positive treatment effect (/31) on general issue
accuracy as well, we expect it to be smaller in magnitude relative to the effect on core issue accuracy.
The VAA Bot’s focus on the individual’s core issue may lead to less pronounced learning about other
policy areas. However, it is plausible that the enhanced understanding of party positions gained through
the interaction could generalize to some extent, resulting in a modest improvement in accuracy on the
broader set of issues.

To examine how exposure to the VAA Bot affects evaluations of politically proximate parties, we
estimate Conditional Average Treatment Effects (CATEs) within subgroups defined by the proximity of
their core issue to either the Democratic or Republican Party. We deviate from our pre-analysis plan,
which specified estimating Average Treatment Effects (ATESs), because on reflection we realized that the
impact of proximity information will vary depending on individuals’ pre-existing issue alignments. If
an individual’s “core issue” aligns more closely with the Democratic (Republican) party, we expect the
treatment to promote Democratic (Republican) Party identification. Given these directional expectations,
we subset on participants who report an issue that is either aligned with the Democratic or Republican
Party when carrying out our analyses.

Table 1: Distribution of Human-Coded Issue Stance Categories, by Study

Issue Alignment CloudResearch Prolific  YouGov
Democratic-aligned Issue 69.2%  64.5% 42.4%
Republican-aligned Issue 11.5%  19.9% 13.9%
Both parties 9.2% 7.3% 15.7%
Neither Party 8.0% 7.1% 13.7%
No Issue Provided 2.0% 1.2% 14.4%

We hand-classify respondents’ positions on their “core issue” as being more proximate to either
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the Democratic or Republican Party. Across our three samples, between 42.4% and 69.2% reported a
Democratic-aligned issue (e.g., gun restrictions, abortion rights), while 11.5% to 19.9% cited a Republican-
aligned issue (e.g., reducing immigration). The remaining participants expressed positions that were ei-
ther supported by both parties (e.g., growing the economy; 7.3% to 15.7%), reflected issues without clear
party stances (e.g., artificial intelligence; 8.0% to 13.7%), or did not express an issue stance at all (2.0%
to 14.4%). In our analyses, the latter three are collapsed into a “no clear party” subgroup, whose results
are presented in the Supplementary Materials.

We estimate CATEs for each subgroup, presenting regression estimates with and without covariates.
We rely on two measures of downstream political outcomes: partisan affect and self-reported vote choice.*
These outcomes are moderately correlated, with Pearson correlation coefficients of 0.45, 0.47, and 0.35
across the three samples, respectively.

For party affect, we construct an additive index comprised of 101-point feeling thermometers toward
popular Republican and Democratic figures (Donald Trump, Joe Biden, Barack Obama, Bernie Sanders)
and general affect toward each party (Cronbach’s a@ = .67).° The additive scale is rescaled to range from
a minimum of zero to a maximum of 1 (z = .54; s = .23), with the lowest score indicating the most
pro-Republican sentiment and the maximum score indicating the most pro-Democratic sentiment.

For vote choice, we use a binary item measuring intention to vote for the Democratic Party in the
2024 general election (1 = Democratic Party; 0 = Republican Party).

In the case of downstream outcomes such as party affect and vote choice, we expect 81 to be positive for
those reporting a Democrat-aligned issue, reflecting more positive Democratic sentiment and an increased
desire to vote for Democrats. In contrast, we anticipate a negative 31 for those with a Republican-aligned
core issue (e.g., gun rights), indicating more positive Republican sentiment and a higher likelihood of
voting for Republican candidates. We do not have clear expectations about 8; among those who disclose
a valence issue or one where party positions are undifferentiated, and their results are relegated to the

Supplementary Materials.

4We also examine effects on the traditional 7-point party identification scale in the CloudResearch and Prolific samples,
but find no significant effect.
5The latter is measured using seven-point favorability scales, ranging from “least favorable” to “most favorable.”
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Results

Figure 2: Main Results

Study 1: CloudResearch Connect Study 2: Prolific Study 3: YouGov
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Treatment Effect Estimate

General @ Core @ Democratic-aligned @ Republican-aligned

1.1 Study 1: CloudResearch Connect

We assess whether the VAA Bot improves participants’ understanding of party positions on their self-
identified core issue. As shown in the left facet of Figure 2, being assigned to the VAA Bot condition
significantly increases the accuracy of party placements on these core issues (see Tables 1, 2, and 3
in Supplementary Materials for detailed estimates). Controlling for covariates, the estimated average
treatment effect (ATE) is a 10.7 percentage point (pp) increase in accuracy (SE = 5.2pp). To place these
estimates in context, we administered a three-item political knowledge battery in which participants were
asked to identify the offices held by Rishi Sunak, Kamala Harris, and Mike Johnson. The gap in accuracy
between participants with the lowest and highest scores on this scale was 8.6 percentage points.

In contrast, the intervention has only small and statistically imprecise effects on participants’ un-
derstanding of other politically salient issues, such as gun rights, immigration, and abortion (labeled as
“General” in the figure). These effects are minimal (a 3.8pp increase) with a standard error of similar
size (SE = 3.3pp). This suggests the VAA is effective at improving understanding of parties’ stances on

P13

participants’ “most important issue” but has limited effects on knowledge about other policy areas.
We also examine how the VAA affects partisan sentiment. Figure 2 (middle row) presents our subgroup

estimates. For participants whose core issue aligns with the Democratic Party, the effect on partisan
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sentiment is minimal (87 = .02pp; SE = 2.3pp). Among those aligned with a Republican-leaning issue,
the shift is modest (81 = 3.5pp; SE = 5pp). Overall, the VAA has limited impact on affective evaluations
of the parties. We also consider effects on intended vote choice (coded as 1 = Democrat, 0 = Republican).
The VAA leads to a modest shift in favor of Democrats among participants aligned with Democratic
issues: 4.9pp in the adjusted model (SE = 4.8pp). Among Republican-aligned participants, the shift
toward Democrats is larger but imprecisely estimated, 14.4pp (SE = 8.0pp) in the adjusted model.
Overall, the left facet of Figure 2 highlights that the VAA Bot effectively improves participants’
understanding of party positions on the issue they care about most. However, its influence on broader
issue knowledge, partisan sentiment, and vote intention is generally limited and statistically imprecise,

particularly when analyzed by subgroup.

1.2 Study 2: Prolific

We conducted a second study to obtain a more ideologically-balanced sample. As our CloudResearch
Connect sample skewed liberal, we relied on the sample provider Prolific to recruit young moderates and
conservatives. These efforts were largely successful, as we were able to nearly double the proportion of
self-identified conservatives in our sample from 9.9% in the CloudResearch Connect study to 19.0% in the
Prolific study.

As shown in the middle facet of Figure 2, we replicate our key findings from Study 1. Focusing on
the first row in the middle facet, we find that the effect of a VAA Bot on “core issue” accuracy is 16.76pp
(SE = 5.4pp), but weaker for general issue accuracy (51 = 2.5pp; SE = 3.1pp). Next, we recover limited
effects on partisan affect. Among participants with Democratic-aligned issues, the effect of a VAA Bot on
pro-Democratic sentiment is .36pp (SE = 2.2pp), whereas among those with Republican-aligned issues,
the effect is -1.1pp (SE = 5.9pp). Turning to vote choice, we find directionally consistent but imprecisely
estimated effects, with an effect of 0.9pp (SE = 5.3pp) among those with a Democratic-aligned issue and

-5.8pp (SE = 10.2pp) for those with a Republican-aligned issue.

1.3 Study 3: YouGov

Building on our promising findings regarding issue accuracy, the imprecise estimates for partisan leanings,
and the challenge of reaching additional young independents on CloudResearch Connect and Prolific, we
conducted a third study using the sample provider YouGov. YouGov is widely regarded as a leading

high-quality survey vendor (Rivers, 2016) and, for this study, was able to provide a large sample of
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young independents (N = 2,000). In contrast to Prolific and CloudResearch, participants in our YouGov
sample were less likely to select any ideological category, with 26.8% choosing that they had not “thought
much about” their ideology (compared to 5.2% and 5.5% in the CloudResearch and Prolific samples,
respectively).

Turning to the first row of the Figure 2 and the right-most facet, we once again observe an effect of
the VAA Bot on “core issue accuracy,” with a 12.3pp increase (SE = 2.8pp) in accuracy over the placebo.
We also detect a small and statistically significant increase in “general issue accuracy” (5.2pp; SE =
1.9pp). Next, turning to the middle row of the right-most facet, we once again observe minimal effects
on pro-Democratic sentiment, with Democratic-aligned participants shifting by -1.8pp (SE = 1.1pp) and
Republican-aligned participants moving by 1.3pp (SE = 2.3pp) when exposed to the VAA Bot. Similarly,
effects on vote choice are also small in magnitude. Those with Democratic-aligned issues are 1.3pp (SE =
3.3pp) less likely to report intending to vote for Democrats, whereas those with Republican-aligned issues

are 1.4pp (SE = 5.7pp) more likely to do so.

1.4 Overall Effects

We use random-effects meta-analysis with restricted maximum likelihood (REML) to summarize effects
across the three studies. On average, the VAA bot improves participants’ accuracy in locating the parties
on issues of personal importance by 12.7pp (95% CI: 8.4 to 17.1), with no statistically discernible evidence
of between-study heterogeneity (I = .02%; Q(2) = 0.73, p = 0.69). General issue accuracy also improves,
albeit by a smaller amount, with a meta-analytic estimate of 4.3pp (95% CI: 1.4 to 7.1). In contrast, the
pooled effect on pro-Democratic affect among Democratic-aligned participants is —1.2pp (95% CI: 3.0
to 0.7; 12 = 0%; Q(2) = 1.08, p = 0.58), and among Republican-aligned participants is 1.4pp (95% CI:
-2.4 to 5.3; I2 = 0%; Q(2) = 0.35, p = 0.84), with both effects statistically indistinguishable from zero.
Similarly, the effect on Democratic vote choice among Democratic-aligned participants is 0.7pp (95% CI:
~4.0 to 5.5; 17 = 0%; Q(2) = 1.10, p = 0.58). Among Republican-aligned participants, the estimated effect
is 4.0 percentage points (95% CI: —6.0 to 14.0; 12 = 27.4%; Q(2) = 2.93, p = 0.23). In sum, our findings
suggest a robust effect of VAA Bots on improving knowledge of where the parties stand on personally
relevant issues, with smaller effects on general issue accuracy and negligible effects on partisan sentiment

and vote choice.
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Discussion

The findings of this paper speak to a wide array of practical and theoretical concerns. The rapid devel-
opment of LLMs allows for scalable, personalized, and interactive instructional aids, while at the same
time raising the specter of algorithmic bias that distorts the information that is communicated. Here,
we show the feasibility of creating an even-handed LLM voting aid application that is trained directly on
the parties’ own public-facing documents. Although this tailored retrieval system does not rule out the
possibility of bias, our extensive pretesting of the VAA Bot suggests that this bespoke LLM accurately
characterizes the parties’ public stances on the myriad of topics. When put to the task of guiding large
samples of respondents who were asked about issues important to them, the VAA Bot acquitted itself well,
providing cogent and succinct characterizations of party stances on topics that divide the parties. When
respondents named core concerns that were vague or ideologically indistinct, the VAA Bot was appropri-
ately cautious about describing party differences. Moreover, the VAA Bot was sufficiently interactive and
engaging that roughly three-quarters of our respondents asked it one or more follow-up questions. Levels
of engagement with LLMs such as ours may improve in the future as user interfaces allow for audio-visual
animation.

LLMs offer a flexible and extensible form of voting aid application, but what are the effects of such
VAAs on those who interact with them? To what extent do VAAs make users more knowledgeable, in
this case about party platforms? In particular, to what extent do they transmit political information to
users such as young adults who lack party attachments? A dearth of randomized experiments has left
such questions unresolved.

Our study provides a fresh perspective on VAAs’ potential and limitations. We find clear evidence
that a randomly assigned conversation with a VAA Bot does increase subjects’ understanding of where
the parties stand on the issue that the respondent regards as most important to them. The estimated
average treatment effect of 12.7 percentage points is larger than the apparent knowledge gap in our sample
between those with a bachelors degree or higher and those lacking a high school diploma (11.5 percentage
points).

At the same time, our experiments reveal the limited effects that interaction with the VAA Bot had
on “general” knowledge of party stances on topics outside the user’s core concern. Public opinion scholars
since Converse (Converse, 2006) have noted that only a small portion of the public have a clear sense of

the ideological underpinnings of the parties’ platforms. Lacking a broad understanding of how political
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ideas fit together, many subjects who learned where the parties stand on an issue of personal importance
evidently had difficulty inferring the parties’ positions on other issues.

What about the downstream effects of learning the parties’ stances on core issues? Theories of
issue proximity-driven party evaluations imply that a substantial exogenous change in subjects’ perceived
closeness to one of the parties on a topic of personal importance would be consequential. Subjects who
learn that the Republican (Democratic) Party is closer to them on this core issue should express greater
support for the Republican (Democratic) Party and its leaders. Yet, in all three of our experiments,
subjects in the assigned treatment group do not change their ratings of the parties or partisan figures in
the predicted direction. Average treatment effects instead hover near zero, and the same is true for vote
preferences. Although intuition might suggest that voters would hew toward the party that is revealed to
be closer to them on their key issue, the average effect appears to be negligible. To our knowledge, this
experiment offers one of the clearest experimental assessments of the issue proximity hypothesis insofar
as it does not involve descriptions of hypothetical candidates or persuasive attempts to call attention to
issues to paint one of the parties in a favorable light. Here, the intervention is simply information about
the parties’ stances on an issue of importance to the subject.

That said, we acknowledge that we have focused on one particular segment of the electorate, young
adults who have yet to form a party attachment. Given their weak priors, we expected this group to
be especially responsive to information about party positions. However, it may be that subjects who
are recruited to a study in which they are randomly exposed to information about the parties are less
motivated to assimilate this information than the typical user of a voting aid application. A fruitful line
for future research is to measure (or encourage) intrinsic motivation at baseline in order to assess whether

it interacts with exposure to information about the parties’ positions.
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Supplementary Materials
“Chatbot-driven Voting Aid Applications Increase Knowledge about Party
Positions but Do Not Change Party Evaluations”

Pre-registration

<= ASPREDICTED Wharton

UNIVERSITY of PENNSYLVANIA

What are the attitudinal effects of chatting with a bot about politics? (#150713)

Author(s) Pre-registered on: 2023/11/12 - 08:56 AM (PT)
This pre-registration is currently anonymous to enable blind peer-review.
It has 3 authors.

1) Have any data been collected for this study already?
No, no data have been collected for this study yet.

2) What's the main ion being asked or is being tested in this study?
What is the effect of a conversation with an artificial intelligence expert on respondents' knowledge of where parties stand on important current issues and

their own reported party identification?

3) Describe the key dependent variable(s) specifying how they will be measured.

-- Views on several policy positions (measured pre and post conversation). Our key outcome measure is whether participants can correctly identify which
party is aligned with them on a deeply-held issue (binary). Additionally, we will measure whether participants can accurately match the parties to a variety
of issue positions, including supporting gay marriage, supporting gun rights, and opposing abortion (share of correct answers).

-- Respondents' party identification (measured pre and post conversation with the artificial intelligence expert). Five measures will be used to gauge shifts
in partisanship: a favorability measure asking participants to report their favorability toward the two parties; a measure of how closely the participant
identifies with the party; a set of seven items capturing policy preferences; a prospective vote choice measure about the 2024 election; and a set of feeling
thermometers capturing attitudes toward prominent members of the Democratic and Republican Party.

4) How many and which iti will partici be assi; to?
Two conditions: talk to an artificial intelligence expert about where the parties stand on important current issues (treatment) or play a trivia game with an

artificial intelligence expert (control). Both conditions will talk to an artificial intelligence expert.

5) Specify exactly which analyses you will conduct to ine the main
We will estimate linear models with HC2 robust standard errors. Our models will include a treatment indicator and set of pre-treatment covariates (age,

gender, ideology, education, race, political interest, political knowledge, and pre-treatment scores on a party-policy matching task). We expect a positive
average treatment effect (ATE), such that assignment to the political Al will (1) increase knowledge of where the parties stand, especially on an issue that is

important to the respondent and (2) increase the likelihood of identifying with one of the two parties as well as the strength of identification.

6) Describe exactly how outliers will be defined and handled, and your precise rule(s) for excluding observations.
We will exclude any cases where participants do not click our link on Qualtrics (and therefore are never assigned a condition).

7) How many observations will be collected or what will determine sample size? No need to justify decision, but be precise about exactly how the
number will be determined.

Our goal is to recruit 400 individuals who have a conversation with an artificial intelligence expert.

8) Anything else you would like to pre-register? (e.g., secondary analyses, variables collected for exploratory purposes, unusual analyses planned?)
We will examine whether the treatment effect varies substantially with age; we expect stronger effects among younger respondents and, more generally,

those with little information about or interest in politics.

We will measure the number of exchanges with the artificial intelligence expert, as well as the time taken to complete the task as intermediate outcomes
akin to manipulation checks.

Available at https://aspredicted.org/qw67-23cr.pdf

Version of AsPredicted Questions: 2.00

Figure 1: Pre-registration for Study 1
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<= ASPREDICTED Wharton

UNIVERSITY of PENNSYLVANIA

What are the attitudinal effects of chatting with a bot about politics? Study 2 (#158149)

Author(s) Pre-registered on: 01/16/2024 06:40 AM (PT)
This pre-registration is currently anonymous to enable blind peer-review.
It has 3 authors.

1) Have any data been collected for this study already?
No, no data have been collected for this study yet.

2) What's the main question being asked or hypothesis being tested in this study?
What is the effect of a conversation with an artificial intelligence expert on respondents' knowledge of where parties stand on important current issues and
their own reported party identification?

3) Describe the key dependent variable(s) specifying how they will be measured.

-- Views on several policy positions (measured pre and post conversation). Our key outcome measure is whether participants can correctly identify which
party is aligned with them on a deeply-held issue (binary). Additionally, we will measure whether participants can accurately match the parties to a variety
of issue positions, including supporting gay marriage, supporting gun rights, and opposing abortion (share of correct answers).

-- Respondents' party identification (measured pre and post conversation with the artificial intelligence expert). Five measures will be used to gauge shifts
in partisanship: a favorability measure asking participants to report their favorability toward the two parties; a measure of how closely the participant
identifies with the party; a set of seven items capturing policy preferences; a prospective vote choice measure about the 2024 election; and a set of feeling
thermometers capturing attitudes toward prominent members of the Democratic and Republican Party.

4) How many and which diti
Factorial design: First, participants will be randomized to either (1) talk to an artificial intelligence (Al) expert about the meaning of liberalism and
conservatism (ideology bot condition) or (2) play a trivia game. Then, participants will be randomized to either (1) talk to an artificial intelligence expert

will partici be assigned to?

about where the parties stand on important current issues (VAA bot condition) or (2) play another trivia game. All subjects will interact with a chatbot in
some way, whether in the treatment or placebo condition.

5) Specify exactly which analyses you will conduct to ine the main ion/hyp

We will estimate linear models with HC2 robust standard errors. We will adjust for a set of pre-treatment covariates (age, gender, ideological

self-identification, scores on a policy attitudes scale, education, race, political interest, political knowledge, and scores on a party-policy matching task). We
will separately estimate main effects for the ideology bot and VAA bot conditions. We will also estimate an interaction model with treatment-by-treatment
interactions, adjusting for the covariates above.

6) Describe exactly how outliers will be defined and handled, and your precise rule(s) for excluding observations.
We will exclude any cases where participants do not click our link on Qualtrics (and therefore are never assigned a condition).

7) How many observations will be collected or what will determine sample size? No need to justify decision, but be precise about exactly how the
number will be determined.

Our goal is to recruit 500 individuals.

8) Anything else you would like to pre-regi ? (e.g., dary I variables
We plan to assess CATEs across levels of political interest (median split), political knowledge (median split), scores on the party-policy matching task

d for expl y purposes, unusual analyses planned?)

(median split), ideological self-identification (liberal, moderate, conservative), and scores on the policy attitudes scale (median split).

Available at https://aspredicted.org/x8yp-m8qgh.pdf

Version of AsPredicted Questions: 2.00

Figure 2: Pre-registration for Study 2
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<= ASPREDICTED Wharton

UNIVERSITY of PENNSYLVANIA

What are the attitudinal effects of chatting with a bot about politics? (#194783)

Author(s) Pre-registered on: 10/18/2024 01:35 PM (PT)
This pre-registration is currently anonymous to enable blind peer-review.
It has 2 authors.

1) Have any data been collected for this study already?
No, no data have been collected for this study yet.

2) What's the main question being asked or hypothesis being tested in this study?
What is the effect of a conversation with an artificial intelligence expert on respondents' knowledge of where parties stand on important current issues and
their own reported party identification?

3) Describe the key dependent variable(s) specifying how they will be measured.

-- Views on several policy positions (measured pre and post conversation). Our key outcome measure is whether participants can correctly identify which
party is aligned with them on a deeply-held issue (binary). Additionally, we will measure whether participants can accurately match the parties to a variety
of issue positions, including supporting gay marriage, supporting gun rights, and opposing abortion (share of correct answers).

-- Respondents' party identification (measured pre and post conversation with the artificial intelligence expert). Five measures will be used to gauge shifts
in partisanship: a favorability measure asking participants to report their favorability toward the two parties; a measure of how closely the participant
identifies with the party; a set of seven items capturing policy preferences; a prospective vote choice measure about the 2024 election; and a set of feeling
thermometers capturing attitudes toward prominent members of the Democratic and Republican Party.

4) How many and which will partici be assigned to?

Two-arm design: Participants will be randomized into one of two groups: (1) interact with an artificial intelligence expert (VAA bot) to learn about where
political parties stand on important issues; (2) play a trivia game against a chatbot.

5) Specify exactly which analyses you will conduct to ine the main ion/hyp

When estimating effects on "issue accuracy," or the capacity for participants to correctly identify where the parties stand on core issues and more distal
issues, we will estimate linear models with HC2 robust standard errors. We will adjust for a set of pre-treatment covariates (age, gender, ideological
self-identification, scores on a policy attitudes scale, education, race, political interest, political knowledge, and scores on a party-policy matching task).

When estimating effects on party evaluations and identification, we will divide participants into three groups based on each party's proximity to the voter
on their core issue: those with Republican-aligned core issues, those with Democrat-aligned core issues, and those who report a valence issue or one where
the parties do not diverge (Neither). We will estimate the same models as above within each of these subgroups. Additionally, we will estimate an
alternative specification where party-relevant outcome variables are recoded so that higher values indicate greater support for the party more closely
aligned with the participant's core issue. In these analyses, we will subset only on participants in the Republican-aligned and Democrat-aligned subgroups,
since these are the only groups where a match between the party and issue stance can be established.

6) Describe exactly how outliers will be defined and handled, and your precise rule(s) for excluding observations.
We will exclude any cases where participants do not click our link on YouGov (and therefore are never assigned a condition).

7) How many observations will be collected or what will determine sample size? No need to justify decision, but be precise about exactly how the
number will be determined.
Our goal is to recruit 2,000 unaligned individuals.

8) Anything else you would like to pre-regi ? (e.g., y variables d for exp y purposes, unusual analyses planned?)

We plan to assess CATEs across levels of political interest (median split), political knowledge (median split), scores on the party-policy matching task

(median split), ideological self-identification (liberal, moderate, conservative), and scores on the policy attitudes scale (median split).

Available at https://aspredicted.org/y8mr-Shg4.pdf

Version of AsPredicted Questions: 2.00

Figure 3: Pre-registration for Study 3
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Main Model Estimates
Study 1: Cloud Research

Table 1: Issue Accuracy Analysis (Study 1)

Core Issue Accuracy General Issue Accuracy
No Covariates With Covariates No Covariates With Covariates
Treatment 0.110* 0.107* 0.029 0.038
(0.051) (0.052) (0.033) (0.033)
Num.Obs. 311 311 311 311
R2 0.015 0.066 0.002 0.100
Control Mean 0.656 0.656 0.818 0.818

Note: This table presents the results of the Issue Match Analysis in Study 1. The models estimate the effect
of treatment on both core and other issue matches, with and without covariate adjustment.
Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, *** p < 0.001

Table 2: Conditional Average Treatment Effects (CATEs) on Pro-Democratic Party Af-
fect by Core Issue Subgroup (Study 1)

Democrat-aligned Republican-aligned

No Covariates With Covariates No Covariates With Covariates

Treatment 0.008 0.000 0.047 0.035
(0.024) (0.024) (0.054) (0.051)
Num.Obs. 265 265 46 46
R2 0.000 0.125 0.017 0.353
R2 Adj. —0.003 0.080 —0.006 0.143
Control Mean 0.608 0.608 0.242 0.242

Note: This table reports the Conditional Average Treatment Effects (CATEs) for different subgroups
(Democrat-aligned, Republican-aligned, and No clear party) on an additive index measuring party
affect. This scale ranges from pro-Republican sentiment to pro-Democratic sentiment. Models are
estimated both with and without covariates with HC2 clustered standard errors.

Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, ¥*** p < 0.001

Table 3: Conditional Average Treatment Effects (CATEs) on Vote Choice by Core Issue
Subgroup (Study 1)

Democrat-aligned Republican-aligned

No Covariates With Covariates No Covariates With Covariates

Treatment 0.062 0.049 0.190* 0.144+
(0.051) (0.048) (0.080) (0.080)
Num.Obs. 265 265 46 46
R2 0.006 0.170 0.113 0.399
R2 Adj. 0.002 0.127 0.093 0.204
Control Mean 0.750 0.750 0.000 0.000

Note: This table reports the Conditional Average Treatment Effects (CATEs) for different subgroups
(Democrat-aligned, Republican-aligned, and No clear party) on vote choice (1 = Democratic Party;
0 = Republican Party). Models are estimated both with and without covariates.

Significance levels: + p < 0.1, ¥ p < 0.05, ** p < 0.01, *** p < 0.001
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Study 2: Prolific

Table 4: Issue Match Analysis (Study 2)

Core Issue Accuracy General Issue Accuracy
No Covariates With Covariates No Covariates With Covariates
Treatment 0.169** 0.168** 0.021 0.025
(0.055) (0.054) (0.034) (0.031)
Num.Obs. 426 426 426 426
R2 0.024 0.070 0.001 0.164
Control Mean 0.518 0.518 0.832 0.832

+ p<0.1, * p<0.05 * p<0.01, *** p < 0.001

Table 5: Conditional Average Treatment Effects (CATEs) on Pro-Democratic Party Af-
fect by Core Issue Subgroup (Study 2)

Democrat-aligned Republican-aligned

No Covariates With Covariates No Covariates With Covariates

Treatment 0.009 0.004 —0.023 —0.011
(0.023) (0.022) (0.068) (0.059)
Num.Obs. 326 326 100 100
R2 0.000 0.130 0.002 0.264
R2 Adj. —0.003 0.096 —0.008 0.162
Control Mean 0.574 0.574 0.364 0.364

Note: This table reports the Conditional Average Treatment Effects (CATEs) for different subgroups
(Democrat-aligned, Republican-aligned, and No clear party) on an additive index measuring party
affect. This scale ranges from pro-Republican sentiment to pro-Democratic sentiment. Models are
estimated both with and without covariates.

Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, *** p < 0.001

Table 6: Conditional Average Treatment Effects (CATEs) on Vote Choice by Core Issue
Subgroup (Study 2)

Democrat-aligned Republican-aligned

No Covariates With Covariates No Covariates With Covariates

Treatment 0.013 0.009 —0.086 —0.058
(0.057) (0.053) (0.103) (0.102)
Num.Obs. 324 324 99 99
R2 0.000 0.197 0.009 0.227
R2 Adj. —0.003 0.166 —0.001 0.119
Control Mean 0.703 0.703 0.211 0.211

Note: This table reports the Conditional Average Treatment Effects (CATEs) for different subgroups
(Democrat-aligned, Republican-aligned, and No clear party) on vote choice (1 = Democratic Party;
0 = Republican Party). Models are estimated both with and without covariates.

Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, *** p < 0.001
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Study 3: YouGov

Table 7: Issue Accuracy Analysis (Study 3)

Core Issue Accuracy

General Issue Accuracy

No Covariates

With Covariates

No Covariates

With Covariates

Treatment 0.140*** 0.123*** 0.069** 0.051%*
(0.029) (0.028) (0.022) (0.019)
Num.Obs. 1124 1124 1124 1124
R2 0.020 0.145 0.008 0.294
Control Mean 0.517 0.517 0.540 0.540

Note: This table presents the results of the Issue Match Analysis in Study 3. The models estimate the effect of treatment
on both core and other issue matches, with and without covariate adjustment.
Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, *¥** p < 0.001

Table 8: Conditional Average Treatment Effects (CATEs) on Pro-Democratic Party Af-
fect by Core Issue Subgroup (Study 3)

Democrat-aligned

With Covariates

Republican-aligned
With Covariates

No Covariates No Covariates

Treatment —0.016 —0.018 0.012 0.014
(0.012) (0.011) (0.024) (0.023)
Num.Obs. 847 847 277 277
R2 0.002 0.065 0.001 0.105
R2 Adj. 0.001 0.050 —0.003 0.061
Control Mean 0.502 0.502 0.454 0.454

Note: This table reports the Conditional Average Treatment Effects (CATEs) for different subgroups
(Democrat-aligned, Republican-aligned, and No clear party) on an additive index measuring party
affect. This scale ranges from pro-Republican sentiment to pro-Democratic sentiment. Models are
estimated both with and without covariates with HC2 clustered standard errors.

Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, ¥** p < 0.001

Table 9: Conditional Average Treatment Effects (CATEs) on Vote Choice by Core Issue
Subgroup (Study 3)

Democrat-aligned

With Covariates

Republican-aligned
With Covariates

No Covariates No Covariates

Treatment —0.007 —0.015 0.017 0.015
(0.034) (0.033) (0.057) (0.056)
Num.Obs. 844 844 274 274
R2 0.000 0.054 0.000 0.085
R2 Adj. —0.001 0.039 —0.003 0.039
Control Mean 0.616 0.616 0.313 0.313

Note: This table reports the Conditional Average Treatment Effects (CATEs) for different subgroups
(Democrat-aligned, Republican-aligned, and No clear party) on vote choice (1 = Democratic Party;
0 = Republican Party). Models are estimated both with and without covariates.

Significance levels: + p < 0.1, ¥ p < 0.05, ** p < 0.01, *** p < 0.001
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Full Model Estimates
Study 1: Cloud Research

Table 10: Issue Accuracy Analysis (Study 1)

Core Issue Accuracy General Issue Accuracy
No Covariates With Covariates No Covariates With Covariates
Treatment 0.126** 0.129%* 0.016 0.029
(0.048) (0.048) (0.030) (0.029)
Num.Obs. 381 381 381 381
R2 0.018 0.069 0.001 0.116
Control Mean 0.594 0.594 0.826 0.826

Note: This table presents the results of the Issue Match Analysis in Study 1. The models estimate the effect
of treatment on both core and other issue matches, with and without covariate adjustment.
Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, *** p < 0.001

Table 11: Conditional Average Treatment Effects (CATEs) on Pro-Democratic Party Affect by Core Issue Subgroup (Study

1)
Democrat-aligned Republican-aligned No clear party
No Covariates With Covariates No Covariates With Covariates No Covariates With Covariates

Treatment 0.008 0.000 0.047 0.035 0.083+ 0.107*

(0.024) (0.024) (0.054) (0.051) (0.046) (0.044)
Num.Obs. 265 265 46 46 70 70
R2 0.000 0.125 0.017 0.353 0.046 0.360
R2 Adj. —0.003 0.080 —0.006 0.143 0.032 0.225
Control Mean 0.608 0.608 0.242 0.242 0.411 0.411

Note: This table reports the Conditional Average Treatment Effects (CATEs) for different subgroups (Democrat-aligned, Republican-aligned,
and No clear party) on an additive index measuring party affect. This scale ranges from pro-Republican sentiment to pro-Democratic sentiment.
Models are estimated both with and without covariates with HC2 clustered standard errors.

Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, *** p < 0.001

Table 12: Conditional Average Treatment Effects (CATEs) on Vote Choice by Core Issue Subgroup (Study 1)

Democrat-aligned Republican-aligned No clear party

No Covariates With Covariates No Covariates With Covariates No Covariates With Covariates

Treatment 0.062 0.049 0.190* 0.144+ 0.086 0.170
(0.051) (0.048) (0.080) (0.080) (0.121) (0.116)
Num.Obs. 265 265 46 46 70 70
R2 0.006 0.170 0.113 0.399 0.007 0.314
R2 Adj. 0.002 0.127 0.093 0.204 ~0.007 0.170
Control Mean 0.750 0.750 0.000 0.000 0.457 0.457

Note: This table reports the Conditional Average Treatment Effects (CATESs) for different subgroups (Democrat-aligned, Republican-aligned,
and No clear party) on vote choice (1 = Democratic Party; 0 = Republican Party). Models are estimated both with and without covariates.
Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, ¥*** p < 0.001
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Study 2: Prolific

Table 13: Issue Match Analysis (Study 2)

Core Issue Accuracy

General Issue Accuracy

No Covariates

With Covariates

No Covariates

With Covariates

Ideology Bot 0.155* 0.165** —0.005 —0.005
(0.060) (0.060) (0.039) (0.035)
VAA Bot 0.141* 0.133* 0.057 0.045
(0.064) (0.063) (0.039) (0.035)
Ideology Bot x VAA Bot —0.120 —0.110 0.000 0.017
(0.087) (0.086) (0.053) (0.048)
Num.Obs. 505 505 505 505
R2 0.021 0.072 0.009 0.195
Control Mean 0.477 0.477 0.807 0.807

+p<0.1,*p<0.05 * p<0.0L, ** p < 0.001

Table 14: Conditional Average Treatment Effects (CATEs) on Pro-Democratic Party Affect by Core Issue Subgroup (Study 2)

Democrat-aligned

Republican-aligned

No clear party

No Covariates

With Covariates

No Covariates

With Covariates

No Covariates

With Covariates

Ideology Bot 0.015 0.009 —0.066 —0.027 0.049 0.054
(0.030) (0.029) (0.073) (0.063) (0.066) (0.066)
VAA Bot —0.001 —-0.014 0.037 0.025 0.041 0.011
(0.030) (0.029) (0.073) (0.065) (0.064) (0.072)
Ideology Bot x VAA Bot —0.003 0.017 0.000 —0.024 0.039 0.060
(0.043) (0.042) (0.090) (0.081) (0.089) (0.095)
Num.Obs. 326 326 100 100 79 79
R2 0.001 0.132 0.035 0.273 0.060 0.275
R2 Adj. —0.008 0.093 0.005 0.153 0.023 0.117
Control Mean 0.574 0.574 0.364 0.364 0.402 0.402

Note: This table reports the Conditional Average Treatment Effects (CATEs) for different subgroups (Democrat-aligned, Republican-aligned, and No clear
party) on an additive index measuring party affect. This scale ranges from pro-Republican sentiment to pro-Democratic sentiment. Models are estimated
both with and without covariates.

Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, *** p < 0.001

Table 15: Conditional Average Treatment Effects (CATEs) on Vote Choice by Core Issue Subgroup (Study 2)

Democrat-aligned Republican-aligned No clear party

No Covariates With Covariates No Covariates With Covariates No Covariates With Covariates

Ideology Bot ~0.001 —0.001 ~0.111 —0.046 ~0.026 0.059
(0.070) (0.065) (0.111) (0.107) (0.160) (0.142)
VAA Bot 0.094 0.068 ~0.011 ~0.036 ~0.187 ~0.260
(0.069) (0.063) (0.126) (0.125) (0.162) (0.171)
Ideology Bot x VAA Bot —0.134 ~0.099 ~0.009 ~0.013 0.238 0.204
(0.100) (0.091) (0.149) (0.152) (0.229) (0.222)
Num.Obs. 324 324 99 99 78 78
R2 0.011 0.203 0.027 0.231 0.024 0.301
R2 Adj. 0.001 0.166 —0.004 0.103 ~0.015 0.145
Control Mean 0.703 0.703 0.211 0.211 0.500 0.500

Note: This table reports the Conditional Average Treatment Effects (CATEs) for different subgroups (Democrat-aligned, Republican-aligned, and No clear
party) on vote choice (1 = Democratic Party; 0 = Republican Party). Models are estimated both with and without covariates.

Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, *** p < 0.001
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Study 3: YouGov

Table 16: Issue Accuracy Analysis (Study 3)

Core Issue Accuracy General Issue Accuracy
No Covariates With Covariates No Covariates With Covariates
Treatment 0.069** 0.062** 0.069*** 0.051***
(0.022) (0.022) (0.018) (0.014)
Num.Obs. 2000 2000 2000 2000
R2 0.005 0.052 0.008 0.360
Control Mean 0.373 0.373 0.476 0.476

Note: This table presents the results of the Issue Match Analysis in Study 3. The models estimate the effect of treatment
on both core and other issue matches, with and without covariate adjustment.
Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, *¥** p < 0.001

Table 17: Conditional Average Treatment Effects (CATEs) on Pro-Democratic Party Affect by Core Issue Subgroup (Study

3)
Democrat-aligned Republican-aligned No clear party
No Covariates With Covariates No Covariates With Covariates No Covariates With Covariates

Treatment —0.016 -0.018 0.012 0.014 0.017 0.023+

(0.012) (0.011) (0.024) (0.023) (0.014) (0.013)
Num.Obs. 847 847 277 277 876 876
R2 0.002 0.065 0.001 0.105 0.002 0.053
R2 Adj. 0.001 0.050 —0.003 0.061 0.001 0.038
Control Mean 0.502 0.502 0.454 0.454 0.430 0.430

Note: This table reports the Conditional Average Treatment Effects (CATEs) for different subgroups (Democrat-aligned, Republican-aligned,
and No clear party) on an additive index measuring party affect. This scale ranges from pro-Republican sentiment to pro-Democratic sentiment.
Models are estimated both with and without covariates with HC2 clustered standard errors.

Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, *** p < 0.001

Table 18: Conditional Average Treatment Effects (CATEs) on Vote Choice by Core Issue Subgroup (Study 3)

Democrat-aligned Republican-aligned No clear party

No Covariates With Covariates No Covariates With Covariates No Covariates With Covariates

Treatment —0.007 ~0.015 0.017 0.015 0120 0.113%%
(0.034) (0.033) (0.057) (0.056) (0.034) (0.034)
Num.Obs. 844 844 274 274 862 862
R2 0.000 0.054 0.000 0.085 0.014 0.055
R2 Adj. —0.001 0.039 ~0.003 0.039 0.013 0.041
Control Mean 0.616 0.616 0.313 0.313 0.467 0.467

Note: This table reports the Conditional Average Treatment Effects (CATEs) for different subgroups (Democrat-aligned, Republican-aligned,
and No clear party) on vote choice (1 = Democratic Party; 0 = Republican Party). Models are estimated both with and without covariates.
Significance levels: + p < 0.1, * p < 0.05, ** p < 0.01, ¥** p < 0.001
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Large Language Model (LLM) Details

This section details the parameters and the prompt structure used for interacting with the LLM. The front-
end of the chat was programmed using HTML and JavaScript, whereas PHP was used for the back-end (e.g.,
saving conversations, interacting with the API). Each interaction with the chatbot was saved on an external
SQL server. Each time a participant queried the chatbot, an API call including a system prompt describing
the preferred behavior of the bot, seven nearest neighbor text chunks semantically related to the user query,
and the chat history was made. The LLM was explicitly instructed to provide neutral information without
attempting to persuade the user.

API Configuration and Parameters

The system interacts with the LLM via an OpenAl API endpoint using specific model and generation
parameters:

e LLM Model: openai/gpt-4-1106-preview (Studies 1-2) openai/chatgpt-4o-latest (Study 3)
e Temperature: 0.7

e Value of K (Context Retrieval): 7. This refers to the number of nearest neighbor document chunks
retrieved from an external vector database storing embeddings and metadata (Pinecone) to be used as
context for the LLM.

LLM Prompt Structure
[

"role": "system",

"content": "Your name is Polly. You are an AI chatbot that helps voters make their \
minds up about the American political parties. The context are party platforms for the \
two major parties. Please be helpful. Be as accurate as possible. Do not include any \
persuasive arguments for the other side. Your goal is not to convince people of one \
side or the other. Your goal is to help people make up their minds. If the discussion \
about an issue gets stale, ask follow up questions guiding the user to the next issue. \
Return the information in an accessible reading level (high school). Always end in \
complete sentences. Use details from conversation history to seem more personable. \
This chat is for people on the go. Be a cool person who is affable and nice. Do not \
seem overly chat-botty. If anyone says anything harmful, please tell them to seek \
professional help. Respond in 2-3 sentences. Pay attention to the query. Reject \
irrelevant context. Always begin by drawing a clear contrast between the two parties \
(e.g., The Republican and Democratic parties [specific difference, avoid mealymouthed \
responses]). Important: If the question is generic and does not mention states, do not \
return context referring a US state. Do not always repeat the same thing. Vary the \
language a bit every time. Pretend you are a neutral expert having a natural \
conversation. If the user asks which party is closest to their views, use the chat \
history to determine which party aligns most closely. Do your best to guess which party \
they would most likely support. Vary the language a bit every time. Pretend you are a \
neutral expert having a natural conversation. Please keep the conversation going. \

Take it step by step. Context: [RETRIEVED_CHUNKS]"
3,
{

"role": "user",

"content": "Conversation History: [USER_CONVERSATION_HISTORY_STRING]\
User Query: [USER_QUERY_STRING]"

3,

10
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"role": "assistant",
"content": "Assistant:"

Dynamic Content Placeholders:

e [RETRIEVED_CHUNKS_JSON_STRING]: This placeholder is replaced by a JSON string representation of
the K = 7 document chunks retrieved from Pinecone. Each chunk includes metadata such as document
ID, text snippet, political party, year, relevance score, and state.

e [USER_CONVERSATION_HISTORY_STRING]: This placeholder is populated with the past dialogue between
the user and the assistant, formatted with ”User:” and ” Assistant:” prefixes.

e [USER_QUERY_STRING]: This placeholder contains the current sanitized query input by the user.

11
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Retrieval Augmented Generation (RAG) Architecture

A. Knowledge Base Construction (Offline)

Raw Documents
Party Platforms & Guides

!

Text Chunking
512 Tokens

l B. Query Processing & Generation (Online)

Embedding Model
(OpenAl ada) User Query }—‘

Y

Embedding Model

(OpenAl ada)

Vector Database l

Similarity Search
(Most similar chunks Chat History

from VectorDB)

Large Language Model

Figure 4: System architecture of the Retrieval Augmented Generation (RAG) model for the political chatbot.
The architecture consists of two main phases: (A) Knowledge Base Construction (Offline) where raw
political documents (party platforms and voter guides) are processed through text chunking (512 tokens),
converted to 1536-dimensional vector embeddings using OpenAl’s text-embedding-ada-002 model, and stored
in an external vector database (Pinecone); and (B) Query Processing and Generation (Online) where
user queries are embedded into the same 1536-dimensional semantic space, matched against document chunks
through cosine similarity search to retrieve the K=7 most relevant chunks, and combined with conversation
history to provide contextual information for the Large Language Model’s response generation. White-
background boxes at each step show examples, demonstrating how political information is retrieved and
presented to users in a conversational format.
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Sample Composition

Table 19: Demographic Summary of Survey Respondents

Characteristic Category CloudResearch Connect Prolific YouGov
Sample Size Total Respondents (N) 383 505 2000
Age Group 18-24 years 90 (23.5%) 132 (26.1%) 765 (38.2%)
Age Group 25-35 years 289 (75.5%) 373 (73.9%) 1235 (61.8%)
Age Group Prefer not to say/Other 4 (1.0%) 0 (0.0%) 0 (0.0%)
Gender Female 168 (43.9%) 197 (39.0%) 969 (48.4%)
Gender Male 197 (51.4%) 288 (57.0%) 1031 (51.5%)
Gender Other/Not Listed 16 (4.2%) 20 (4.0%) 0 (0.0%)
Gender Unknown 2 (0.5%) 0 (0.0%) 0 (0.0%)
Race/Ethnicity White, non-Hispanic 204 (53.3%) 275 (54.5%) 907 (45.4%)
Race/Ethnicity Black/African-American 4 (16.7%) 60 (11.9%) 582 (29.1%)
Race/Ethnicity Hispanic/Latino 5 (11.7%) 9 (13.7%) 258 (12 9%)
Race/Ethnicity ~ Other 8 (17.8%) 101 (20.0%) 253 (12.7%)
Race/Ethnicity Unknown 2 (0.5%) 0 (0.0%) 0 (0.0%)
Education Less than High School 6 (1.6%) 9 (1.8%) 129 (6.5%)
Education High School/GED 4 (16.7%) 82 (16.2%) 730 (36.5%)
Education Some College 141 (36.8%) 179 (35.4%) 674 (33.7%)
Education 4-year College Degree 146 (38.1%) 194 (38.4%) 370 (18.5%)
Education Graduate School 24 (6.3%) 1 (8.1%) 97 (4.9%)
Education Unknown 2 (0.5%) 0 (0.0%) 0 (0.0%)
Political Ideology Liberal 125 (32.6%) 145 (28.7%) 285 (14.2%)
Political Ideology ~Moderate 198 (51.7%) 236 (46.7%) 982 (49.1%)
Political Ideology  Conservative 38 (9.9%) 6 (19.0%) 197 (9.8%)
Political Ideology DK /Haven’t thought 20 (5.2%) 28 (5.5%) 536 (26.8%)
Political Ideology ~Unknown 2 (0.5%) 0 (0.0%) 0 (0.0%)
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Issue Categories

We classify the open-ended issue text by first producing summaries of the issue topics using a 4-bit quantized
locally hosted large language model (MistralAl’s Mistral Small 3.1 24B) and then applying a keyword-
based method using phrases associated with popular issues to consolidate the LLM-generated topics.! This
produces 78 discrete issue topics, ranging from salient issues such as abortion to less salient issues such
as consumer protection and gaming. When asked about their “most important issue,” participants across
the three studies mentioned a range of economic and social issues. Despite different percentages of issue
mentions, the most salient issues were comparable across the YouGov, Prolific, and CloudResearch Connect
samples, with abortion, healthcare, gun rights, the economy, and immigration appearing among the most
commonly mentioned issue areas. The prevalence of the “no issue” category was significantly higher in
the YouGov sample (10.5%) versus 0.20% and 0.25% in the Prolific and CloudResearch Connect samples,
respectively. The relative absence of stated issue priorities in the YouGov sample also dovetails with lower
rates of ideological self-identification, with 26.8% refraining from selecting an ideological category (relative
to 5.2% 5.5% in the CloudResearch Connect and Prolific samples, respectively).

CloudResearch Prolific YouGov
Abortion rights 4 FE Abortion rights - RN Abortion rights | FE
Healthcare / Universal HC { [ Healthcare / Universal HC - IR No Stated Issue | IR
Gun policy 1 Gun policy 1 I Economy / Cost of Living - I
Economy / Cost of Living 1 FE Immigration / Border -| [N Healthcare / Universal HC - [
Climate / Environment 4 [ Education / Student Debt - Il Gun policy { B
Education / Student Debt 1 [ Climate / Environment - [l Immigration / Border { [
Immigration / Border 4 [ Economy / Cost of Living { Il Other / Unclassified { I
Tax / Fiscal Policy LGBTQ+ rights - [ Foreign Policy / Aid 4 i
LGBTQ#+ rights Housing / Homelessness - [l LGBTQ+ rights { [
Foreign Policy / Aid 4 Foreign Policy / Aid { Il Climate / Environment 4 [
Drug Policy 4 I Tax / Fiscal Policy 1 [l Education / Student Debt { I
Social Welfare / UBI { [ Social Welfare / UBI 4 [l Housing / Homelessness { [
Housing / Homelessness - [ Racial / Civil Rights 1 ll Agriculture / Rural 4 [
Other / Unclassified { [ Drug Policy 1 Tax / Fiscal Policy 1 |
Energy Policy { 1l Agriculture / Rural Racial / Civil Rights 4 I
Agriculture / Rural 4 Criminal Justice / Policing 4 Elections / Democracy 1 [
Racial / Civil Rights Campaign Finance / Corruption 1 Social Welfare / UBI 4
Polarization / Extremism Free Speech / Expression Defense / National Security 4
Environment / Food & Conservation Energy Policy 1 Crime / Public Safety 1
Defense / National Security 4 Religion & State 4 Drug Policy 1
Crime / Public Safety 1 Gov't Size / Fiscal Resp. { Campaign Finance / Corruption 1
Tech / Privacy / Al Reg Consumer Protection 1 Political Engagement & Apathy
Infrastructure / Transit 4 Tech / Privacy / Al Reg 1 Government Structure / Reform
Human Rights / Trafficking 1 Social Security / Pensions 1 Gov't Size / Fiscal Resp.
Gov't Size / Fiscal Resp. 1 Other / Unclassified 4 Criminal Justice / Policing 4
Elections / Democracy Monetary Policy / Central Bank Bipartisan / Social Cohesion
Civil / Minority Rights 1 Disability Rights & Services Tech / Privacy / Al Reg 1
Campaign Finance / Corruption 4 Defense / National Security 4 Energy Policy
Corporate Reg / Antitrust { | Civil / Minority Rights 1 Civil Liberties / Personal Freedom
Corporate Reg / Accountability { | Cultural Heritage / History Civil / Minority Rights
0 5 10 15 20 0 5 10 15 20 0 5 10 15 20

Proportion of Mentions (%)

Figure 5: Prevalence of issue topics across the CloudResearch Connect, Prolific, and YouGov samples

LOur use of a locally hosted LLM is line with emerging best practices for replicating classification tasks.
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Conversation Details

Experimental Chatbot Conditions

VAA Bot After indicating their most important political issue, participants entered a chatbot interface
with pre-populated chat bubbles tailored to their stated concern. For example, a participant who mentioned
abortion would be prompted to ask, “Where do Republicans and Democrats stand on key issues?” After
each conversational turn, a “Knowledge Level” progress bar advanced incrementally beneath the text box.
Upon reaching the fourth turn, participants were notified: “You’ve unlocked a new feature! Ask me which
party is closest to you.” In Studies 2 and 3, an auto-complete feature also nudged users to type, “Which
party comes closest to my views?” At the seventh turn, participants were instructed to continue to the next

page.

Where do the Republicans and Democrats stand on Nuclear Policy? Do the parties disagree on Nuclear Policy? ~ What are the core values of the two parties?

| care about investing in alternative sources of energy
The Republican and Democratic parties have very different views on alternative energy. Democrats strongly support transitioning to clean, renewable sources like wind and solar. They want major investments in green infrastructure and aim to
move the U.S. toward 100% renewable electricity. Republicans, on the other hand, tend to prioritize energy independence using a mix of sources, including fossil fuels. They generally oppose government mandates that push renewables over

traditional energy. Since you're into alternative energy, you're probably going to connect more with the Democratic platform on this issue. Want to dig into how each party views climate change or energy jobs next?

I'm worried about an overreliance on oil

The Republican and Democratic parties take very different approaches to America's reliance on oil. Republicans generally support expanding domestic oil production, including drilling and pipeline as part of an “all-of-the-ab
energy strategy. Democrats, on the other hand, focus on reducing oil dependence by promoting clean energy, phasing out coal power, and investing in energy conservation and Since you're about iance on oil, you
might want to look closer at each party's energy and climate goals. Want to dive into how they differ on renewable energy or climate change?

Provide a richer description of where the parties stand on energy policy

The Republican and Democratic parties take very different approaches to energy policy. Republicans support an "all-of-the-above" strategy, which includes expanding oil and gas exploration, building new refineries, and cutting federal
environmental regulations that they see as In contrast, D focus on itioning away from fossil fuels, aiming for 90% renewable energy by 2050, with strong support for clean energy investment, conservation, and
environmental justice. Are you more interested in how these policies might affect jobs, energy prices, or the climate?

What about expanding healthcare?

The Republican and Democratic parties have very different views on expanding healthcare. Democrats generally support i funded programs like the Affordable Care Act and even moving toward a single-payer
system in the long term. Republicans, on the other hand, tend to favor reducing the federal role in ing private i and giving more control to states and individuals. Do you think the government should be more involved in

healthcare, or do you prefer a more market-based approach?

[ ‘Which party comes closest to my views? I E

You've unlocked a new feature! Ask me which party is closest to you.

Figure 6: Simulated interaction with the VAA Bot. Pre-populated bubbles prompt a participant who men-
tioned nuclear power to begin the conversation by asking about party differences on a personally meaningful
issue. The knowledge level progress bar advances after every turn. A highlighted dialog below the text box
indicates when a new feature is unlocked.
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Ideology Bot (Prolific Only) The progression of the Ideology Bot mirrored the VAA Bot, but partici-
pants were instead prompted to select questions about liberal and conservative positions (e.g., “Which issue
positions are traditionally considered liberal or conservative?”). As with the VAA Bot, the fourth conversa-
tional turn unlocked a new feature: “You’ve unlocked a new feature! Ask me which party is more liberal or
conservative than the other.” After seven turns, participants advanced to the next question.

Conversation Progress:

You've unlocked a new feature! Ask me which party is more liberal or
conservative than the other.

Which issue positions are traditionally considered liberal or conservative?

In i politics, liberal i ies generally for a larger

government role in the economy, social issues, and the provision of social
services, supporting ideas like universal healthcare and increased
regulations on businesses. Conservatives tend to emphasize limited
government, individual liberties, free markets, and traditional values, often
advocating for lower taxes and reduced government spending on social
nraarame What enacific issiias ara vai cririone ahont?

Figure 7: Simulated interaction with the Ideology Bot. Pre-populated bubbles prompt discussion of liberal
and conservative positions. The knowledge level progress bar advances after each turn. A highlighted dialog
below the text box indicates the new feature.
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Trivia Bot (Placebo) Participants assigned to the placebo condition encountered a similar interface, but
the task was to identify a historical figure — either Benjamin Franklin or, in a second Prolific arm, Paul
Revere. Pre-set bubbles included questions such as “Where was this person born?” After five turns, the

identity of the character was revealed.

Tell me one random fact about this person.

1 once called the city of brotherly love my home, where | engaged in the pressing matters of the day.

What was your occupation?

In my time, | was known to have a hand in crafting words that would be read widely, shaping public opinion as | arranged type.

Where were you born?

| first drew breath in a place known for its baked beans and a certain infamous tea party.

Figure 8: Simulated interaction with the Trivia Bot (placebo). Pre-populated bubbles prompt participants
to ask questions about the character’s identity.
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Classifying Interactions

We calculate the number of conversational turns (i.e., a single exchange between a human and a bot) across
the three studies. Engagement with the bot ranged from an average of 3.82 turns in the CloudResearch
Connect study to 5.77 turns in the Prolific study, with YouGov between the two (4.2). In all of the studies,
a majority of participants reached the phase of the experiment where they were encouraged to ask which
party was most proximate to them (51% in the YouGov study; 53% in the CloudResearch study; 77% in the
Prolific study).

Engagement generally varied based on whether the participant possessed a party-aligned issue, with longer
conversations observed among the Democratic-aligned and Republican-aligned participants when compared
to the No clear party subgroup (with the exception of those in the YouGov sample). Whereas 55% to 57%
of participants in the CloudResearch study with an aligned issue reached the dialogue encouraging them ask
which party was closest to them, only 39% of the unaligned participants did so. Similarly, between 77% and
84% of those in the Prolific sample who possessed a party-aligned issue reached the party proximity phase,
whereas only 74% of those in the unaligned subgroup did so. Finally, in the YouGov sample, between 49%
and 51% of particpants reached the party proximity phase of the experiment if they possessed an aligned
issue, whereas 52% of those in the unaligned condition did so. In the CloudResearch (Prolific) study, the
average number of conversational turns ranged from 3.44 (5.30) to 3.95 (5.96), with unaligned participants
engaging in shorter conversations. In the YouGov study, average conversational turns ranged from 4.12 to
4.27, with slightly shorter conversations when issues were Republican-aligned versus Democratic-aligned and

unaligned.
Table 20: Descriptive statistics for conversational length (turns) by platform.
Conversation Length (Turns)
Source >4 Turns Mean SD 25th % Median 75th %
CloudResearch 0.52 3.82 2.42 2 4 6
Prolific 0.81 5.77 2.12 5 7 7
YouGov 0.51 4.20 2.57 2 4 7
Table 21: Descriptive statistics for conversational length (turns) by platform.
Conversation Length (Turns)
Source Classification >4 Turns Mean SD 25th % Median 75th %
CloudResearch Democrat-aligned Issue 0.55 3.90 2.45 2 4 6.00
CloudResearch No clear party 0.39 3.44 2.25 2 3 5.25
CloudResearch Republican-aligned Issue 0.57 3.95 2.62 2 4 7.00
Prolific Democrat-aligned Issue 0.84 5.96 1.99 6 7 7.00
Prolific No clear party 0.74 5.30 2.38 3 7 7.00
Prolific Republican-aligned Issue 0.77 5.54 2.25 5 7 7.00
YouGov Democrat-aligned Issue 0.51 4.27 2.48 2 4 7.00
YouGov No clear party 0.52 4.17 2.57 2 4 7.00
YouGov Republican-aligned Issue 0.49 4.12 2.90 1 3 7.00

Though these findings suggest a modest level of engagement with the VAA Bot, a more qualitative
assessment can distinguish between genuine engagement and more perfunctory interactions. We used a 4-
bit quantized version of a local LLM (MistralAl’s Mistral Small 3.1 24B) to classify all of the VAA Bot
conversations across the three studies as part of a non-pre-registered exploratory analysis. The LLM was
instructed to assign each conversation to one of four categories:

e Engaged: Users who ask thoughtful questions, show interest, and follow up.

e Perfunctory/Disengaged: Users with terse, minimal responses showing little interest.

18

https://doi.org/10.33774/apsa-2025-s7p22 ORCID: https://orcid.org/0000-0002-3243-0975 Content not peer-reviewed by APSA. License: CC BY 4.0


https://doi.org/10.33774/apsa-2025-s7p22
https://orcid.org/0000-0002-3243-0975
https://creativecommons.org/licenses/by/4.0/

e Inattentive: Users providing gibberish, nonsensical, or completely irrelevant responses.

e Adversarial/Skeptical: Users who challenge claims, express disagreement, or question neutrality of
bot.

These categories capture a range of interactions, from more genuine information gathering conversa-
tions to shorter interactions suggesting a desire to quickly move to the next section of the survey. These
are instructive as they provide a glimpse into how such tools might be received among the general pub-
lic. Across the three studies, we find that the modal category is “Engaged” (69.5% in YouGov; 81.0%
in CloudResearch Connect; 85.7% in Prolific) suggesting genuinely informative interactions with the VAA
Bot, followed by “Perfunctory/Disengaged” (8.0% in Prolific; 14.9% in CloudResearch Connect; 20.3% in
YouGov). The remaining categories of “Adversarial/Skeptical” and “Inattentive” comprise 4.0% in the
CloudResearch Connect sample, 6.2% in the Prolific sample, and 10.2% in the YouGov sample. Dividing the
sample into issue alignment subgroups, we generally observe more engaged responding among participants
with party-aligned issues. In the CloudResearch Connect study, 83.7% of those with a Democratic-aligned
issue could be classified as engaged versus 66.7% of those with a Republican-aligned issue and 78.8% of
those with an unaligned issue. Moving to the Prolific study, 86.3% and 86.7% of those with Democratic
and Republican-aligned issues could be characterized as engaged relative to 81.8% of those who without
an aligned issue. Finally, in the YouGov sample, 77.8% and 73.4% of participants with Democratic and
Republican-aligned issues could be classified as engaged, relative to 60.3% without an aligned issue.

This suggests that the vast majority of participants approached the VAA Bot interactions constructively,
rather than attempting to game or test the system. The variation across platforms, with Prolific showing
the highest engagement rates and YouGov showing more perfunctory interactions, may reflect differences
in participant pools, with Prolific’s sample being comprised of “professional survey takers” who are more
accustomed to thoughtful survey participation. Moreover, the slight differences in engagement across issue-
based subgroups could be symptomatic of lower levels of political engagement among those who prioritize
issues with no clearly discernible partisan stance. As their preferences may not be properly reflected in the
political system, engagement with tools that are predicated on established partisan differences may be seen
as less personally relevant.

Table 22: Distribution of conversation classifications across study platforms

Classification CloudResearch Connect Prolific YouGov
Engaged 141 (81.0%) 426 (85.7%) 684 (69.5%)
Perfunctory /Disengaged 26 (14.9%) 40 (8.0%) 200 (20.3%)
Adversarial /Skeptical 5 (2.9%) 27 (5.4%) 58 (5.9%)
Inattentive 2 (1.1%) 4 (0.8%) 42 (4.3%)

Table 23: Conversation classification by issue subgroup

Classification Democrat-aligned Issue No clear party Republican-aligned Issue
CloudResearch

Engaged 103 (83.7%) 26 (78.8%) 12 (66.7%)
Perfunctory/Disengaged 17 (13.8%) 4 (12.1%) 5 (27.8%)
Adversarial /Skeptical 2 (1.6%) 2 (6.1%) 1 (5.6%)
Inattentive 1 (0.8%) 1 (3%) 0 (0%)
Prolific

Engaged 272 (86.3%) 63 (81.8%) 91 (86.7%)
Perfunctory/Disengaged 25 (7.9%) 7 (9.1%) 8 (7.6%)
Adversarial /Skeptical 16 (5.1%) 5 (6.5%) 6 (5.7%)
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Classification Democrat-aligned Issue No clear party Republican-aligned Issue

Inattentive 2 (0.6%) 2 (2.6%) 0 (0%)
YouGov

Engaged 332 (77.8%) 261 (60.3%) 91 (73.4%)
Perfunctory/Disengaged 62 (14.5%) 123 (28.4%) 15 (12.1%)
Adversarial /Skeptical 17 (4%) 27 (6.2%) 14 (11.3%)
Inattentive 16 (3.7%) 22 (5.1%) 4 (3.2%)

We provide a set of example conversations that exemplify these different engagement patterns.

Engaged

User: What is the difference between a Democrat and a Republican

Bot: The Democratic and Republican parties in the U.S. have different core beliefs. Democrats gener-
ally advocate for a government that plays a more active role in providing social and economic support,
emphasizing equality, and environmental protection. Republicans, on the other hand, focus on individ-
ual rights, free enterprise, and limited government intervention, stressing personal responsibility and
traditional values. Both parties have diverse opinions within their ranks, so it’s always good to look
at specific issues you’re interested in. What issues are you curious about?

User: What are the core values of the two parties?

Bot: The core values of the Democratic and Republican parties differ in several key areas. Democrats
typically emphasize social equality, environmental protection, and a more significant role for the gov-
ernment in ensuring social welfare and economic support. On the other hand, Republicans prioritize
individual freedoms, a free-market economy, and a limited government role, with a focus on personal
responsibility and traditional values. These foundational beliefs shape their policies and approaches to
governance. Is there a particular issue you want to explore further?

User: What is the biggest difference between Democrat and Republican

Bot: The biggest difference between Democrats and Republicans often revolves around the role of
government in society. Democrats tend to support a larger government role in providing social services
and regulating economic activities to promote equality and protect the environment. Republicans,
conversely, advocate for smaller government, emphasizing personal responsibility, individual liberties,
and free-market principles. These differing views influence their policy-making and priorities. Are
there any specific areas or issues you would like more information on?

User: What are the core values of the two parties?

Bot: The core values of the Democratic and Republican parties have some distinct differences. Democrats
generally emphasize social equality, environmental protection, and a significant government role in
ensuring social welfare and economic support. Republicans, on the other hand, prioritize individual
freedoms, a free-market economy, and a limited government role, with a focus on personal responsibility
and traditional values. These differing values shape their policy-making and approach to governance.
If you want to dive into a specific issue, let me know!

User: What his the difference between a Democrat and a Republican

Bot: The Democratic and Republican parties differ primarily in their views on the role of government.
Democrats generally support a larger government role in providing social services, promoting equality,
and protecting the environment. In contrast, Republicans emphasize a smaller government, focusing on
personal responsibility, individual liberties, and free-market principles. These differences shape their
policies and priorities. Let me know if there’s a specific issue you’re curious about!

User: What are some of the main topics in the election this yeT
Bot: In the current election, some of the main topics being discussed include the economy, healthcare,
climate change, and immigration. Democrats often focus on expanding healthcare access, addressing
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climate change through environmental regulations, and reforming immigration policies to be more in-
clusive. Republicans typically emphasize economic growth through tax cuts and deregulation, securing
borders and reforming immigration laws, and maintaining a strong national defense. Each party has
its approach to these issues, reflecting their core values. What specific topic would you like to explore
further?

e User: What are the core values of the two parties?
Bot: The Republican and Democratic parties have fundamentally different core values. Democrats
emphasize collective responsibility, social programs, and government’s role in addressing inequality.
Republicans focus on individual liberty, free markets, limited government intervention, and traditional
values. Would you like to explore how these values shape specific policies like healthcare, education,
or economic approaches?

e User: What is democratic view on abortion
Bot: The Democratic and Republican parties have opposing views on abortion rights. Democrats
generally support reproductive rights and access to abortion services, viewing it as a fundamental
healthcare right and personal choice. Republicans typically oppose abortion and support restrictions,
viewing it as a moral issue that should be limited. Would you like to know more about how these
positions translate into specific policies?

e User: The Republician view on abortion
Bot: The Republican and Democratic parties have opposing stances on abortion. Republicans generally
oppose abortion, advocating for restrictions or bans to protect what they view as the right to life of the
unborn, with exceptions varying by candidate. Democrats support abortion access as a fundamental
healthcare right. Would you like to learn more about specific policy proposals from either party on
this issue?

Perfunctory/Disengaged

e User: What are the core values of the two parties?
Bot: The core values of the Republican Party typically emphasize limited government, individual
liberties, free-market capitalism, and a strong national defense. They often focus on traditional social
values and personal responsibility. On the other hand, the Democratic Party generally values social
equality, environmental protection, healthcare access, and a more active role of government in economic
regulation and social welfare. They often advocate for diversity and inclusion, as well as expanded civil
rights. Is there a specific issue you’d like to explore further?

e User: Got it
Bot: Great! If you have any specific issues or topics you'd like to dive into, feel free to ask. Whether
it’s healthcare, education, the economy, or something else, I'm here to help you understand the parties’
positions.

e User: Like how
Bot: It sounds like you're interested in how each party approaches specific issues. For example, on
healthcare, the Democratic Party generally supports expanding access through government programs
like the Affordable Care Act, while the Republican Party often favors market-based solutions and
reducing government involvement. If there’s a particular issue you're curious about, just let me know!

e User: What’s the difference
Bot: The Republican and Democratic parties have different approaches to many key issues. For
instance, in terms of economic policy, Republicans typically advocate for lower taxes and less regulation
to stimulate business growth, while Democrats often support higher taxes on the wealthy to fund social
programs and greater regulation to protect consumers and the environment. If you're interested in
another specific topic, feel free to ask!”
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Adversarial /Skeptical

User: What are the core values of the two parties?

Bot: The Democratic Party generally emphasizes social equality, environmental protection, and a
stronger social safety net, while the Republican Party tends to prioritize limited government, free
market principles, and national defense. Both parties hold a range of views within them, but these are
some of their core values that guide their platforms and policies.

User: Ha! The democrats and republicans are barely different from each other. Name one social
equality issue democrats have actually voted to solve

Bot: Democrats often focus on expanding healthcare access, and one significant piece of legislation they
passed to address social equality in healthcare is the Affordable Care Act (ACA). The ACA aimed to
reduce the number of uninsured Americans and make healthcare more affordable.

User: ACA is barely healthcare at all, let alone something that makes it more affordable. Why is it
that so many democrats support sending military aid to Israel?

Bot: The Democratic and Republican parties diverge on their approach to foreign aid, including to
Israel. Many Democrats have supported aid to Israel as part of a longstanding alliance and commit-
ment to Israel’s security, while also advocating for a two-state solution and diplomacy in the region.
Republicans typically emphasize strong support for Israel’s military defense capabilities as a key ally
in the Middle East.

User: Doesn’t sound like democrats care too much abotu social equality at all if any of them could
possibly consider funding war a good thing.

Bot: The Democratic Party’s stance on social equality encompasses various domestic policies focused
on reducing inequality and promoting justice. However, international relations, including military aid,
can be complex and involve strategic alliances, security considerations, and diplomatic efforts that some
Democrats believe contribute to broader global stability, which they may view as indirectly supporting
social equality by promoting peace and democracy internationally.

User: Ah yes, the number one contributor to peace: war. that was sarcasm.

Bot: The Republican and Democratic parties both engage in foreign policy decisions that can be
contentious, such as military aid. While some Democrats see military aid as a part of international
obligations and strategic alliances, others within the party call for more restraint and focus on diplo-
macy and development. The debate within the party reflects a range of views on how best to achieve
peace and security.

User: which party is closest to me

Bot: The Republican Party generally emphasizes limited government, free enterprise, and strong na-
tional defense. The Democratic Party tends to focus on social equality, environmental protection,
and a stronger social safety net. Reflect on which set of values aligns more closely with your own to
determine the party that is closest to you.

User: Neither, they are both truly evil oligarchs with no care for citizens. On a political scale, they’d
both be right wing.

Bot: The Republican and Democratic parties both have complex platforms that can be perceived
differently by various individuals. On the political spectrum, the Republican Party is typically seen as
more conservative, advocating for limited government and free markets, while the Democratic Party
is often viewed as more liberal, advocating for social programs and regulation for social equity. If you
feel that neither aligns with your views, you might explore third parties or independent candidates
that could better represent your perspectives.

Inattentive

User: Where do the Republicans and Democrats stand on Justice System?

Bot: The Republican Party generally advocates for strict law enforcement measures, emphasizing the
need for tough sentencing to deter crime, while the Democratic Party tends to focus on criminal justice
reform, including reducing mandatory minimum sentences and addressing systemic racial disparities.
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e User: Where do the Republicans and Democrats stand on Justice System?
Bot: The Republicans lean towards stringent law enforcement and tough sentencing to combat crime.
In contrast, the Democrats push for reforms aimed at reducing sentences, particularly mandatory
minimums, and correcting systemic racial imbalances within the justice system.

e User: Where do the Republicans and Democrats stand on Justice System?
Bot: The Republican Party traditionally supports strong law enforcement and strict sentencing as a
deterrent to crime, while the Democratic Party focuses more on reforming the criminal justice system
to address issues like racial inequality and reducing mandatory minimum sentences.
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